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[image: D:\#Herdian\d610107005@tmu.edu.tw\Publication\MLPreg\figure_s1.png]
[bookmark: _Toc49542494]Figure S1. Forest plot of logit area under the receiver operating characteristics curve (AUROC) differences for each random-effects model (1). This plot included those of preterm delivery from comparisons of support vector machine (SVM) vs. logistic regression (LR), random forest (RF) vs. LR, and deep neural network (DNN) vs. LR. The lines are ranges of the 95% confidence intervals (CIs) with diamonds or circles whose sizes were determined by the sample size. Colors of the boxes and lines indicate a high risk of bias (ROB). Please download the dataset here. LR, logistic regression; SVM, support vector machine; DNN, deep neural network; RF, random forest. 

[image: D:\#Herdian\d610107005@tmu.edu.tw\Publication\MLPreg\figure_s2.png]
[bookmark: _Toc49542495]Figure S2. Forest plot of logit area under the receiver operating characteristics curve (AUROC) differences for each random-effects model (2). This plot included those of preterm delivery from comparison of decision trees (DTs) vs. logistic regressions (LRs) and artificial neural networks (ANNs) vs. LRs. The lines are ranges of the 95% confidence intervals (CIs) with diamonds or circles whose sizes were determined by the sample size. Colors of the boxes and lines indicate a high risk of bias (ROB). Please download the dataset here. LR, logistic regression; DT, decision tree; ANN, artificial neural network. 

[image: D:\#Herdian\d610107005@tmu.edu.tw\Publication\MLPreg\figure_s3.png]
[bookmark: _Toc49542496]Figure S3. Forest plot of logit area under the receiver operating characteristics curve (AUROC) differences for each random-effects model (3). This plot included those of cesarean section, preeclampsia, and gestational diabetes. The lines are ranges for the 95% confidence intervals (CIs) with diamonds or circles whose sizes were determined by the sample size. Colors of the boxes and lines indicate a high risk of bias (ROB). Please download the dataset here. LR, logistic regression; RF, random forest; DT, decision tree; ANN, artificial neural network; GB, gradient boosting; Ens., ensemble of multiple algorithms. 

[image: D:\#Herdian\d610107005@tmu.edu.tw\Publication\MLPreg\figure_s4.png]
[bookmark: _Toc49542497]Figure S4. Forest plot of logit area under the receiver characteristic curve (AUROC) differences for each random-effects model (4). This plot included those of ongoing pregnancy and vaginal birth after a cesarean section. The lines are ranges for the 95% confidence intervals (CIs) with diamonds or circles whose sizes were determined by the sample size. Colors of the boxes and lines indicate a high risk of bias (ROB). Please download the dataset here. LR, logistic regression; SVM, support vector machine; DNN, deep neural network; RF, random forest; ANN, artificial neural network; GB, gradient boosting; NB, naïve Bayes. 

[bookmark: _Toc49542498]Table S1. Search filter.
	Keywords

	

	machine learning  AND pregnancy

	machine learning  AND (central nervous system vascular malformations NOT pregnancy)

	machine learning  AND (cesarean section NOT pregnancy)

	machine learning  AND (congenital heart defects NOT pregnancy)

	machine learning  AND (embryo implantation NOT pregnancy)

	machine learning  AND (fertilization in vitro NOT pregnancy)

	machine learning  AND (fetal development NOT pregnancy)

	machine learning  AND (fetal distress NOT pregnancy)

	machine learning  AND (gestational diabetes NOT pregnancy)

	machine learning  AND infectious pregnancy complications

	machine learning  AND (low birth weight infant NOT pregnancy)

	machine learning  AND (obstetric labor NOT pregnancy)

	machine learning  AND pregnancy rate

	machine learning  AND pregnancy-induced hypertension

	machine learning  AND (premature birth NOT pregnancy)

	machine learning  AND (small for gestational age infant NOT pregnancy)

	machine learning  AND (stillbirth NOT pregnancy)

	machine learning  AND (trisomy NOT pregnancy)

	decision tree  AND pregnancy

	decision tree  AND (central nervous system vascular malformations NOT pregnancy)

	decision tree  AND (cesarean section NOT pregnancy)

	decision tree  AND (congenital heart defects NOT pregnancy)

	decision tree  AND (embryo implantation NOT pregnancy)

	decision tree  AND (fertilization in vitro NOT pregnancy)

	decision tree  AND (fetal development NOT pregnancy)

	decision tree  AND (fetal distress NOT pregnancy)

	decision tree  AND (gestational diabetes NOT pregnancy)

	decision tree  AND infectious pregnancy complications

	decision tree  AND (low birth weight infant NOT pregnancy)

	decision tree  AND (obstetric labor NOT pregnancy)

	decision tree  AND pregnancy rate

	decision tree  AND pregnancy-induced hypertension

	decision tree  AND (premature birth NOT pregnancy)

	decision tree  AND (small for gestational age infant NOT pregnancy)

	decision tree  AND (stillbirth NOT pregnancy)

	decision tree  AND (trisomy NOT pregnancy)

	artificial neural network  AND pregnancy

	artificial neural network  AND (central nervous system vascular malformations NOT pregnancy)

	artificial neural network  AND (cesarean section NOT pregnancy)

	artificial neural network  AND (congenital heart defects NOT pregnancy)

	artificial neural network  AND (embryo implantation NOT pregnancy)

	artificial neural network  AND (fertilization in vitro NOT pregnancy)

	artificial neural network  AND (fetal development NOT pregnancy)

	artificial neural network  AND (fetal distress NOT pregnancy)

	artificial neural network  AND (gestational diabetes NOT pregnancy)

	artificial neural network  AND infectious pregnancy complications

	artificial neural network  AND (low birth weight infant NOT pregnancy)

	artificial neural network  AND (obstetric labor NOT pregnancy)

	artificial neural network  AND pregnancy rate

	artificial neural network  AND pregnancy-induced hypertension

	artificial neural network  AND (premature birth NOT pregnancy)

	artificial neural network  AND (small for gestational age infant NOT pregnancy)

	artificial neural network  AND (stillbirth NOT pregnancy)

	artificial neural network  AND (trisomy NOT pregnancy)

	support vector machine  AND pregnancy

	support vector machine  AND (central nervous system vascular malformations NOT pregnancy)

	support vector machine  AND (cesarean section NOT pregnancy)

	support vector machine  AND (congenital heart defects NOT pregnancy)

	support vector machine  AND (embryo implantation NOT pregnancy)

	support vector machine  AND (fertilization in vitro NOT pregnancy)

	support vector machine  AND (fetal development NOT pregnancy)

	support vector machine  AND (fetal distress NOT pregnancy)

	support vector machine  AND (gestational diabetes NOT pregnancy)

	support vector machine  AND infectious pregnancy complications

	support vector machine  AND (low birth weight infant NOT pregnancy)

	support vector machine  AND (obstetric labor NOT pregnancy)

	support vector machine  AND pregnancy rate

	support vector machine  AND pregnancy-induced hypertension

	support vector machine  AND (premature birth NOT pregnancy)

	support vector machine  AND (small for gestational age infant NOT pregnancy)

	support vector machine  AND (stillbirth NOT pregnancy)

	support vector machine  AND (trisomy NOT pregnancy)

	random forests  AND pregnancy

	random forests  AND (central nervous system vascular malformations NOT pregnancy)

	random forests  AND (cesarean section NOT pregnancy)

	random forests  AND (congenital heart defects NOT pregnancy)

	random forests  AND (embryo implantation NOT pregnancy)

	random forests  AND (fertilization in vitro NOT pregnancy)

	random forests  AND (fetal development NOT pregnancy)

	random forests  AND (fetal distress NOT pregnancy)

	random forests  AND (gestational diabetes NOT pregnancy)

	random forests  AND infectious pregnancy complications

	random forests  AND (low birth weight infant NOT pregnancy)

	random forests  AND (obstetric labor NOT pregnancy)

	random forests  AND pregnancy rate

	random forests  AND pregnancy-induced hypertension

	random forests  AND (premature birth NOT pregnancy)

	random forests  AND (small for gestational age infant NOT pregnancy)

	random forests  AND (stillbirth NOT pregnancy)

	random forests  AND (trisomy NOT pregnancy)

	artificial intelligence  AND pregnancy

	artificial intelligence  AND (central nervous system vascular malformations NOT pregnancy)

	artificial intelligence  AND (cesarean section NOT pregnancy)

	artificial intelligence  AND (congenital heart defects NOT pregnancy)

	artificial intelligence  AND (embryo implantation NOT pregnancy)

	artificial intelligence  AND (fertilization in vitro NOT pregnancy)

	artificial intelligence  AND (fetal development NOT pregnancy)

	artificial intelligence  AND (fetal distress NOT pregnancy)

	artificial intelligence  AND (gestational diabetes NOT pregnancy)

	artificial intelligence  AND infectious pregnancy complications

	artificial intelligence  AND (low birth weight infant NOT pregnancy)

	artificial intelligence  AND (obstetric labor NOT pregnancy)

	artificial intelligence  AND pregnancy rate

	artificial intelligence  AND pregnancy-induced hypertension

	artificial intelligence  AND (premature birth NOT pregnancy)

	artificial intelligence  AND (small for gestational age infant NOT pregnancy)

	artificial intelligence  AND (stillbirth NOT pregnancy)

	artificial intelligence  AND (trisomy NOT pregnancy)

	deep learning  AND pregnancy

	deep learning  AND (central nervous system vascular malformations NOT pregnancy)

	deep learning  AND (cesarean section NOT pregnancy)

	deep learning  AND (congenital heart defects NOT pregnancy)

	deep learning  AND (embryo implantation NOT pregnancy)

	deep learning  AND (fertilization in vitro NOT pregnancy)

	deep learning  AND (fetal development NOT pregnancy)

	deep learning  AND (fetal distress NOT pregnancy)

	deep learning  AND (gestational diabetes NOT pregnancy)

	deep learning  AND infectious pregnancy complications

	deep learning  AND (low birth weight infant NOT pregnancy)

	deep learning  AND (obstetric labor NOT pregnancy)

	deep learning  AND pregnancy rate

	deep learning  AND pregnancy-induced hypertension

	deep learning  AND (premature birth NOT pregnancy)

	deep learning  AND (small for gestational age infant NOT pregnancy)

	deep learning  AND (stillbirth NOT pregnancy)

	deep learning  AND (trisomy NOT pregnancy)

	logistic regression multivariable prediction  AND pregnancy

	logistic regression multivariable prediction  AND (central nervous system vascular malformations NOT pregnancy)

	logistic regression multivariable prediction  AND (cesarean section NOT pregnancy)

	logistic regression multivariable prediction  AND (congenital heart defects NOT pregnancy)

	logistic regression multivariable prediction  AND (embryo implantation NOT pregnancy)

	logistic regression multivariable prediction  AND (fertilization in vitro NOT pregnancy)

	logistic regression multivariable prediction  AND (fetal development NOT pregnancy)

	logistic regression multivariable prediction  AND (fetal distress NOT pregnancy)

	logistic regression multivariable prediction  AND (gestational diabetes NOT pregnancy)

	logistic regression multivariable prediction  AND infectious pregnancy complications

	logistic regression multivariable prediction  AND (low birth weight infant NOT pregnancy)

	logistic regression multivariable prediction  AND (obstetric labor NOT pregnancy)

	logistic regression multivariable prediction  AND pregnancy rate

	logistic regression multivariable prediction  AND pregnancy-induced hypertension

	logistic regression multivariable prediction  AND (premature birth NOT pregnancy)

	logistic regression multivariable prediction  AND (small for gestational age infant NOT pregnancy)

	logistic regression multivariable prediction  AND (stillbirth NOT pregnancy)

	logistic regression multivariable prediction  AND (trisomy NOT pregnancy)






22


[bookmark: _Toc49542499]Table S2. Eligibility criteria description.
	Step
	Section
	Topic
	Criterion
	Source
	Column name (Table S3)

	
	
	
	
	
	

	1
	Common
	Language and accessibility
	English and accessible
	-
	English/Accessible

	2
	Methods
	Source of data
	Describe the study design or source of data (e.g., randomized trial, cohort, or registry data), separately for the development and validation data sets, if applicable.
	TRIPOD
	Data Source

	3
	Methods
	Outcome
	Clearly define the outcome that is predicted by the prediction model, including how and when assessed.
	TRIPOD
	Outcome

	4
	Methods
	Prediction problem
	Defining quality metrics to assess model performance.
	TRIPOD; MLP-BIOM
	Evaluation Metric

	5
	Methods
	Predictors
	Clearly define all predictors used in developing or validating the multivariable prediction model, including how and when they were measured. Extra caution is needed to prevent information leakage from the response variable to predictor variables.
	TRIPOD; MLP-BIOM
	Predictors

	6
	Methods
	Statistical analysis methods
	Describe the basic statistics of the dataset, particularly of the response variable. These include the ratio of positive to negative classes for a classification problem and the distribution of the response variable for regression problem.
	MLP-BIOM
	Descriptive Statistics

	7
	Methods
	Model building
	Assess whether sufficient data are available for a good fit of the model. In particular, for classification, there should be a sufficient number of observations in both positive and negative classes.
	MLP-BIOM
	Event Sample Size

	8
	Methods
	Model building
	Determine a set of candidate modeling techniques (e.g. logistic regression, random forest, or deep learning). If only one type of model was used, justify the decision for using that model.
	TRIPOD; MLP-BIOM
	Modeling Method

	9
	Methods
	Validation technique
	Define the model validation strategies. Internal validation is the minimum requirement; external validation should also be performed whenever possible.
	TRIPOD; MLP-BIOM
	Model Validation

	10
	Methods
	Validation technique
	Development (D): Prediction model development without external validation. These studies may include internal validation methods, such as bootstrapping and cross-validation techniques. Development and validation (DV): Prediction model development combined with external validation in other participants in the same article. Validation (V): External validation of existing (previously developed) model in other participants.
	PROBAST
	Type of Study

	11
	Methods
	Validation technique
	For regression problems, the normalized root-mean-square error should be used. For classification problems, the metrics should include sensitivity, specificity, positive predictive value, negative predictive value, area under the ROC curve, and calibration plot
	MLP-BIOM
	Recommended Metrics

	12
	Applicability
	Applicability
	If low concerns regarding applicability for all domains, the prediction model evaluation is judged to have low concerns regarding applicability.
	PROBAST
	Applicability

	13
	Results
	Model performance
	If possible, report the parameter estimates in the model and their confidence intervals. When the direct calculation of confidence intervals is not possible, report nonparametric estimates from bootstrap samples. If there was at least three LR models and a non-LR model from any studies for an outcome, all of the studies with that outcome were included in meta-analysis. This is determined based on requirement of minimum data points to calculate variance as part of meta-analysis procedure. If studies did not report AUROC, we estimated that from the sensitivity and specificity using trapezoidal rule
	TRIPOD; MLP-BIOM; defined by authors
	Meta-analysis


TRIPOD, transparent reporting of a multivariable prediction model for individual prognosis or diagnosis; MLP-BIOM, guidelines for developing and reporting machine learning predictive models in biomedical research; PROBAST, prediction model risk of bias assessment tool.


[bookmark: _Toc49542500]Table S3. Study selection for eligibility, applicability, and meta-analysis. a
	#
	Author (Year)
n=680
	Type of Study
	English/ Accessible
n=625
	Data Source
n=615
	Outcome
n=600
	Evaluation Metric
n=551
	Predictors
n=543
	Descriptive Statistics
n=430
	Event Sample Size
n=422
	Modeling Method
n=419
	Model Validation
n=275
	Recommended Metrics
n=256
	Applicability
n=142
	Meta-analysis
n=62

	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	1
	Artzi, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	2
	Benhalima, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	3
	Blank C, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	4
	Borup R, et al. (2016)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	5
	de Wilde, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	6
	Mardy, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	7
	Maroufizadeh, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	8
	Milewski, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	9
	Rinaudo, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	10
	Sananes, et al. (2013)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	11
	Sandström, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	12
	Shi, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	13
	Sufriyana, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	14
	Tessmer-Tuck, et al. (2014)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	15
	Thériault, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	16
	Tran, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	17
	Troisi J, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	18
	van Baaren, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	19
	van der Tuuk, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	20
	Weber, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	21
	Xing, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	22
	Yang, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	23
	Zheng, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	24
	Abbas SA, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	25
	Amini, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	26
	Balani, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	27
	Bastek, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	28
	Carlsson Fagerberg, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	29
	Chen L, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	30
	Chen, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	31
	de Oliveira, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	32
	Despotovic D, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	33
	Fagerberg, et al. (2015)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	34
	Fergus P, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	35
	Fergus P, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	36
	Fergus P, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	37
	Fergus P, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	38
	Fiset S, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	39
	Garcés, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	40
	Guo, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	41
	Hamdi, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	42
	Lee, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	43
	Macones, et al. (2001)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	44
	Mas-Cabo, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	45
	Mehta-Lee, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	46
	Menon R, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	47
	Mirroshandel SA, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	48
	Morales, et al. (2008)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	49
	Murtoniemi, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	50
	Paydar, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	51
	Qiu H, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	52
	Sadi-Ahmed N, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	53
	Saleem S, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	54
	Shahbakhti, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	55
	Sims, et al. (2000)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	56
	Sovio, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	57
	Uyar A, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	58
	VerMilyea, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	59
	Wald, et al. (2005)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	60
	Wang, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	61
	Xu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	62
	Yang, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes

	63
	Agopian, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	64
	Almeida, et al. (2017)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	65
	Al-Rubaie, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	66
	Chandrasekaran, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	67
	Chen, et al. (2018)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	68
	Ciobanu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	69
	Cömert, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	70
	Coppedè, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	71
	Cortet, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	72
	Crovetto, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	73
	Eggebø, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	74
	Figueras, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	75
	Gao, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	76
	Isakov, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	77
	Isono, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	78
	Kang, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	79
	Khan, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	80
	Koivu, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	81
	Kok, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	82
	Lee, et al. (2018)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	83
	Leonarduzzi R, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	84
	Li, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	85
	McCowan, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	86
	Meijerink, et al. (2016)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	87
	Metz, et al. (2013)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	88
	Milewski, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	89
	Myers, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	90
	Payne, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	91
	Pettersson, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	92
	Qiu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	93
	Reid, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	94
	Ryu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	95
	Scheinhardt, et al. (2018)
	V
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	96
	Signorini, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	97
	Spilka J, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	98
	Stamatopoulos, et al. (2015)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	99
	Stott, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	100
	Timmerman, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	101
	Tsur, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	102
	Uyar A, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	103
	Van Calster, et al. (2009)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	104
	van der Ham, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	105
	Verhoeven, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	106
	Vieira, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	107
	Visentin, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	108
	Wang, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	109
	Yu, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	110
	Zwertbroek, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	111
	Alberola-Rubio J, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	112
	Allouche, et al. (2011)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	113
	Benalcazar-Parra, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	114
	Berntorp, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	115
	Broekmans, et al. (2014)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	116
	Casikar, et al. (2013)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	117
	Cerqueira FR, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	118
	Elaveyini, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	119
	Georgoulas, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	120
	Harper, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	121
	Hernandez-Gonzalez J, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	122
	Jhee, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	123
	Kawakita, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	124
	Kuhle S, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	125
	Kumar, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	126
	Lafalla, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	127
	Liu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	128
	McCowan, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	129
	Meister, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	130
	Mello, et al. (2001)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	131
	Oates, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	132
	Petrozziello, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	133
	Petrozziello, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	134
	Pettersson, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	135
	Ramanah, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	136
	Spilka J, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	137
	Stroux, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	138
	Valensise, et al. (2006)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	139
	Vogiatzi, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	140
	Xu L, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	141
	Xu, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	142
	Zhao, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No

	143
	Abbas R, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	144
	Abbas, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	145
	Acharya, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	146
	Ahmadzia, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	147
	Akbarian, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	148
	Akbulut A, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	149
	Alavifard, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	150
	Alexander, et al. (2018)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	151
	Ambalavanan, et al. (2001)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	152
	Arav-Boger, et al. (2008)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	153
	Attallah, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	154
	Attallah, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	155
	Aung, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	156
	Austdal, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	157
	Bahado-Singh, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	158
	Bahado-Singh, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	159
	Baykal, et al. (1994)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	160
	Betts KS, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	161
	Binenbaum, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	162
	Bottomley, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	163
	Burai, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	164
	Cairo, et al. (2018)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	165
	Catic, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	166
	Catley, et al. (2006)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	167
	Chen, et al. (2015)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	168
	Comert Z, et al. (2016)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	169
	Czabanski, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	170
	De Ramón Fernández, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	171
	Devjak, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	172
	Dhillon, et al. (2016)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	173
	Dida, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	174
	Dirvanauskas, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	175
	Dithy, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	176
	Du, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	177
	Dukhovny, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	178
	Esty A, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	179
	Feng, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	180
	Fries, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	181
	Frigerio, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	182
	Galderisi, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	183
	Georgoulas, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	184
	Gioacchini, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	185
	Goodson, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	186
	Hamilton, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	187
	Hassan MR, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	188
	He, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	189
	Heidari, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	190
	Hu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	191
	Inbarani, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	192
	Iraji, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	193
	Jadhav S, et al. (2011)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	194
	Jalali, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	195
	Jang, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	196
	Kalafat, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	197
	Kanakasabapathy, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	198
	Kang, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	199
	Kaur, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	200
	Kayode, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	201
	Khatibi, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	202
	Khosravi, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	203
	Kim, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	204
	Koivu A, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	205
	Krupa, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	206
	Lafuente-Ganuza, et al. (2020)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	207
	Li, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	208
	Li, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	209
	Liu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	210
	Luo Y, et al. (2017)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	211
	MacDowell, et al. (2001)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	212
	Macones, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	213
	Magenes, et al. (2004)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	214
	Malacova, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	215
	Milewski, et al. (2015)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	216
	Moreira, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	217
	Natarajan S, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	218
	Ng, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	219
	Ocak, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	220
	Ochab, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	221
	Pan I, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	222
	Paternina-Caicedo, et al. (2017)
	V
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	223
	Payne, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	224
	Rawashdeh, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	225
	Ricard, et al. (2017)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	226
	Rossi, et al. (2019)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	227
	Sahin H, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	228
	Sahli, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	229
	Samanta, et al. (2009)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	230
	Samanta, et al. (2009)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	231
	Shah SAA, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	232
	Shigemi, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	233
	Sievert, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	234
	Simpson, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	235
	Siriwardhana, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	236
	Srivastava Y, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	237
	Street, et al. (2008)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	238
	Sullivan, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	239
	Sultan, et al. (2016)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	240
	Sun, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	241
	Tabrizi, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	242
	Tang H, et al. (2018)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	243
	Tang, et al. (2009)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	244
	Tejera, et al. (2011)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	245
	Vickram, et al. (2016)
	V
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	246
	Vijayalakshmi, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	247
	Wang, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	248
	Westerhuis, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	249
	Wilson, et al. (2016)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	250
	Xie, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	251
	Yang J, et al. (2018)
	DV
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	252
	Zernikow, et al. (1998)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	253
	Zhang, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	254
	Zhang, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	255
	Zhang, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	256
	Zhu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	

	257
	Borowska, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	258
	Cannas, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	259
	Dash, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	260
	Fang, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	261
	Frick, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	262
	Hutton, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	263
	Karvelis, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	264
	Kragh, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	265
	La Rosa, et al. (2008)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	266
	Moslem, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	267
	Soslow, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	268
	Teder, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	269
	Warrick, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	270
	Zhang, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	271
	Chamidah N, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	272
	Goodale BM, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	273
	Gorthi A, et al. (2009)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	274
	Ocak H. A, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	275
	Ravindran S, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	

	276
	Abuelghar, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	277
	Allen, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	278
	Bakalis, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	279
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
	
	
	

	280
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	281
	Bakalis, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	282
	Belfort, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	283
	Bertozzi, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	284
	Bourdages, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	285
	Burgos-Artizzu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	286
	Calí, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	287
	Carvalho Neto, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	288
	Cavallaro, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	289
	Cetinkaya, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	290
	Chen, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	291
	Chetty, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	292
	Chu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	293
	Ciobanou, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	294
	Ciobanu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	295
	Ciobanu, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	296
	Crovetto, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	297
	Cruz-Martinez, et al. (2010)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	298
	Damaso, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	299
	D'Antonio, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	300
	Delić, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	301
	Di Lorenzo, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	302
	Di Martino, et al. (2016)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	303
	Direkvand-Moghadam, et al. (2012)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	304
	Doulaveris, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	305
	Ducarme, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	306
	Eggebø, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	307
	El-Achi, et al. (2020)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	308
	Ellaithy, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	309
	Fadigas, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	Yes
	No
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	312
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	Yes
	No
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
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	Yes
	No
	
	
	

	315
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
	
	
	

	318
	Fontanella, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
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	Gasse, et al. (2018)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
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	Giguère, et al. (2015)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
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	Gómez-Arriaga, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
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	Grynnerup, et al. (2019)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	323
	Gurgel Alves, et al. (2014)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
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	Guzman, et al. (2013)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
	
	
	

	325
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	D
	Yes
	Yes
	Yes
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	Yes
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	No
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	Hao, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
	
	
	

	327
	Hassan, et al. (2017)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
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	D
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	Yes
	Yes
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	No
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	D
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	Yes
	Yes
	Yes
	Yes
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	No
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
	
	
	

	331
	Holst, et al. (2011)
	D
	Yes
	Yes
	Yes
	Yes
	Yes
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	No
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	D
	Yes
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	No
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	D
	Yes
	Yes
	Yes
	Yes
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	No
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	D
	Yes
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	D
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	D
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	D
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	D
	Yes
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	D
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	D
	Yes
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	Yes
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	D
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	Yes
	No
	
	
	

	351
	Lukaszuk, et al. (2013)
	D
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	564
	Lee, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	565
	Lim, et al. (2015)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	566
	Liu, et al. (2020)
	D
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	Yes
	Yes
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	567
	Manuck, et al. (2016)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	568
	Marvin, et al. (1999)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	569
	McPherson, et al. (2014)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	570
	Milewska, et al. (2017)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	571
	Millischer, et al. (2015)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	572
	Monteith, et al. (2017)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	573
	Murphy, et al. (2015)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	574
	Naito, et al. (2010)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	575
	Oztas, et al. (2016)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	576
	Papadimitriou, et al. (1997)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	577
	Papadimitriou, et al. (1999)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	578
	Papanna, et al. (2015)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	579
	Pare, et al. (2014)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	580
	Parra-Saavedra, et al. (2013)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	581
	Payne, et al. (2020)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	582
	Reed, et al. (1997)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	583
	Ren, et al. (2015)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	584
	Roberts, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	585
	Semenova, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	586
	Simon, et al. (2014)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	587
	Sinclair, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	588
	Siristatidis, et al. (2011)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	589
	Smith, et al. (2014)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	590
	Sur, et al. (2010)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	591
	Torgersen, et al. (1979)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	592
	Van Ravenswaaij, et al. (2011)
	D
	Yes
	Yes
	Yes
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	593
	Velzel, et al. (2018)
	D
	Yes
	Yes
	Yes
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	594
	Wang, et al. (2019)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	595
	Webster, et al. (2019)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	596
	Weiss, et al. (2019)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	597
	Ye, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	598
	Zhang, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	599
	Zhu, et al. (2012)
	D
	Yes
	Yes
	Yes
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	600
	Dey A, et al. (2018)
	D
	Yes
	Yes
	Yes
	No
	
	
	
	
	
	
	
	

	601
	Alansary, et al. (2019)
	D
	Yes
	Yes
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	602
	Altin, et al. (2018)
	D
	Yes
	Yes
	No
	
	
	
	
	
	
	
	
	

	603
	Alves, et al. (2014)
	D
	Yes
	Yes
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	604
	Amabebe, et al. (2019)
	D
	Yes
	Yes
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	605
	Arfi, et al. (2019)
	D
	Yes
	Yes
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	606
	Beksaç, et al. (1996)
	D
	Yes
	Yes
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	607
	Beksaç, et al. (20-0)
	D
	Yes
	Yes
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	608
	Beksaç, et al. (2034)
	D
	Yes
	Yes
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	609
	Braaten, et al. (1996)
	D
	Yes
	Yes
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	610
	Forkert, et al. (2011)
	D
	Yes
	Yes
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	611
	Raef, et al. (2019)
	D
	Yes
	Yes
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	D
	Yes
	Yes
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	D
	Yes
	Yes
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	614
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	D
	Yes
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	D
	Yes
	Yes
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	Yes
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	617
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	Yes
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	No
	
	
	
	
	
	
	
	
	
	
	

	642
	Gratacos, et al. (2010)
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	No
	
	
	
	
	
	
	
	
	
	
	

	656
	Meng-yao, et al. (2019)
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	675
	Xiong, et al. (2017)
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	676
	Xu, et al. (2014)
	
	No
	
	
	
	
	
	
	
	
	
	
	

	677
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	678
	Yoffe, et al. (2019)
	
	No
	
	
	
	
	
	
	
	
	
	
	

	679
	Zhou, et al. (2008)
	
	No
	
	
	
	
	
	
	
	
	
	
	

	680
	Francis F, et al.
	
	No
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	Abbas SA et al. (2018)
	Cesarean section
	Cesarean section
	Cross-sectional
	Abbas SA et al. (2018)
	Cross-sectional
	Pakistan
	0
	2
	0
	
	
	D
	No

	Agopian AJ et al. (2012)
	Spina bifida or anencephaly
	Trisomy
	Nested case-control
	Yoon PW et al. (2001)
	Nested Case-Control
	United States
	
	
	
	1997
	2005
	D
	Yes

	Alberola-Rubio J et al. (2017)
	Late term labor
	Obstetric labor
	Retrospective
	Alavifard S et al. (2019)
	Retrospective
	Canada
	0
	1
	0
	2016
	2016
	D
	No

	Allouche M et al. (2011)
	Early preterm delivery
	Premature birth
	Retrospective
	Allouche M et al. (2011)
	Retrospective
	France
	0
	2
	0
	2004
	2008
	DV
	No

	Almeida ST et al. (2017)
	Complication of severe preeclampsia
	Pregnancy-induced hypertension
	Retrospective
	Almeida ST et al. (2017)
	Retrospective
	Brazil
	0
	1
	0
	2014
	2014
	DV
	Yes

	Al-Rubaie ZT et al. (2020)
	Preeclampsia
	Pregnancy-induced hypertension
	Retrospective
	Al-Rubaie ZT et al. (2020)
	Retrospective
	Australia
	0
	3
	0
	2011
	2014
	DV
	Yes

	Amini P et al. (2017)
	Preterm delivery
	Premature birth
	Cross-sectional
	Amini P et al. (2017)
	Cross-Sectional
	Iran
	0
	4
	0
	2015
	2015
	D
	No

	Artzi NS et al. (2020)
	Gestational diabetes
	Gestational diabetes
	Retrospective
	Artzi NS et al. (2020)
	Retrospective
	Israel
	
	
	
	2010
	2018
	DV
	Yes

	Balani J et al. (2018)
	Gestational diabetes
	Gestational diabetes
	Retrospective
	Balani J et al. (2014)
	Prospective
	United Kingdom
	0
	1
	0
	2010
	2011
	D
	No

	Bastek JA et al. (2012)
	Preterm delivery
	Premature birth
	Retrospective
	
	Prospective
	United States
	0
	1
	0
	2008
	2010
	D
	No

	Benalcazar-Parra C et al. (2019)
	Successful induction of labor
	Induced labor
	Prospective
	Benalcazar-Parra C et al. (2019)
	Prospective
	Spain
	0
	1
	0
	
	
	D
	No

	Benhalima K et al. (2020)
	Gestational diabetes
	Gestational diabetes
	Retrospective
	Benhalima K et al. (2014)
	Prospective
	Belgium
	0
	6
	0
	2014
	2018
	D
	Yes

	Berntorp K et al. (2015)
	Large for gestational age
	Fetal development
	Retrospective
	Anderberg E et al. (2010)
	Prospective
	Sweden
	1
	4
	0
	2003
	2005
	D
	No

	Blank C et al. (2019)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Blank C et al. (2019)
	Retrospective
	Belgium
	0
	1
	0
	2015
	2017
	D
	Yes

	Borup R et al. (2016)
	Ongoing pregnancy
	Fertilization in vitro
	Nested case-control
	Feuerstein P et al. (2012)
	Nested case-control
	Denmark
	0
	1
	0
	2009
	2010
	DV
	Yes

	Broekmans FJ et al. (2014)
	Ovarian response to stimulation
	Fertilization in vitro
	Retrospective
	Devroey P et al (2009); Nyboe Andersen A et al. (2011)
	Prospective
	United States, Canada, Spain, The United Kingdoms, Belgium, Czech Republic, Finland, France, Norway, Sweden, Denmark and The Netherlands
	
	
	
	2006
	2008
	DV
	No

	Carlsson FM et al. (2020)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	Carlsson FM et al. (2020)
	Retrospective
	Sweden
	
	
	
	1998
	2013
	D
	No

	Casikar I et al. (2013)
	Succesful expectant management of miscarriage
	Others
	Prospective
	Casikar I et al. (2013)
	Prospective
	Australia
	0
	1
	0
	2006
	2009
	DV
	No

	Cerqueira FR et al. (2014)
	Premature newborn death
	Premature birth
	Retrospective
	Catley C et al. (2006)
	Retrospective
	Canada
	
	
	
	1999
	2002
	D
	No

	Chandrasekaran S et al. (2016)
	Large for gestational age
	Fetal development
	Retrospective
	Chandrasekaran S et al. (2016)
	Retrospective
	United States, Canada, Spain, The UK, Belgium, Czech Republic, Finland, France, Norway, Sweden, Denmark and The Netherlands
	0
	1
	0
	2008
	2011
	D
	Yes

	Chen L and Hao Y (2017)
	Preterm delivery
	Premature birth
	Retrospective
	Alexandersson A et al. (2015)
	Prospective
	Iceland
	1
	2
	0
	2008
	2010
	D
	No

	Chen L et al. (2018)
	Stress urinary incontinence
	Others
	Retrospective
	Chen L et al. (2018)
	Cross-Sectional
	China
	0
	2
	0
	2016
	2017
	DV
	Yes

	Chen L et al. (2019)
	Preterm delivery
	Premature birth
	Retrospective
	Alexandersson A et al. (2015)
	Retrospective
	Iceland
	1
	1
	0
	2008
	2010
	D
	No

	Ciobanu A et al. (2019)
	Small for gestational age
	Small for gestational age infant
	Retrospective
	Ciobanu A et al. (2019)
	Retrospective
	United Kingdom
	0
	1
	0
	2014
	2018
	D
	Yes

	Comert Z et al. (2018)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Retrospective
	Chudácek V et al. (2014)
	Prospective
	Czech
	0
	1
	0
	2010
	2012
	D
	Yes

	Coppede F et al. (2010)
	Down syndrome
	Trisomy
	Nested case-control
	Coppede F et al. (2007); Coppede F et al. (2009)
	Nested Case-Control
	Italy
	0
	1
	1
	
	
	D
	Yes

	Cortet M et al. (2015)
	Postpartum hemorrhage
	Others
	Retrospective
	Deneux-Tharaux C et al. (2010)
	Retrospective
	France
	0
	106
	0
	2004
	2006
	D
	Yes

	Crovetto F et al. (2015)
	Early Preeclampsia
	Pregnancy-induced hypertension
	Nested case-control
	Crovetto F et al. (2015)
	Nested Case-Control
	Spain
	0
	2
	0
	
	
	D
	Yes

	de Oliveira RV et al. (2012)
	Preterm delivery
	Premature birth
	Prospective
	de Oliveira RV et al. (2012)
	Prospective
	Brazil
	0
	1
	0
	2005
	2010
	D
	No

	de Wilde MA et al. (2014)
	Gestational diabetes
	Gestational diabetes
	Prospective
	de Wilde MA et al. (2014)
	Prospective
	Netherlands
	0
	4
	0
	2008
	2012
	D
	Yes

	Despotovic D et al. (2018)
	Preterm delivery
	Premature birth
	Nested case-control
	Fele-Zorz G et al. (2008)
	Nested case-control
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	Eggebo TM et al. (2015)
	Vaginal delivery
	Obstetric labor
	Prospective
	Eggebo TM et al. (2015)
	Prospective
	Norway, United Kingdom
	0
	2
	0
	2012
	2013
	D
	Yes

	Elaveyni U et al. (2011)
	Preterm delivery
	Premature birth
	Retrospective
	Elaveyni U et al. (2011)
	Retrospective
	India
	0
	1
	0
	2007
	2009
	D
	No

	Fagerberg MC et al. (2015)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	Fagerberg MC et al. (2015)
	Retrospective
	Sweden
	
	
	
	1992
	2011
	DV
	No

	Fergus P et al. (2013)
	Preterm delivery
	Premature birth
	Nested case-control
	Fele-Zorz G et al. (2008)
	Nested case-control
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	Fergus P et al. (2016)
	Preterm delivery
	Premature birth
	Nested case-control
	Fele-Zorz G et al. (2008)
	Nested case-control
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	Fergus P et al. (2017)
	Cesarean section
	Cesarean section
	Retrospective
	Chudácek V et al. (2014)
	Retrospective
	Czech
	0
	1
	0
	2010
	2012
	D
	No

	Fergus P et al. (2018)
	Preterm delivery
	Premature birth
	Nested case-control
	Wang X et al. (2002)
	Nested case-control
	United States
	1
	0
	0
	1998
	2000
	D
	No

	Figueras F et al. (2015)
	Small for gestational age
	Small for gestational age infant
	Prospective
	Figueras F et al. (2015)
	Prospective
	Spain
	0
	1
	0
	2008
	2012
	D
	Yes

	Fiset S et al. (2019)
	Preterm delivery
	Premature birth
	Retrospective
	Fiset S et al. (2019)
	Retrospective
	Canada
	0
	1
	0
	2016
	2017
	D
	No

	Gao C et al. (2019)
	Extremely preterm delivery
	Premature birth
	Retrospective
	Gao C et al. (2019)
	Retrospective
	United States
	1
	0
	0
	2005
	2017
	DV
	Yes

	Garces MF et al. (2015)
	Preeclampsia
	Pregnancy-induced hypertension
	Nested case-control
	Garces MF et al. (2015)
	Nested Case-Control
	Colombia
	0
	1
	0
	2012
	2014
	D
	No

	Georgulas G, Karvelis P, Spilka J et al. (2017)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Cross-sectional
	Chudácek V et al. (2014)
	Prospective
	Czech Republic
	0
	1
	0
	2010
	2012
	D
	No

	Guo Z et al. (2020)
	Preeclampsia
	Pregnancy-induced hypertension
	Nested case-control
	Guo Z et al. (2020)
	Nested Case-Control
	China
	0
	3
	0
	2013
	2017
	DV
	No

	Hamdi MA et al. (2019)
	Preterm delivery
	Premature birth
	Nested case-control
	Fele-Zorz G et al. (2008)
	Nested Case-Control
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	Harper LM et al. (2016)
	Successful glyburide therapy in gestational diabetes
	Gestational diabetes
	Retrospective
	Harper LM et al. (2016)
	Prospective
	United Kingdom
	0
	1
	0
	2007
	2013
	D
	No

	Hernandez-Gonzalez J et al. (2018)
	Ongoing pregnancy
	Fertilization in vitro
	Nested case-control
	Hernandez-Gonzalez J et al. (2018)
	Nested case-control
	Spain
	0
	1
	0
	2013
	2015
	D
	No

	Isakov O et al. (2019)
	Successful external cephalic version
	Obstetric labor
	Retrospective
	Isakov O et al. (2019)
	Retrospective
	Israel
	0
	1
	0
	2016
	2018
	D
	Yes

	Isono W et al. (2011)
	Successful induction of labor
	Induced labor
	Retrospective
	Isono W et al. (2011)
	Retrospective
	Japan
	0
	1
	0
	2002
	2009
	D
	Yes

	Jhee JH et al. (2019)
	Late preeclampsia
	Pregnancy-induced hypertension
	Retrospective
	Jhee JH et al. (2019)
	Retrospective
	South Korea
	0
	1
	0
	2005
	2017
	D
	No

	Kang J et al. (2020)
	Massive transfusion during cesarean section of a pregnant woman with placenta previa
	Cesarean section
	Retrospective
	Kang J et al. (2020)
	Retrospective
	South Korea
	0
	2
	0
	2011
	2018
	DV
	Yes

	Kawakita T et al. (2019)
	Severe postpartum hemorrhage
	Others
	Retrospective
	Kawakita T et al. (2019)
	Retrospective
	United States
	0
	1
	0
	2012
	2017
	D
	No

	Khan N et al. (2019)
	Large for gestational age
	Fetal development
	Retrospective
	Akolekar R et al. (2019); Frick AP et al. (2016); Bakalis S et al. (2015); Fadigas C et al. (2015); Ciobanu A et al. (2019); Ciobanu A et al. (2019); Ciobanu A et al. (2019); Ciobanu A et al. (2019); Akolekar R et al. (2019)
	Prospective
	United Kingdom
	0
	2
	0
	2006
	2018
	D
	Yes

	Koivu A et al. (2020)
	Early stillbirth
	Stillbirth
	Retrospective
	Koivu A et al. (2020)
	Retrospective
	United States
	
	
	
	2013
	2016
	DV
	Yes

	Kok M et al. (2011)
	Successful external cephalic version
	Obstetric labor
	Retrospective
	Kok M et al. (2008)
	Retrospective
	Netherlands
	0
	7
	0
	2004
	2006
	D
	Yes

	Kuhle S et al. (2018)
	Small for gestational age
	Small for gestational age infant
	Cross-sectional
	Krupa N et al. (2011)
	Cross-Sectional
	Malaysia
	0
	1
	0
	
	
	D
	No

	Kumar SN et al. (2020)
	Low birth weight
	Low birth weight infant
	Case-control
	Kumar SN et al. (2020)
	Case-Control
	India
	1
	0
	0
	
	
	DV
	No

	Lafalla O et al. (2019)
	Placenta dysfunction-related diseases
	Pregnancy-induced hypertension
	Case-control
	Lafalla O et al. (2019)
	Case-Control
	Spain
	0
	1
	0
	2012
	2013
	D
	No

	Lee JSE et al. (2018)
	Epidural re-siting
	Cesarean section
	Retrospective
	Lee JSE et al. (2018); Sng BL et al. (2018)
	Retrospective
	Singapore
	0
	1
	0
	2012
	2015
	DV
	Yes

	Lee KS et al. (2019)
	Preterm delivery
	Premature birth
	Retrospective
	Lee KS et al. (2019)
	Retrospective
	South Korea
	0
	1
	0
	2014
	2018
	D
	No

	Leonarduzzi R et al. (2015)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Nested case-control
	Doret M et al. (2011)
	Nested case-control
	French
	0
	1
	0
	2000
	2010
	D
	Yes

	Li H et al. (2017)
	Congenital heart diseases
	Congenital heart defects
	Case-control
	Li H et al. (2017)
	Case-Control
	China
	0
	1
	0
	2013
	2014
	D
	Yes

	Liu B et al. (2019)
	Pregnancy
	Others
	Retrospective
	Liu B et al. (2019)
	Retrospective
	
	
	
	
	
	
	D
	No

	Macones GA et al. (2001)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	MacDowell M et al. (2001)
	Retrospective
	United States
	0
	1
	0
	1994
	1995
	D
	No

	Mardy AH et al. (2016)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	Landon MB et al. (2004)
	Prospective
	United States
	0
	19
	0
	1999
	2002
	D
	Yes

	Maroufizadeh S et al. (2018)
	Cesarean section
	Cesarean section
	Cross-sectional
	Maroufizadeh S et al. (2018)
	Cross-Sectional
	Iran
	0
	4
	0
	2015
	2015
	D
	Yes

	Mas-Cabo J et al. (2019)
	Preterm delivery
	Premature birth
	Retrospective
	Fele-Zorz G et al. (2008)
	Prospective
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	McCowan LM et al. (2013)
	Small for gestational age
	Small for gestational age infant
	Retrospective
	Kenny LC et al. (2014)
	Prospective
	New Zealand, Australia, United Kingdom, Ireland
	
	
	
	2004
	2011
	D
	No

	McCowan LM et al. (2017)
	Hypertensive small for gestational age
	Small for gestational age infant
	Retrospective
	Kenny LC et al. (2014)
	Prospective
	New Zealand, Australia, United Kingdom, Ireland
	
	
	
	2004
	2011
	D
	Yes

	Mehta-Lee SS et al. (2017)
	Preterm delivery
	Premature birth
	Retrospective
	Mehta-Lee SS et al. (2017)
	Retrospective
	United States
	
	
	
	2004
	2009
	D
	No

	Meijerink AM et al. (2016)
	Live birth
	Fertilization in vitro
	Retrospective
	Meijerink AM et al. (2016)
	Retrospective
	Netherlands
	0
	2
	0
	2007
	2015
	DV
	Yes

	Meister MR et al. (2016)
	Perineal laceration
	Obstetric labor
	Nested case-control
	Meister MR et al. (2016)
	Nested Case-Control
	United States
	0
	1
	0
	2004
	2008
	D
	No

	Mello G et al. (2001)
	Pregnancy-induced hypertension
	Pregnancy-induced hypertension
	Retrospective
	Mello G et al. (2001)
	
	Italy
	0
	1
	0
	
	
	D
	No

	Menon R et al. (2014)
	Preterm delivery
	Premature birth
	Prospective
	Menon R et al. (2014)
	Prospective
	United States
	0
	1
	0
	2003
	2006
	D
	No

	Metz TD et al. (2013)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	Metz TD et al. (2013)
	Retrospective
	United States
	0
	15
	0
	2000
	2008
	DV
	Yes

	Milewski R et al. (2013)
	Biochemical pregnancy
	Fertilization in vitro
	Retrospective
	Metz TD et al. (2013)
	Retrospective
	United States
	0
	15
	0
	2000
	2008
	D
	Yes

	Milewski R et al. (2017)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Milewski R et al. (2013)
	Retrospective
	United States
	1
	0
	0
	
	
	D
	Yes

	Mirroshandel SA et al. (2016)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Mirroshandel SA et al. (2016)
	Retrospective
	Iran
	0
	1
	0
	2012
	2014
	D
	No

	Morales DA et al. (2008)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Morales DA et al. (2008)
	Retrospective
	Spain
	1
	0
	0
	2003
	2005
	D
	No

	Murtoniemi K et al. (2018)
	Preeclampsia
	Pregnancy-induced hypertension
	Retrospective
	Girchenko P et al. (2016)
	Retrospective
	Finland
	10
	0
	0
	2005
	2009
	D
	No

	Myers JE et al. (2013)
	Preterm preeclampsia
	Pregnancy-induced hypertension
	Retrospective
	Kenny LC et al. (2014)
	Prospective
	New Zealand, Australia, United Kingdom, Ireland
	
	
	
	2004
	2011
	D
	Yes

	Oates J et al. (2013)
	Miscarriage
	Others
	Prospective
	Oates J et al. (2013)
	Retrospective
	Australia
	0
	1
	0
	2006
	2009
	D
	No

	Paydar K et al. (2017)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Paydar K et al. (2017)
	Retrospective
	Iran
	1
	1
	0
	1982
	2014
	D
	No

	Payne BA et al. (2015)
	Perinatal death in pregnancy-induced hypertension
	Pregnancy-induced hypertension
	Retrospective
	B.A. Payne et al. (2014)
	Prospective
	Fiji, Uganda, South Africa, Brazil, Pakistan
	1
	6
	0
	2008
	2012
	D
	Yes

	Petrozzielo A et al. (2018)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Retrospective
	Petrozzielo A et al. (2018); Chudácek V et al. (2014)
	Prospective
	United Kingdom, Czech Republic
	0
	2
	0
	1993
	2012
	D
	No

	Petrozzielo A et al. (2019)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Retrospective
	Petrozzielo A et al. (2019); SPaM’17 dataset (2017); Chudácek V et al. (2014)
	Prospective
	United Kingdom, France, Czech Republic
	0
	5
	0
	1993
	2012
	D
	No

	Pettersson G et al. (2010)
	Live birth
	Fertilization in vitro
	Retrospective
	Andersen N et al. (2006)
	Prospective
	Belgium, France, Finland, Czech Republic, Poland, Denmark, Sweden, Israel, Slovenia and Spain
	37
	0
	0
	2004
	2004
	D
	No

	Pettersson G et al. (2017)
	Traction force in vacuum extraction
	Obstetric labor
	Retrospective
	Pettersson G et al. (2017)
	Retrospective
	Sweden
	0
	1
	0
	2012
	2015
	D
	Yes

	Qiu H et al. (2017)
	Gestational diabetes
	Gestational diabetes
	Nested case-control
	Qiu H et al. (2017)
	Nested case-control
	China
	0
	1
	0
	2013
	2016
	D
	No

	Qiu K et al. (2019)
	Live birth
	Fertilization in vitro
	Retrospective
	Qiu K et al. (2019)
	Retrospective
	China
	0
	1
	0
	2014
	2018
	D
	Yes

	Ramanah R et al. (2018)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Retrospective
	Ramanah R et al. (2018)
	Retrospective
	France
	0
	1
	0
	2012
	2015
	D
	No

	Reid S et al. (2015)
	Pouch of Douglas obliteration
	Others
	Cross-sectional
	Reid S et al. (2015)
	Cross-Sectional
	Australia
	0
	8
	0
	2009
	2013
	D
	Yes

	Rinaudo P et al. (2012)
	Ongoing pregnancy
	Fertilization in vitro
	Prospective
	Rinaudo P et al. (2012)
	Prospective
	United States
	1
	0
	0
	
	
	D
	Yes

	Ryu A et al. (2019)
	Low birth weight
	Low birth weight infant
	Prospective
	Ryu A et al. (2019)
	Prospective
	South Korea
	0
	1
	0
	2015
	2016
	D
	Yes

	Sadi-Ahmed N et al. (2017)
	Preterm delivery
	Premature birth
	Nested case-control
	Fele-Zorz G et al. (2008)
	Nested case-control
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	Saleem S et al. (2019)
	Cesarean section
	Cesarean section
	Retrospective
	Chudácek V et al. (2014)
	Retrospective
	Czech
	0
	1
	0
	2010
	2012
	D
	No

	Sananes N et al. (2013)
	Preterm delivery
	Premature birth
	Prospective
	Sananes N et al. (2013)
	Prospective
	France
	0
	1
	0
	2000
	2012
	DV
	Yes

	Sandstrom A et al. (2019)
	Preeclampsia
	Pregnancy-induced hypertension
	Retrospective
	Sandstrom A et al. (2019)
	Retrospective
	Sweden
	
	
	
	2008
	2013
	D
	Yes

	Scheinhardt MO et al. (2018)
	Ovarian response to stimulation
	Fertilization in vitro
	Retrospective
	Lerman T et al. (2017)
	0
	Germany, Norway
	5
	0
	0
	2012
	2013
	V
	Yes

	Shahbakhti M et al. (2019)
	Preterm delivery
	Premature birth
	Retrospective
	Fele-Zorz G et al. (2008)
	Prospective
	Slovenia
	0
	1
	0
	1997
	2006
	D
	No

	Shi W et al. (2013)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Shi W et al. (2013)
	Retrospective
	China
	1
	0
	0
	2008
	2013
	D
	Yes

	Signorini MG et al. (2020)
	Intrauterine growth restriction
	Fetal development
	Case-control
	Signorini MG et al. (2020)
	Case-Control
	Italy
	0
	1
	0
	
	
	D
	Yes

	Sims CJ et al. (2000)
	Cesarean section
	Cesarean section
	Retrospective
	Sims CJ et al. (2000)
	Retrospective
	United States
	0
	1
	0
	1995
	1997
	D
	No

	Sovio U et al. (2018)
	Cesarean section
	Cesarean section
	Retrospective
	Sovio U et al. (2015)
	Prospective
	United Kingdom
	0
	1
	0
	2008
	2012
	D
	No

	Spilka J et al. (2015)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Nested case-control
	Doret M et al. (2011)
	Nested case-control
	French
	0
	1
	0
	2000
	2010
	D
	Yes

	Spilka J et al. (2017)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Nested case-control
	Doret M et al. (2011)
	Nested case-control
	French
	0
	1
	0
	2000
	2010
	D
	No

	Stamatopoulos N et al. (2015)
	Miscarriage
	Others
	Retrospective
	Stamatopoulos N et al. (2015)
	Retrospective
	Australia
	0
	1
	0
	2006
	2013
	DV
	Yes

	Stott D et al. (2017)
	Response to oral labetalol for pregnancy-induced hypertension
	Pregnancy-induced hypertension
	Prospective
	Stott D et al. (2017)
	Prospective
	United Kingdom
	0
	1
	0
	2013
	2013
	D
	Yes

	Stroux L et al. (2017)
	Intrauterine growth restriction
	Fetal development
	Cross-sectional
	Stroux L et al. (2017)
	Cross-Sectional
	United Kingdom
	0
	1
	0
	1990
	2011
	D
	No

	Sufriyana H et al. (2020)
	Preeclampsia
	Pregnancy-induced hypertension
	Nested case-control
	Sufriyana H et al. (2020)
	Nested Case-Control
	Indonesia
	
	
	
	2015
	2016
	DV
	Yes

	Tessmer-Tuck JA et al. (2014)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	Tessmer-Tuck JA et al. (2014)
	Retrospective
	United States
	0
	1
	0
	2000
	2010
	DV
	Yes

	Theriault S et al. (2016)
	Gestational diabetes
	Gestational diabetes
	Nested case-control
	Theriault S et al. (2016)
	Nested Case-Control
	Canada
	0
	1
	0
	2005
	2010
	D
	Yes

	Timmerman E et al. (2010)
	Chromosomal anomalies
	Trisomy
	Cross-sectional
	Timmerman E et al. (2010)
	Cross-Sectional
	Netherlands
	0
	1
	0
	1996
	2008
	D
	Yes

	Tran D et al. (2019)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Tran D et al. (2019)
	Retrospective
	Australia, Ireland, Denmark, United Kingdom
	8
	0
	0
	2014
	2018
	D
	Yes

	Troisi J et al. (2018)
	Central nervous system anomalies
	Central nervous system vascular malformations
	Prospective
	Troisi J et al. (2018)
	Prospective
	Italy
	0
	3
	0
	2013
	2017
	D
	Yes

	Tsur A et al. (2019)
	Shoulder dystocia
	Obstetric labor
	Case-control
	Tsur A et al. (2019)
	Case-Control
	Israel, United States
	0
	2
	0
	2003
	2018
	DV
	Yes

	Uyar A et al. (2010)
	Successful implantation (definition not reported)
	Fertilization in vitro
	Retrospective
	Uyar A et al. (2010)
	Retrospective
	Turkey
	0
	1
	0
	2007
	2008
	D
	Yes

	Uyar A et al. (2015)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Uyar A et al. (2015)
	Retrospective
	Turkey
	0
	1
	0
	2007
	2008
	D
	No

	Valensise H et al. (2006)
	Fetal distress
	Fetal distress
	Cross-sectional
	Valensise H et al. (2006)
	Cross-Sectional
	Italy
	0
	1
	0
	1999
	2003
	D
	No

	van Baaren GJ et al. (2015)
	Preterm delivery
	Premature birth
	Retrospective
	van Baaren GJ et al. (2014)
	Prospective
	Netherlands
	10
	0
	0
	2009
	2012
	D
	Yes

	van Calster B et al. (2009)
	Pregnancy of unknown location
	Others
	Retrospective
	van Calster B et al. (2009)
	Retrospective
	United Kingdom
	0
	1
	0
	2001
	2004
	DV
	Yes

	van der Ham DP et al. (2014)
	Neonatal sepsis
	Infectious pregnancy complication
	Retrospective
	van der Ham DP, van der Heyden JL, Opmeer BC, et al. (2012); van der Ham DP, Vijgen SM, Nijhuis JG, et al (2012)
	Prospective
	Netherlands
	0
	60
	0
	2007
	2011
	D
	Yes

	van der Tuuk K et al. (2015)
	Cesarean section
	Cesarean section
	Retrospective
	Koopmans CM et al. (2009)
	Prospective
	Netherlands
	0
	38
	0
	2005
	2008
	D
	Yes

	Verhoeven CJ et al. (2016)
	Failure of vacuum-assisted vaginal delivery
	Obstetric labor
	Case-control
	Verhoeven CJ et al. (2016)
	Case-Control
	Netherlands
	0
	2
	0
	1997
	2011
	D
	Yes

	VerMilyea M et al. (2020)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	VerMilyea M et al. (2020)
	Retrospective
	United States, Australia and New Zealand
	11
	0
	0
	2011
	2018
	D
	No

	Vieira MC et al. (2017)
	Uncomplicated pregnancy
	Others
	Retrospective
	Poston L et al. (2015)
	Prospective
	United Kingdom
	0
	8
	0
	2009
	2014
	D
	Yes

	Visentin S et al. (2017)
	Late gestational hypertension
	Pregnancy-induced hypertension
	Prospective
	Visentin S et al. (2017)
	Prospective
	Italy
	0
	1
	0
	2012
	2014
	D
	Yes

	Vogiatzi P et al. (2019)
	Live birth
	Fertilization in vitro
	Retrospective
	Vogiatzi P et al. (2019)
	Retrospective
	Greece
	0
	1
	0
	2010
	2017
	D
	No

	Wald M et al. (2005)
	Ongoing pregnancy
	Fertilization in vitro
	Retrospective
	Wald M et al. (2005)
	Retrospective
	
	
	
	
	
	
	D
	No

	Wang C et al. (2016)
	Gestational diabetes
	Gestational diabetes
	Retrospective
	Zhu WW et al. (2017)
	Retrospective
	China
	0
	15
	0
	2013
	2013
	D
	Yes

	Wang L et al. (2016)
	Adverse maternal and neonatal outcomes
	Others
	Retrospective
	Wang L et al. (2016)
	Retrospective
	Japan
	0
	1
	0
	2004
	2010
	D
	No

	Weber A et al. (2018)
	Preterm delivery
	Premature birth
	Case-control
	Weber A et al. (2018)
	Case-Control
	United States
	
	
	
	2007
	2011
	D
	Yes

	Xing YP et al. (2019)
	Vaginal birth after cesarean
	Obstetric labor
	Retrospective
	Xing YP et al. (2019)
	Retrospective
	China
	0
	1
	0
	2012
	2016
	D
	Yes

	Xu H et al. (2019)
	Ongoing pregnancy
	Fertilization in vitro
	Prospective
	Xu H et al. (2019)
	Prospective
	China
	0
	1
	0
	2015
	2016
	D
	No

	Xu H et al. (2020)
	Ectopic pregnancy
	Others
	Prospective
	Xu H et al. (2019)
	Prospective
	China
	0
	1
	0
	2015
	2016
	D
	No

	Xu L et al. (2013)
	Acidotic blood pH of umbilical artery
	Fetal distress
	Prospective
	Xu H et al. (2019)
	Prospective
	China
	0
	1
	0
	2015
	2016
	D
	No

	Yang H et al. (2015)
	Gestational diabetes
	Gestational diabetes
	Retrospective
	Yang H et al. (2015)
	Retrospective
	China
	0
	1
	0
	2009
	2010
	D
	Yes

	Yang T et al. (2019)
	Placenta accreta
	Others
	Retrospective
	Yang T et al. (2019)
	Retrospective
	China
	0
	1
	0
	2013
	2017
	D
	No

	Yu CH et al. (2018)
	High-quality blastocyst
	Embryo implantation
	Retrospective
	Yu CH et al. (2018)
	Retrospective
	China
	0
	1
	0
	2013
	2016
	D
	Yes

	Zhao RF et al. (2019)
	Vaginal delivery
	Obstetric labor
	Retrospective
	Zhao RF et al. (2019)
	Retrospective
	China
	0
	2
	0
	2014
	2018
	DV
	No

	Zheng T et al. (2019)
	Gestational diabetes
	Gestational diabetes
	Retrospective
	Zheng T et al. (2019)
	Retrospective
	China
	0
	1
	0
	2015
	2017
	D
	Yes

	Zwertbroek EF et al. (2017)
	Severe disease of late preterm pregnancy-induced hypertension
	Pregnancy-induced hypertension
	Retrospective
	Broekhuijsen K et al. (2016)
	Prospective
	Netherlands
	0
	51
	0
	2009
	2013
	D
	Yes


DV, development and/or validation; M, meta-analysis.
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	Study Author (Publication Year)
	Development Risk of Bias
	Validation Risk of Bias

	
	Participants
	Predictors
	Outcome
	Analysis
	ROB
	Participants
	Predictors
	Outcome
	Analysis
	ROB

	
	
	
	
	
	
	
	
	
	
	

	Abbas SA et al. (2018)
	-
	-
	?
	-
	-
	
	
	
	
	

	Agopian AJ et al. (2012)
	+
	+
	+
	-
	-
	
	
	
	
	

	Alberola-Rubio J et al. (2017)
	+
	+
	+
	-
	-
	
	
	
	
	

	Allouche M et al. (2011)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Almeida ST et al. (2017)
	+
	?
	+
	-
	-
	+
	?
	+
	?
	?

	Al-Rubaie ZT et al. (2020)
	+
	-
	-
	-
	-
	+
	+
	+
	-
	-

	Amini P et al. (2017)
	-
	+
	-
	-
	-
	
	
	
	
	

	Artzi NS et al. (2020)
	+
	+
	+
	+
	+
	+
	+
	+
	+
	+

	Balani J et al. (2018)
	+
	+
	?
	-
	-
	
	
	
	
	

	Bastek JA et al. (2012)
	+
	-
	-
	-
	-
	
	
	
	
	

	Benalcazar-Parra C et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Benhalima K et al. (2020)
	-
	-
	+
	-
	-
	
	
	
	
	

	Berntorp K et al. (2015)
	-
	+
	+
	-
	-
	
	
	
	
	

	Blank C et al. (2019)
	+
	+
	+
	+
	+
	
	
	
	
	

	Borup R et al. (2016)
	+
	+
	+
	+
	+
	+
	+
	+
	+
	+

	Broekmans FJ et al. (2014)
	+
	+
	-
	-
	-
	+
	+
	-
	-
	-

	Carlsson FM et al. (2020)
	+
	+
	+
	-
	-
	
	
	
	
	

	Casikar I et al. (2013)
	+
	-
	-
	-
	-
	+
	+
	+
	-
	-

	Cerqueira FR et al. (2014)
	+
	+
	+
	+
	+
	
	
	
	
	

	Chandrasekaran S et al. (2016)
	+
	+
	+
	-
	-
	
	
	
	
	

	Chen L and Hao Y (2017)
	+
	?
	?
	-
	-
	
	
	
	
	

	Chen L et al. (2018)
	-
	+
	+
	-
	-
	-
	+
	+
	-
	-

	Chen L et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Ciobanu A et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Comert Z et al. (2018)
	+
	+
	+
	+
	+
	
	
	
	
	

	Coppede F et al. (2010)
	+
	+
	+
	-
	-
	
	
	
	
	

	Cortet M et al. (2015)
	+
	-
	-
	-
	-
	
	
	
	
	

	Crovetto F et al. (2015)
	+
	+
	+
	-
	-
	
	
	
	
	

	de Oliveira RV et al. (2012)
	+
	+
	+
	-
	-
	
	
	
	
	

	de Wilde MA et al. (2014)
	+
	+
	+
	-
	-
	
	
	
	
	

	Despotovic D et al. (2018)
	+
	+
	+
	+
	+
	
	
	
	
	

	Eggebo TM et al. (2015)
	-
	+
	+
	-
	-
	
	
	
	
	

	Elaveyni U et al. (2011)
	+
	+
	+
	-
	-
	
	
	
	
	

	Fagerberg MC et al. (2015)
	+
	+
	-
	-
	-
	+
	+
	+
	-
	-

	Fergus P et al. (2013)
	+
	+
	+
	+
	+
	
	
	
	
	

	Fergus P et al. (2016)
	+
	+
	+
	+
	+
	
	
	
	
	

	Fergus P et al. (2017)
	+
	+
	+
	+
	+
	
	
	
	
	

	Fergus P et al. (2018)
	+
	+
	+
	+
	+
	
	
	
	
	

	Figueras F et al. (2015)
	+
	-
	-
	-
	-
	
	
	
	
	

	Fiset S et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Gao C et al. (2019)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Garces MF et al. (2015)
	+
	+
	-
	-
	-
	
	
	
	
	

	Georgulas G, Karvelis P, Spilka J et al. (2017)
	+
	?
	?
	+
	?
	
	
	
	
	

	Guo Z et al. (2020)
	+
	+
	-
	-
	-
	+
	+
	+
	-
	-

	Hamdi MA et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Harper LM et al. (2016)
	+
	-
	-
	-
	-
	
	
	
	
	

	Hernandez-Gonzalez J et al. (2018)
	+
	+
	+
	-
	-
	
	
	
	
	

	Isakov O et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Isono W et al. (2011)
	+
	?
	+
	-
	-
	
	
	
	
	

	Jhee JH et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Kang J et al. (2020)
	+
	?
	?
	-
	-
	+
	?
	?
	-
	-

	Kawakita T et al. (2019)
	+
	+
	-
	-
	-
	
	
	
	
	

	Khan N et al. (2019)
	+
	+
	-
	-
	-
	
	
	
	
	

	Koivu A et al. (2020)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Kok M et al. (2011)
	+
	+
	?
	-
	-
	
	
	
	
	

	Kuhle S et al. (2018)
	+
	+
	+
	-
	-
	
	
	
	
	

	Kumar SN et al. (2020)
	-
	+
	+
	-
	-
	-
	+
	+
	-
	-

	Lafalla O et al. (2019)
	-
	-
	-
	-
	-
	
	
	
	
	

	Lee JSE et al. (2018)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Lee KS et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Leonarduzzi R et al. (2015)
	+
	+
	+
	+
	+
	
	
	
	
	

	Li H et al. (2017)
	-
	-
	-
	-
	-
	
	
	
	
	

	Liu B et al. (2019)
	+
	?
	?
	-
	-
	
	
	
	
	

	Macones GA et al. (2001)
	-
	+
	+
	-
	-
	
	
	
	
	

	Mardy AH et al. (2016)
	+
	-
	-
	-
	-
	
	
	
	
	

	Maroufizadeh S et al. (2018)
	+
	-
	-
	-
	-
	
	
	
	
	

	Mas-Cabo J et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	McCowan LM et al. (2013)
	+
	+
	+
	-
	-
	
	
	
	
	

	McCowan LM et al. (2017)
	+
	+
	+
	-
	-
	
	
	
	
	

	Mehta-Lee SS et al. (2017)
	-
	-
	-
	-
	-
	
	
	
	
	

	Meijerink AM et al. (2016)
	+
	+
	+
	+
	+
	+
	+
	+
	+
	+

	Meister MR et al. (2016)
	+
	+
	+
	+
	+
	
	
	
	
	

	Mello G et al. (2001)
	+
	+
	+
	-
	-
	
	
	
	
	

	Menon R et al. (2014)
	+
	+
	+
	+
	+
	
	
	
	
	

	Metz TD et al. (2013)
	+
	-
	-
	-
	-
	+
	-
	-
	+
	-

	Milewski R et al. (2013)
	+
	+
	+
	-
	-
	
	
	
	
	

	Milewski R et al. (2017)
	?
	+
	+
	-
	-
	
	
	
	
	

	Mirroshandel SA et al. (2016)
	+
	+
	+
	+
	+
	
	
	
	
	

	Morales DA et al. (2008)
	+
	+
	+
	-
	-
	
	
	
	
	

	Murtoniemi K et al. (2018)
	+
	+
	+
	-
	-
	
	
	
	
	

	Myers JE et al. (2013)
	+
	+
	+
	-
	-
	
	
	
	
	

	Oates J et al. (2013)
	+
	+
	+
	-
	-
	
	
	
	
	

	Paydar K et al. (2017)
	?
	+
	?
	-
	-
	
	
	
	
	

	Payne BA et al. (2015)
	+
	+
	+
	-
	-
	
	
	
	
	

	Petrozzielo A et al. (2018)
	+
	+
	+
	-
	-
	
	
	
	
	

	Petrozzielo A et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Pettersson G et al. (2010)
	+
	+
	+
	-
	-
	
	
	
	
	

	Pettersson G et al. (2017)
	+
	-
	-
	-
	-
	
	
	
	
	

	Qiu H et al. (2017)
	+
	+
	+
	-
	-
	
	
	
	
	

	Qiu K et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Ramanah R et al. (2018)
	+
	+
	+
	+
	+
	
	
	
	
	

	Reid S et al. (2015)
	+
	+
	+
	-
	-
	
	
	
	
	

	Rinaudo P et al. (2012)
	?
	+
	+
	-
	-
	
	
	
	
	

	Ryu A et al. (2019)
	-
	+
	+
	-
	-
	
	
	
	
	

	Sadi-Ahmed N et al. (2017)
	+
	+
	+
	+
	+
	
	
	
	
	

	Saleem S et al. (2019)
	+
	+
	+
	+
	+
	
	
	
	
	

	Sananes N et al. (2013)
	+
	-
	-
	-
	-
	+
	-
	-
	-
	-

	Sandstrom A et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Scheinhardt MO et al. (2018)
	
	
	
	
	
	-
	+
	+
	-
	-

	Shahbakhti M et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Shi W et al. (2013)
	+
	+
	+
	-
	-
	
	
	
	
	

	Signorini MG et al. (2020)
	-
	+
	-
	-
	-
	
	
	
	
	

	Sims CJ et al. (2000)
	+
	+
	+
	-
	-
	
	
	
	
	

	Sovio U et al. (2018)
	-
	+
	+
	-
	-
	
	
	
	
	

	Spilka J et al. (2015)
	+
	+
	+
	+
	+
	
	
	
	
	

	Spilka J et al. (2017)
	+
	+
	+
	-
	-
	
	
	
	
	

	Stamatopoulos N et al. (2015)
	-
	-
	-
	-
	-
	-
	-
	-
	-
	-

	Stott D et al. (2017)
	+
	-
	-
	-
	-
	
	
	
	
	

	Stroux L et al. (2017)
	?
	+
	+
	-
	-
	
	
	
	
	

	Sufriyana H et al. (2020)
	+
	+
	+
	+
	+
	+
	+
	+
	+
	+

	Tessmer-Tuck JA et al. (2014)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Theriault S et al. (2016)
	+
	+
	+
	-
	-
	
	
	
	
	

	Timmerman E et al. (2010)
	+
	-
	-
	-
	-
	
	
	
	
	

	Tran D et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Troisi J et al. (2018)
	+
	+
	+
	+
	+
	
	
	
	
	

	Tsur A et al. (2019)
	-
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Uyar A et al. (2010)
	?
	-
	?
	-
	-
	
	
	
	
	

	Uyar A et al. (2015)
	+
	-
	+
	-
	-
	
	
	
	
	

	Valensise H et al. (2006)
	+
	+
	+
	-
	-
	
	
	
	
	

	van Baaren GJ et al. (2015)
	+
	+
	+
	-
	-
	
	
	
	
	

	van Calster B et al. (2009)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	van der Ham DP et al. (2014)
	+
	+
	+
	-
	-
	
	
	
	
	

	van der Tuuk K et al. (2015)
	+
	-
	-
	-
	-
	
	
	
	
	

	Verhoeven CJ et al. (2016)
	-
	+
	+
	-
	-
	
	
	
	
	

	VerMilyea M et al. (2020)
	+
	+
	+
	-
	-
	
	
	
	
	

	Vieira MC et al. (2017)
	+
	-
	-
	-
	-
	
	
	
	
	

	Visentin S et al. (2017)
	+
	+
	+
	-
	-
	
	
	
	
	

	Vogiatzi P et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Wald M et al. (2005)
	-
	?
	?
	-
	-
	
	
	
	
	

	Wang C et al. (2016)
	+
	+
	+
	-
	-
	
	
	
	
	

	Wang L et al. (2016)
	+
	+
	+
	-
	-
	
	
	
	
	

	Weber A et al. (2018)
	-
	+
	+
	+
	-
	
	
	
	
	

	Xing YP et al. (2019)
	-
	-
	-
	-
	-
	
	
	
	
	

	Xu H et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Xu H et al. (2020)
	+
	+
	+
	+
	+
	
	
	
	
	

	Xu L et al. (2013)
	+
	+
	+
	+
	+
	
	
	
	
	

	Yang H et al. (2015)
	-
	+
	+
	-
	-
	
	
	
	
	

	Yang T et al. (2019)
	+
	+
	+
	-
	-
	
	
	
	
	

	Yu CH et al. (2018)
	+
	-
	-
	-
	-
	
	
	
	
	

	Zhao RF et al. (2019)
	+
	+
	+
	-
	-
	+
	+
	+
	-
	-

	Zheng T et al. (2019)
	+
	+
	+
	+
	+
	
	
	
	
	

	Zwertbroek EF et al. (2017)
	+
	-
	-
	-
	-
	
	
	
	
	


+, low risk of bias; -, high risk of bias; ?, unclear risk of bias. ROB, risk of bias (overall).

[bookmark: _Toc49542504]Table S7. Signaling questions.
	Domain #
	Term
	Signaling question

	
	
	

	Participant Q1.1
	Study Design
	Were appropriate data sources used, e.g. cohort, RCT or nested case-control study data?

	Participant Q1.2
	Selection Criteria
	Were all inclusions and exclusions of participants appropriate?

	Predictors Q2.1
	Predictor Assessment
	Were predictors defined and assessed in a similar way for all participants?

	Predictors Q2.2
	Predictor Blinding
	Were predictor assessments made without knowledge of outcome data?

	Predictors Q2.3
	Predictor Timing
	Are all predictors available at the time the model is intended to be used?

	Outcome Q3.1
	Outcome Definition
	Was the outcome determined appropriately?

	Outcome Q3.2
	Outcome Standard
	Was a pre-specified or standard outcome definition used?

	Outcome Q3.3
	Outcome Leakage
	Were predictors excluded from the outcome definition?

	Outcome Q3.4
	Outcome Assessment
	Was the outcome defined and determined in a similar way for all participants?

	Outcome Q3.5
	Outcome Blinding
	Was the outcome determined without knowledge of predictor information?

	Outcome Q3.6
	Time Interval
	Was the time interval between predictor assessment and outcome determination appropriate?

	Analysis Q4.1
	Events per Variable
	Were there a reasonable number  of participants with the outcome?

	Analysis Q4.2
	Data Scale Handling
	Were continuous and categorical predictors handled appropriately?

	Analysis Q4.3
	Post-Enrollment Selection
	Were all enrolled participants included in the analysis?

	Analysis Q4.4
	Missing Data Handling
	Were participants with missing data handled appropriately?

	Analysis Q4.5
	Predictor Selection
	Was selection of predictors based on univariable analysis avoided?

	Analysis Q4.6
	Data Complexities Handling
	Were complexities in the data (e.g. censoring, competing risks, sampling of controls) accounted for appropriately?

	Analysis Q4.7
	Calibration And Discrimination
	Were relevant model performance measures evaluated appropriately?

	Analysis.8
	Internal/External Validation
	Were model overfitting and optimism in model performance accounted for?

	Analysis.9
	Predictor Weights
	Do predictors and their assigned weights in the final model correspond to the results from multivariable analysis?




[bookmark: _Toc49542505]Table S8. Answer for each signaling question.
	Study Author (Publication Year)
	Development Risk of Bias
	Validation Risk of Bias

	
	Q.1.1
	Q.1.2
	Q.2.1
	Q.2.2
	Q.2.3
	Q.3.1
	Q.3.2
	Q.3.3
	Q.3.4
	Q.3.5
	Q.3.6
	Q.4.1
	Q.4.2
	Q.4.3
	Q.4.4
	Q.4.5
	Q.4.6
	Q.4.7
	Q.4.8
	Q.4.9
	Q.1.1
	Q.1.2
	Q.2.1
	Q.2.2
	Q.2.3
	Q.3.1
	Q.3.2
	Q.3.3
	Q.3.4
	Q.3.5
	Q.3.6
	Q.4.1
	Q.4.2
	Q.4.3
	Q.4.4
	Q.4.6
	Q.4.7

	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Abbas SA et al. (2018)
	N
	NI
	PN
	NI
	NI
	NI
	NI
	NI
	NI
	NI
	NI
	N
	NI
	N
	NI
	NI
	NI
	Y
	Y
	NI
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Agopian AJ et al. (2012)
	Y
	PY
	Y
	PY
	Y
	Y
	PY
	Y
	PY
	Y
	Y
	Y
	N
	Y
	PN
	Y
	Y
	N
	Y
	PN
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Alberola-Rubio J et al. (2017)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Allouche M et al. (2011)
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	PY
	PY
	Y
	Y
	N
	PY
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	PY
	PY
	Y
	Y
	N
	PY
	Y
	Y
	PY
	Y

	Almeida ST et al. (2017)
	Y
	Y
	Y
	Y
	NI
	Y
	PY
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	PY
	N
	NI
	Y
	N
	Y
	Y
	Y
	Y
	Y
	NI
	Y
	PY
	PY
	PY
	Y
	PY
	N
	Y
	Y
	PY
	NI
	Y

	Al-Rubaie ZT et al. (2020)
	Y
	Y
	PY
	PN
	Y
	PY
	Y
	PN
	PY
	PN
	PY
	N
	PY
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	PN
	Y
	PY
	Y
	PN
	PY
	PN
	PY
	N
	PY
	Y
	Y
	PY
	Y

	Amini P et al. (2017)
	N
	NI
	Y
	PY
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	N
	Y
	PY
	Y
	Y
	N
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Artzi NS et al. (2020)
	PY
	PY
	PY
	PY
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	PY
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	PY
	PY
	PY
	PY
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	Y
	Y
	PY
	PY
	PY
	Y

	Balani J et al. (2018)
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	PY
	PY
	Y
	NI
	N
	PY
	Y
	Y
	Y
	NI
	N
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Bastek JA et al. (2012)
	Y
	PY
	PY
	PN
	PY
	Y
	Y
	PN
	PY
	PY
	Y
	N
	PY
	Y
	Y
	Y
	PY
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Benalcazar-Parra C et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PY
	PY
	N
	Y
	Y
	PN
	Y
	PN
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Benhalima K et al. (2020)
	Y
	PN
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	PN
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Berntorp K et al. (2015)
	Y
	PN
	Y
	PY
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	PY
	Y
	Y
	Y
	N
	Y
	PN
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Blank C et al. (2019)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Borup R et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y

	Broekmans FJ et al. (2014)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	N
	Y
	Y
	Y
	N
	Y

	Carlsson FM et al. (2020)
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	N
	PY
	Y
	N
	Y
	N
	Y
	PN
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Casikar I et al. (2013)
	Y
	Y
	PY
	N
	Y
	PY
	PY
	PN
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	PN
	Y
	Y
	PY
	PY
	N
	Y
	PY
	PY
	PN
	Y
	N
	Y
	Y
	Y
	Y
	Y
	N
	Y

	Cerqueira FR et al. (2014)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Chandrasekaran S et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Chen L and Hao Y (2017)
	Y
	Y
	NI
	Y
	Y
	NI
	NI
	NI
	NI
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Chen L et al. (2018)
	PN
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	N
	Y
	N
	PY
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	N
	Y
	N
	PY
	Y
	Y

	Chen L et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	N
	NI
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Ciobanu A et al. (2019)
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	N
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Comert Z et al. (2018)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	PY
	Y
	Y
	PY
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Coppede F et al. (2010)
	PY
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	PN
	Y
	PY
	PY
	Y
	Y
	N
	PY
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Cortet M et al. (2015)
	PY
	Y
	PN
	PY
	Y
	Y
	PY
	PY
	PY
	PN
	Y
	Y
	Y
	PY
	PY
	N
	PN
	Y
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Crovetto F et al. (2015)
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	Y
	PY
	N
	N
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	de Oliveira RV et al. (2012)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	N
	PY
	Y
	Y
	Y
	N
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	de Wilde MA et al. (2014)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	N
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Despotovic D et al. (2018)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Eggebo TM et al. (2015)
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	PN
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Elaveyni U et al. (2011)
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Fagerberg MC et al. (2015)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y

	Fergus P et al. (2013)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Fergus P et al. (2016)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Fergus P et al. (2017)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Fergus P et al. (2018)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Figueras F et al. (2015)
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	PN
	Y
	PN
	Y
	N
	PY
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Fiset S et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	N
	Y
	PY
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Gao C et al. (2019)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	N
	PN
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	N
	PN
	Y
	Y
	PY
	Y

	Garces MF et al. (2015)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	N
	Y
	Y
	NI
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Georgulas G, Karvelis P, Spilka J et al. (2017)
	Y
	Y
	NI
	Y
	Y
	NI
	NI
	NI
	NI
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Guo Z et al. (2020)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	N
	Y
	Y
	Y
	N
	N

	Hamdi MA et al. (2019)
	Y
	PY
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	N
	PY
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Harper LM et al. (2016)
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	PN
	PY
	PY
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Hernandez-Gonzalez J et al. (2018)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	N
	N
	N
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Isakov O et al. (2019)
	Y
	Y
	PY
	Y
	PY
	Y
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Isono W et al. (2011)
	Y
	Y
	NI
	PY
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	PY
	NI
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Jhee JH et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	PN
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Kang J et al. (2020)
	Y
	PY
	PY
	NI
	Y
	NI
	NI
	NI
	NI
	NI
	Y
	N
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	PY
	PY
	NI
	Y
	NI
	NI
	NI
	NI
	NI
	Y
	N
	Y
	Y
	Y
	PN
	Y

	Kawakita T et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PN
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Khan N et al. (2019)
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PN
	PY
	Y
	Y
	PY
	Y
	Y
	PY
	Y
	Y
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Koivu A et al. (2020)
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y

	Kok M et al. (2011)
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	NI
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Kuhle S et al. (2018)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	NI
	Y
	PY
	PY
	Y
	PY
	N
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Kumar SN et al. (2020)
	N
	Y
	PY
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	N
	NI
	PY
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	N
	Y
	Y
	Y
	N
	Y

	Lafalla O et al. (2019)
	N
	N
	PY
	PN
	Y
	Y
	Y
	PN
	PY
	PN
	Y
	N
	N
	Y
	PN
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Lee JSE et al. (2018)
	Y
	PY
	Y
	PY
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	N
	Y
	Y
	Y
	N
	Y

	Lee KS et al. (2019)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	N
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Leonarduzzi R et al. (2015)
	PY
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Li H et al. (2017)
	N
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Liu B et al. (2019)
	Y
	Y
	NI
	Y
	Y
	NI
	NI
	NI
	NI
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Macones GA et al. (2001)
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	N
	N
	N
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Mardy AH et al. (2016)
	Y
	Y
	PY
	PN
	Y
	Y
	Y
	PY
	PY
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Maroufizadeh S et al. (2018)
	Y
	Y
	PY
	PN
	Y
	PY
	PY
	PY
	PY
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Mas-Cabo J et al. (2019)
	Y
	PY
	PY
	Y
	Y
	PY
	PY
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	McCowan LM et al. (2013)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	McCowan LM et al. (2017)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Mehta-Lee SS et al. (2017)
	Y
	PN
	PY
	PN
	Y
	PY
	PY
	PN
	PY
	PN
	Y
	Y
	NI
	Y
	N
	Y
	PN
	Y
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Meijerink AM et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y

	Meister MR et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Mello G et al. (2001)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Menon R et al. (2014)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Metz TD et al. (2013)
	Y
	Y
	PY
	PN
	Y
	PY
	PY
	PN
	PY
	PN
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PN
	Y
	PY
	PY
	PN
	PY
	PN
	Y
	Y
	Y
	Y
	PN
	PY
	Y

	Milewski R et al. (2013)
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	PY
	PY
	Y
	Y
	NI
	Y
	Y
	Y
	Y
	N
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Milewski R et al. (2017)
	Y
	NI
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	N
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Mirroshandel SA et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Morales DA et al. (2008)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	PN
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Murtoniemi K et al. (2018)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Myers JE et al. (2013)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	PN
	Y
	PN
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Oates J et al. (2013)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Paydar K et al. (2017)
	Y
	NI
	PY
	Y
	Y
	NI
	NI
	Y
	PY
	Y
	Y
	N
	PY
	Y
	PN
	Y
	N
	N
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Payne BA et al. (2015)
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Petrozzielo A et al. (2018)
	Y
	PY
	PY
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Petrozzielo A et al. (2019)
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Pettersson G et al. (2010)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	PN
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Pettersson G et al. (2017)
	Y
	Y
	PY
	N
	Y
	PY
	PY
	N
	PY
	N
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Qiu H et al. (2017)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	PN
	N
	Y
	NI
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Qiu K et al. (2019)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Ramanah R et al. (2018)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Reid S et al. (2015)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Rinaudo P et al. (2012)
	Y
	NI
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Ryu A et al. (2019)
	Y
	N
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Sadi-Ahmed N et al. (2017)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Saleem S et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Sananes N et al. (2013)
	Y
	Y
	Y
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	Y
	PY
	Y
	PN
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	PY
	PY
	Y
	PY
	PN
	Y
	N
	PY
	Y
	PN
	N
	N

	Sandstrom A et al. (2019)
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Scheinhardt MO et al. (2018)
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	PN
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y

	Shahbakhti M et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	N
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Shi W et al. (2013)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Signorini MG et al. (2020)
	N
	Y
	PY
	Y
	Y
	PN
	PN
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Sims CJ et al. (2000)
	Y
	Y
	PY
	PY
	Y
	PY
	PY
	Y
	PY
	PY
	Y
	PY
	PY
	Y
	PN
	Y
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Sovio U et al. (2018)
	Y
	PN
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Spilka J et al. (2015)
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Spilka J et al. (2017)
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Stamatopoulos N et al. (2015)
	Y
	PN
	Y
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	N
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	PN
	Y
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	NI
	NI
	NI
	NI
	PN
	Y

	Stott D et al. (2017)
	Y
	Y
	PY
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Stroux L et al. (2017)
	Y
	NI
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	NI
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Sufriyana H et al. (2020)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y

	Tessmer-Tuck JA et al. (2014)
	Y
	Y
	PY
	PY
	Y
	PY
	PY
	Y
	PY
	PY
	Y
	N
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	PY
	Y
	PY
	PY
	Y
	N
	Y
	Y
	N
	Y
	Y

	Theriault S et al. (2016)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Timmerman E et al. (2010)
	Y
	PY
	PY
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	Y
	Y
	Y
	PY
	Y
	PY
	Y
	PN
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Tran D et al. (2019)
	Y
	PY
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Troisi J et al. (2018)
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Tsur A et al. (2019)
	N
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	PY
	Y

	Uyar A et al. (2010)
	PY
	NI
	PN
	NI
	Y
	NI
	NI
	NI
	NI
	NI
	NI
	Y
	Y
	NI
	NI
	Y
	NI
	PN
	Y
	NI
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Uyar A et al. (2015)
	PY
	PY
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	N
	Y
	Y
	PN
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Valensise H et al. (2006)
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	N
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	van Baaren GJ et al. (2015)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	van Calster B et al. (2009)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	PY
	Y

	van der Ham DP et al. (2014)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	van der Tuuk K et al. (2015)
	Y
	Y
	PY
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Verhoeven CJ et al. (2016)
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	VerMilyea M et al. (2020)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	PN
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Vieira MC et al. (2017)
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	N
	Y
	PN
	Y
	Y
	Y
	Y
	PN
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Visentin S et al. (2017)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	NI
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Vogiatzi P et al. (2019)
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Wald M et al. (2005)
	PY
	PN
	NI
	Y
	Y
	NI
	NI
	Y
	NI
	Y
	Y
	N
	Y
	Y
	Y
	Y
	PN
	N
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Wang C et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Wang L et al. (2016)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	NI
	Y
	Y
	N
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Weber A et al. (2018)
	N
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Xing YP et al. (2019)
	Y
	PN
	PY
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	N
	Y
	Y
	N
	Y
	PN
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Xu H et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Xu H et al. (2020)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Xu L et al. (2013)
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	PY
	Y
	Y
	Y
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Yang H et al. (2015)
	Y
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	NI
	Y
	PN
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Yang T et al. (2019)
	Y
	Y
	PY
	Y
	Y
	PY
	PY
	Y
	PY
	Y
	Y
	Y
	PN
	Y
	N
	Y
	Y
	Y
	Y
	PY
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Yu CH et al. (2018)
	Y
	Y
	PY
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Zhao RF et al. (2019)
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	N

	Zheng T et al. (2019)
	Y
	PY
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	Y
	PY
	Y
	Y
	Y
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Zwertbroek EF et al. (2017)
	Y
	Y
	PY
	PN
	Y
	PY
	PY
	N
	PY
	PN
	Y
	N
	Y
	Y
	PY
	Y
	Y
	Y
	Y
	N
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	
	


Y, yes; PY, probably yes; PN, probably no; N, no; NI, no information.
[bookmark: Refformat]

[bookmark: _Toc49542506]Table S9. Predictive performance and sample size.

	Study Author (Publication Year)
	Type
	LR algorithm
	Non-LR algorithm
	Sample size
	AUROC Source

	
	
	AUROC
	LB
	UB
	Algorithm
	AUROC
	LB
	UB
	Events
	Total
	

	
	
	
	
	
	
	
	
	
	
	
	

	Abbas SA et al. (2018)
	Non-LR
	
	
	
	Random Forests
	0.941
	
	
	55
	122
	Inferred

	Agopian AJ et al. (2012)
	Both
	0.56
	0.53
	0.6
	Decision Tree
	0.58
	
	
	1239
	9733
	Reported

	Alberola-Rubio J et al. (2017)
	Non-LR
	
	
	
	Support Vector Machine
	0.93
	
	
	24
	62
	Reported

	Allouche M et al. (2011)
	LR
	0.72
	0.67
	0.78
	
	
	
	
	197
	906
	Reported

	Almeida ST et al. (2017)
	LR
	0.72
	0.67
	0.77
	
	
	
	
	55
	325
	Reported

	Al-Rubaie ZT et al. (2020)
	LR
	0.72
	0.63
	0.81
	
	
	
	
	293
	12395
	Reported

	Amini P et al. (2017)
	Both
	0.69
	
	
	Decision Tree
	0.6
	
	
	244
	4415
	Reported

	Artzi NS et al. (2020)
	Both
	0.692
	0.686
	0.699
	Gradient Boosting
	0.875
	0.868
	0.885
	1984
	82678
	Reported

	Balani J et al. (2018)
	Non-LR
	
	
	
	Random Forests
	0.649
	
	
	55
	227
	Inferred

	Bastek JA et al. (2012)
	LR
	0.73
	
	
	
	
	
	
	204
	483
	Reported

	Benalcazar-Parra C et al. (2019)
	Non-LR
	
	
	
	Artificial Neural Network
	0.87
	
	
	33
	115
	Reported

	Benhalima K et al. (2020)
	LR
	0.716
	0.678
	0.754
	
	
	
	
	231
	1843
	Reported

	Berntorp K et al. (2015)
	LR
	0.69
	0.66
	0.72
	
	
	
	
	277
	5487
	Reported

	Blank C et al. (2019)
	Both
	0.66
	0.61
	0.71
	Random Forests
	0.74
	0.71
	0.77
	253
	1052
	Reported

	Borup R et al. (2016)
	Non-LR
	
	
	
	Support Vector Machine
	0.7
	0.59
	0.81
	12
	27
	Reported

	Broekmans FJ et al. (2014)
	LR
	0.82
	
	
	
	
	
	
	232
	747
	Reported

	Carlsson FM et al. (2020)
	LR
	0.67
	
	
	
	
	
	
	13688
	19343
	Reported

	Casikar I et al. (2013)
	LR
	0.803
	
	
	
	
	
	
	97
	126
	Reported

	Cerqueira FR et al. (2014)
	LR
	0.84
	
	
	
	
	
	
	39
	293
	Reported

	Chandrasekaran S et al. (2016)
	LR
	0.73
	0.66
	0.79
	
	
	
	
	79
	669
	Reported

	Chen L and Hao Y (2017)
	Non-LR
	
	
	
	Artificial Neural Network
	0.88
	
	
	50
	100
	Reported

	Chen L et al. (2018)
	LR
	0.746
	0.667
	0.825
	
	
	
	
	122
	340
	Reported

	Chen L et al. (2019)
	Non-LR
	
	
	
	Deep Neural Network
	0.9
	
	
	50
	100
	Reported

	Ciobanu A et al. (2019)
	LR
	0.898
	0.892
	0.904
	
	
	
	
	2024
	19209
	Reported

	Comert Z et al. (2018)
	Non-LR
	
	
	
	Support Vector Machine
	0.65
	0.64
	0.66
	113
	552
	Reported

	Coppede F et al. (2010)
	Non-LR
	
	
	
	Artificial Neural Network
	0.913
	0.885
	0.94
	29
	61
	Reported

	Cortet M et al. (2015)
	LR
	0.64
	0.62
	0.65
	
	
	
	
	1361
	6387
	Reported

	Crovetto F et al. (2015)
	LR
	0.978
	0.966
	0.99
	
	
	
	
	57
	9216
	Reported

	de Oliveira RV et al. (2012)
	LR
	0.905
	
	
	
	
	
	
	23
	70
	Reported

	de Wilde MA et al. (2014)
	LR
	0.83
	0.77
	0.89
	
	
	
	
	41
	189
	Reported

	Despotovic D et al. (2018)
	Non-LR
	
	
	
	Random Forests
	0.964
	
	
	19
	162
	Reported

	Eggebo TM et al. (2015)
	LR
	0.853
	0.678
	1
	
	
	
	
	20
	61
	Reported

	Elaveyni U et al. (2011)
	Non-LR
	
	
	
	Artificial Neural Network
	
	
	
	6
	50
	

	Fagerberg MC et al. (2015)
	LR
	0.74
	0.73
	0.74
	
	
	
	
	18485
	24736
	Reported

	Fergus P et al. (2013)
	Both
	0.94
	
	
	Decision Tree
	0.93
	
	
	38
	300
	Reported

	Fergus P et al. (2016)
	Non-LR
	
	
	
	Artificial Neural Network
	0.94
	
	
	38
	300
	Reported

	Fergus P et al. (2017)
	Non-LR
	
	
	
	Deep Neural Network
	0.8711
	
	
	46
	552
	Reported

	Fergus P et al. (2018)
	Non-LR
	
	
	
	Deep Neural Network
	0.9825
	
	
	632
	1527
	Reported

	Figueras F et al. (2015)
	Non-LR
	
	
	
	Decision Tree
	0.828
	0.751
	0.886
	134
	509
	Reported

	Fiset S et al. (2019)
	Non-LR
	
	
	
	Artificial Neural Network
	0.75
	0.67
	0.82
	61
	98
	Reported

	Gao C et al. (2019)
	Non-LR
	
	
	
	Deep Neural Network
	0.827
	0.813
	0.84
	134
	509
	Reported

	Garces MF et al. (2015)
	Non-LR
	
	
	
	Decision Tree
	0.73
	
	
	16
	53
	Reported

	Georgulas G, Karvelis P, Spilka J et al. (2017)
	Non-LR
	
	
	
	Support Vector Machine
	0.731
	
	
	44
	552
	Inferred

	Guo Z et al. (2020)
	LR
	0.804
	0.71
	0.899
	
	
	
	
	23
	115
	Reported

	Hamdi MA et al. (2019)
	Non-LR
	
	
	
	Artificial Neural Network
	0.945
	
	
	38
	300
	Inferred

	Harper LM et al. (2016)
	LR
	0.86
	
	
	
	
	
	
	63
	220
	Reported

	Hernandez-Gonzalez J et al. (2018)
	Non-LR
	
	
	
	Naïve Bayes
	
	
	
	45
	253
	

	Isakov O et al. (2019)
	Both
	967
	
	
	Decision Tree
	0.933
	0.863
	1
	162
	250
	Reported

	Isono W et al. (2011)
	LR
	0.734
	0.731
	0.737
	
	
	
	
	129
	392
	Reported

	Jhee JH et al. (2019)
	Non-LR
	
	
	
	Gradient Boosting
	0.924
	
	
	474
	10532
	Reported

	Kang J et al. (2020)
	LR
	0.922
	0.89
	0.95
	
	
	
	
	21
	287
	Reported

	Kawakita T et al. (2019)
	LR
	0.77
	0.71
	0.84
	
	
	
	
	76
	6301
	Reported

	Khan N et al. (2019)
	LR
	0.892
	0.884
	0.9
	
	
	
	
	4229
	45847
	Reported

	Koivu A et al. (2020)
	Both
	0.73
	0.71
	0.74
	Gradient Boosting
	0.75
	0.74
	0.77
	768
	1196568
	Reported

	Kok M et al. (2011)
	LR
	0.71
	0.66
	0.77
	
	
	
	
	122
	310
	Reported

	Kuhle S et al. (2018)
	Both
	0.771
	
	
	Artificial Neural Network
	0.722
	
	
	1245
	30705
	Reported

	Kumar SN et al. (2020)
	Both
	0.85
	
	
	Support Vector Machine
	0.81
	
	
	55
	175
	Reported

	Lafalla O et al. (2019)
	LR
	0.833
	
	
	
	
	
	
	222
	373
	Reported

	Lee JSE et al. (2018)
	LR
	0.89
	0.858
	0.923
	
	
	
	
	86
	10170
	Reported

	Lee KS et al. (2019)
	Both
	0.918
	
	
	Artificial Neural Network
	0.9115
	
	
	43
	596
	Reported

	Leonarduzzi R et al. (2015)
	Non-LR
	
	
	
	Support Vector Machine
	0.755
	0.746
	0.764
	37
	1288
	Reported

	Li H et al. (2017)
	Non-LR
	
	
	
	Artificial Neural Network
	0.87
	0.75
	0.98
	123
	366
	Reported

	Liu B et al. (2019)
	Both
	0.63
	
	
	Deep Neural Network
	0.67
	
	
	
	65276
	Reported

	Macones GA et al. (2001)
	Both
	0.77
	
	
	Artificial Neural Network
	0.53
	
	
	100
	400
	Reported

	Mardy AH et al. (2016)
	LR
	0.78
	0.74
	0.82
	
	
	
	
	303
	1295
	Reported

	Maroufizadeh S et al. (2018)
	Both
	0.75
	0.71
	0.79
	Artificial Neural Network
	0.8
	0.76
	0.84
	591
	2120
	Reported

	Mas-Cabo J et al. (2019)
	Non-LR
	
	
	
	Artificial Neural Network
	0.911
	0.862
	0.96
	38
	300
	Reported

	McCowan LM et al. (2013)
	LR
	0.69
	
	
	
	
	
	
	465
	633
	Reported

	McCowan LM et al. (2017)
	LR
	0.84
	0.78
	0.89
	
	
	
	
	465
	633
	Reported

	Mehta-Lee SS et al. (2017)
	LR
	0.647
	
	
	
	
	
	
	47654
	192110
	Reported

	Meijerink AM et al. (2016)
	LR
	0.67
	0.62
	0.72
	
	
	
	
	337
	1559
	Reported

	Meister MR et al. (2016)
	LR
	0.72
	
	
	
	
	
	
	3382
	5543
	Reported

	Mello G et al. (2001)
	Non-LR
	
	
	
	Artificial Neural Network
	0.952
	
	
	76
	303
	Reported

	Menon R et al. (2014)
	LR
	0.89
	
	
	
	
	
	
	
	40
	Reported

	Metz TD et al. (2013)
	LR
	0.7
	0.67
	0.74
	
	
	
	
	938
	1170
	Reported

	Milewski R et al. (2013)
	Non-LR
	
	
	
	Artificial Neural Network
	0.703
	0.676
	0.73
	
	
	Reported

	Milewski R et al. (2017)
	Non-LR
	
	
	
	Artificial Neural Network
	0.71
	0.59
	0.84
	
	
	Reported

	Mirroshandel SA et al. (2016)
	Non-LR
	
	
	
	Random Forests
	0.982
	
	
	90
	329
	Reported

	Morales DA et al. (2008)
	Non-LR
	
	
	
	Naïve Bayes
	0.594
	
	
	43
	61
	Inferred

	Murtoniemi K et al. (2018)
	LR
	0.66
	
	
	
	
	
	
	34
	257
	Reported

	Myers JE et al. (2013)
	LR
	0.85
	0.79
	0.92
	
	
	
	
	47
	235
	Reported

	Oates J et al. (2013)
	LR
	0.78
	
	
	
	
	
	
	65
	481
	Reported

	Paydar K et al. (2017)
	Non-LR
	
	
	
	Artificial Neural Network
	0.97
	
	
	46
	149
	Reported

	Payne BA et al. (2015)
	LR
	0.75
	0.71
	0.8
	
	
	
	
	110
	1688
	Reported

	Petrozzielo A et al. (2018)
	Non-LR
	
	
	
	Deep Neural Network
	0.68
	
	
	1470
	35429
	Reported

	Petrozzielo A et al. (2019)
	Non-LR
	
	
	
	Deep Neural Network
	0.76
	
	
	180
	4429
	Reported

	Pettersson G et al. (2010)
	LR
	0.65
	
	
	
	
	
	
	1106
	1462
	Reported

	Pettersson G et al. (2017)
	LR
	0.86
	0.8
	0.91
	
	
	
	
	70
	271
	Reported

	Qiu H et al. (2017)
	Non-LR
	
	
	
	Ensemble
	0.847
	
	
	613
	4378
	Reported

	Qiu K et al. (2019)
	Non-LR
	
	
	
	Gradient Boosting
	0.74
	0.72
	0.76
	2797
	7188
	Reported

	Ramanah R et al. (2018)
	LR
	0.75
	
	
	
	
	
	
	373
	1913
	Reported

	Reid S et al. (2015)
	LR
	0.96
	0.89
	1
	
	
	
	
	47
	189
	Reported

	Rinaudo P et al. (2012)
	LR
	0.87
	0.74
	1
	
	
	
	
	54
	108
	Reported

	Ryu A et al. (2019)
	LR
	0.902
	0.817
	0.986
	
	
	
	
	65
	140
	Reported

	Sadi-Ahmed N et al. (2017)
	Non-LR
	
	
	
	Support Vector Machine
	0.96
	
	
	15
	30
	Reported

	Saleem S et al. (2019)
	Non-LR
	
	
	
	Gradient Boosting
	0.98
	
	
	46
	552
	Reported

	Sananes N et al. (2013)
	LR
	0.693
	0.655
	0.731
	
	
	
	
	1188
	31834
	Reported

	Sandstrom A et al. (2019)
	LR
	0.67
	0.66
	0.68
	
	
	
	
	2773
	62562
	Reported

	Scheinhardt MO et al. (2018)
	LR
	0.8992
	0.824
	0.975
	
	
	
	
	30
	211
	Reported

	Shahbakhti M et al. (2019)
	Non-LR
	
	
	
	Support Vector Machine
	0.991
	
	
	38
	300
	Inferred

	Shi W et al. (2013)
	LR
	0.6934
	0.671
	0.716
	
	
	
	
	1133
	2313
	Reported

	Signorini MG et al. (2020)
	Non-LR
	
	
	
	Random Forests
	0.974
	0.946
	1
	60
	120
	Reported

	Sims CJ et al. (2000)
	Both
	0.93
	
	
	Decision Tree
	0.93
	
	
	3735
	22157
	Reported

	Sovio U et al. (2018)
	LR
	0.71
	
	
	
	
	
	
	569
	22157
	Reported

	Spilka J et al. (2015)
	Non-LR
	
	
	
	Support Vector Machine
	0.771
	0.766
	0.777
	37
	1288
	Reported

	Spilka J et al. (2017)
	Non-LR
	
	
	
	Support Vector Machine
	0.77
	
	
	37
	1288
	Reported

	Stamatopoulos N et al. (2015)
	LR
	0.816
	0.733
	0.898
	
	
	
	
	66
	862
	Reported

	Stott D et al. (2017)
	LR
	0.96
	0.86
	0.99
	
	
	
	
	37
	50
	Reported

	Stroux L et al. (2017)
	LR
	0.76
	
	
	
	
	
	
	1163
	2326
	Reported

	Sufriyana H et al. (2020)
	Non-LR
	
	
	
	Random Forests
	0.88
	0.88
	0.89
	145
	1322
	Reported

	Tessmer-Tuck JA et al. (2014)
	LR
	0.723
	0.68
	0.767
	
	
	
	
	143
	599
	Reported

	Theriault S et al. (2016)
	LR
	0.895
	0.858
	0.933
	
	
	
	
	264
	792
	Reported

	Timmerman E et al. (2010)
	LR
	0.79
	0.74
	0.83
	
	
	
	
	239
	445
	Reported

	Tran D et al. (2019)
	Non-LR
	
	
	
	Deep Neural Network
	0.93
	0.92
	0.94
	694
	8836
	Reported

	Troisi J et al. (2018)
	Non-LR
	
	
	
	Ensemble
	0.996
	0.988
	1
	70
	168
	Reported

	Tsur A et al. (2019)
	LR
	0.793
	0.752
	0.834
	
	
	
	
	31
	2584
	Reported

	Uyar A et al. (2010)
	Non-LR
	
	
	
	Naïve Bayes
	0.739
	0.703
	0.775
	2183
	2453
	Reported

	Uyar A et al. (2015)
	Non-LR
	
	
	
	Naïve Bayes
	0.754
	
	
	270
	2453
	Reported

	Valensise H et al. (2006)
	Non-LR
	
	
	
	Artificial Neural Network
	0.62
	0.52
	0.71
	42
	84
	Reported

	van Baaren GJ et al. (2015)
	LR
	0.95
	0.92
	0.97
	
	
	
	
	73
	600
	Reported

	van Calster B et al. (2009)
	LR
	0.989
	0.978
	0.995
	
	
	
	
	396
	856
	Reported

	van der Ham DP et al. (2014)
	LR
	0.71
	0.61
	0.82
	
	
	
	
	33
	970
	Reported

	van der Tuuk K et al. (2015)
	LR
	0.8
	0.75
	0.85
	
	
	
	
	126
	756
	Reported

	Verhoeven CJ et al. (2016)
	LR
	0.83
	0.8
	0.87
	
	
	
	
	309
	927
	Reported

	VerMilyea M et al. (2020)
	Non-LR
	
	
	
	Deep Neural Network
	0.66
	
	
	97
	193
	Reported

	Vieira MC et al. (2017)
	LR
	0.68
	0.65
	0.71
	
	
	
	
	505
	1409
	Reported

	Visentin S et al. (2017)
	LR
	0.8107
	0.758
	0.863
	
	
	
	
	73
	1381
	Reported

	Vogiatzi P et al. (2019)
	Non-LR
	
	
	
	Artificial Neural Network
	0.671
	
	
	92
	426
	Reported

	Wald M et al. (2005)
	Both
	0.575
	
	
	Artificial Neural Network
	0.783
	
	
	
	113
	Reported

	Wang C et al. (2016)
	LR
	0.717
	0.648
	0.77
	
	
	
	
	1062
	5265
	Reported

	Wang L et al. (2016)
	LR
	0.976
	
	
	
	
	
	
	
	61
	Reported

	Weber A et al. (2018)
	LR
	0.67
	0.67
	0.68
	
	
	
	
	1130
	54084
	Reported

	Xing YP et al. (2019)
	LR
	0.849
	0.78
	0.89
	
	
	
	
	52
	406
	Reported

	Xu H et al. (2019)
	LR
	0.923
	
	
	
	
	
	
	1389
	1650
	Reported

	Xu H et al. (2020)
	LR
	0.942
	
	
	
	
	
	
	78
	1703
	Reported

	Xu L et al. (2013)
	Non-LR
	
	
	
	Random Forests
	0.726
	
	
	255
	1214
	Inferred

	Yang H et al. (2015)
	LR
	0.72
	0.68
	0.76
	
	
	
	
	302
	612
	Reported

	Yang T et al. (2019)
	LR
	0.927
	
	
	
	
	
	
	290
	5581
	Reported

	Yu CH et al. (2018)
	LR
	0.79
	0.766
	0.813
	
	
	
	
	521
	1564
	Reported

	Zhao RF et al. (2019)
	LR
	0.744
	
	
	
	
	
	
	383
	6799
	Reported

	Zheng T et al. (2019)
	LR
	0.766
	0.731
	0.801
	
	
	
	
	612
	4771
	Reported

	Zwertbroek EF et al. (2017)
	LR
	0.76
	0.731
	0.807
	
	
	
	
	115
	519
	Reported


LR, logistic regression; AUROC, the area under curve of receiver operating characteristics; LB, lower bound of 95% confidence interval; UB, upper bound of 95% confidence interval.


[bookmark: _Toc49542507]Table S10. R code for meta-analysis.

	---
title: "Comparison of multivariable logistic regression and other machine learning algorithms for prognostic prediction studies in pregnancy care: systematic review and meta-analysis"
output: html_notebook
---

# Install and load packages

```{r Install packages}
install.packages("tidyverse")
install.packages("metafor")
```

```{r Load packages}
library(tidyverse)
library(metafor)
```

# Load meta-analysis data

Please download the dataset here: https://drive.google.com/file/d/1WTLAvp7WTSYZn0rB7ZvQ6w8VfgKbn9uK/view?usp=sharing

```{r Load meta_analysis.csv}
meta_analysis=read_csv('meta_analysis.csv')
```

```{r View meta_analysis dataframe}
meta_analysis
```

# Conduct random-effects modeling (REM)

```{r Run multiple REM by outcome and algorithm}
meta_analysis_results=

# Summarize data by outcome and algorithm
meta_analysis %>%
  select(c(1:5,10)) %>%
  group_by(Outcome,Algorithm) %>%
  summarise(k=n()) %>%
  left_join(
    group_by(.,Outcome) %>%
      summarise(n=sum(k)),
    by='Outcome'
  ) %>%
  arrange(desc(n),desc(k)) %>%


# For each pair of outcome and algorithm:
  
  ## Exclude studies as source of heterogeneity
  lapply(
    X=seq(nrow(.)),
    Y=.,
    Z=meta_analysis %>%
      filter(
        !(Study.y %in% c(
          'Theriault S et al. (2016)', # Because of outliers among LR in an outcome
          'Bastek JA et al. (2012)', # Because of different outcome definition
          'Menon R et al. (2014)', # Because of different outcome definition
          'van Baaren GJ et al. (2015)' # Because of different outcome definition
        )) &
        !(Study.x %in% c(
          'Fiset S et al. (2019)' # Because of outliers among the same non-LR in an outcome
        ))
      ),
    FUN=function(X,Y,Z){
    
  ## Conduct REM
      K=Z %>%
        filter(Outcome==Y$Outcome[X] & Algorithm==Y$Algorithm[X]) %>%
        rma(
          data=.,
          yi=dlogit_AUROC,
          sei=sd(dlogit_AUROC)/sqrt(nrow(.)),
          weights=sqrt(`Sample size.y`),
          weighted=TRUE
        ) %>%
        .[c(1,3,6,7,9,13,25,22)] %>%
        unlist()
  
  ## Retrieve/calculate information of SE, k, variance, tau-square, and 95% PI
      K=c(K,(K['se']*sqrt(K['k']))^2) %>% setNames(c(names(K),'sd2'))
      
      L=2.2622*sqrt(K['tau2']+K['sd2'])
      K=c(K,K['b']-L,K['b']+L) %>% setNames(c(names(K),'pi.lb','pi.ub'))
      
      K=c(Y$Outcome[X],Y$Algorithm[X],K) %>%
        matrix(nrow=1,byrow=TRUE,dimnames=list(NULL,c('outcome','algorithm',names(K)))) %>%
        data.frame(stringsAsFactors=FALSE) %>%
        mutate_at(colnames(.)[c(-1,-2)],as.numeric)
      K
    }
  ) %>%
  do.call(rbind,.) %>%

# Join with the ROB information
  left_join(
    meta_analysis %>%
      select(Outcome,Algorithm,Study.x,ROB.x) %>%
      unique() %>%
      group_by(Outcome,Algorithm) %>%
      summarise(
        Low=sum(ifelse(ROB.x=='+',1,0)),
        High=sum(ifelse(ROB.x=='-',1,0)),
        Unclear=sum(ifelse(ROB.x=='?',1,0))
      ) %>%
      ungroup() %>%
      mutate(ROB=ifelse(High>0,'High',ifelse(Unclear>0,'Unclear','Low'))) %>%
      select(-Low,-High,-Unclear) %>%
      setNames(str_to_lower(names(.))),
    by=c('outcome','algorithm')
  ) %>%

# Rename the algorithm for simplicity
  mutate(
    algorithm=
      ifelse(algorithm=='Decision Tree','DT vs.LR',
      ifelse(algorithm=='Random Forests','RF vs.LR',
      ifelse(algorithm=='Gradient Boosting','GB vs.LR',
      ifelse(algorithm=='Naïve Bayes','NB vs.LR',
      ifelse(algorithm=='Support Vector Machine','SVM vs.LR',
      ifelse(algorithm=='Artificial Neural Network','ANN vs.LR',
      ifelse(algorithm=='Deep Neural Network','DNN vs.LR',
      ifelse(algorithm=='Ensemble','Ens. vs.LR',NA))))))))
  )
```

```{r View meta-analysis results}
meta_analysis_results
```
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