	
		
Supplementary Figures and Tables
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Figure S1. Forest plot of sensitivity and specificity for a single set (train or validation set).
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Figure S2. Summary receiver operating characteristic (SROC) curve for sensitivity and specificity in a single set (train or validation set).
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Figure S3. Fagan plot in train (A) and validation (B) set.
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Figure S4. Fagan plot for a single set (train or validation set).
[image: ]
Figure S5. Deeks' funnel plot asymmetry test in train (A) and validation (B) set.
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Figure S6. Deek’s test for a single set (train or validation set).
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Figure S7. Forest plot of sensitivity and specificity in train (A) and calidation (B) set: sensitivity analysis of studies with high risk of bias exclusion.
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Figure S8. Forest plot of sensitivity and specificity for a single set (train or validation set): sensitivity analysis of studies with high risk of bias exclusion.
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Figure S9. Summary receiver-operating characteristic curve of the sensitivity and specificity in train (A) and validation (B)  set: sensitivity analysis after excluding studies with a high risk of bias. 
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Figure S10. Summary receiver-operating characteristic curve for a single set (train or validation set): sensitivity analysis after excluding studies with a high risk of bias.
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Figure S11. Fagan plot in train (A) and validation (B) set: sensitivity snalysis after excluding studies with a high risk of bias.
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Figure S12. Fagan plot for a single set (train or validation set): sensitivity analysis after excluding studies with a high risk of bias.
[image: ]
Figure S13. Deek’s test: sensitivity analysis: (A) train set and (B) validation Set.
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Figure S14. Deek’s test for a single set (train or validation set): sensitivity analysis.
Table S1. Literature search strategy
1. Pubmed
	Search Number
	Query

	#1
	"Parkinson Disease"[MeSH Terms]

	#2
	"Idiopathic Parkinson’s Disease"[Title/Abstract] OR "Lewy Body Parkinson s Disease"[Title/Abstract] OR "Parkinson s Disease Idiopathic"[Title/Abstract] OR "Parkinson s Disease Lewy Body"[Title/Abstract] OR "Parkinson Disease Idiopathic"[Title/Abstract] OR "Parkinson s Disease"[Title/Abstract] OR "Primary Parkinsonism"[Title/Abstract] OR "Paralysis Agitans"[Title/Abstract]

	#3
	"Machine Learning"[MeSH Terms]

	#4
	"Learning Machine"[Title/Abstract] OR "Transfer Learning"[Title/Abstract] OR "Learning Transfer"[Title/Abstract]

	#5
	"Cognitive Dysfunction"[MeSH Terms]

	#6
	"Cognitive dysfunctions"[Title/Abstract] OR "dysfunction Cognitive"[Title/Abstract] OR "Dysfunctions Cognitive"[Title/Abstract] OR "Cognitive Impairments"[Title/Abstract] OR "Cognitive Impairment"[Title/Abstract] OR "Impairment Cognitive"[Title/Abstract] OR "Impairments Cognitive"[Title/Abstract] OR "Cognitive Disorder"[Title/Abstract] OR "Cognitive Disorders"[Title/Abstract] OR "Disorder Cognitive"[Title/Abstract] OR "Disorders Cognitive"[Title/Abstract] OR "Mild Cognitive Impairment"[Title/Abstract] OR "Cognitive Impairment Mild"[Title/Abstract] OR "Cognitive Impairments Mild"[Title/Abstract] OR "Impairment mild Cognitive"[Title/Abstract] OR "Impairments mild Cognitive"[Title/Abstract] OR "Mild Cognitive Impairments"[Title/Abstract] OR "Cognitive decline"[Title/Abstract] OR "Cognitive Declines"[Title/Abstract] OR "Decline Cognitive"[Title/Abstract] OR "Declines Cognitive"[Title/Abstract] OR "Mental Deterioration"[Title/Abstract] OR "Deterioration Mental"[Title/Abstract] OR (("Deteriorate"[Title/Abstract] OR "Deteriorated"[Title/Abstract] OR "Deteriorates"[Title/Abstract] OR "Deteriorating"[Title/Abstract] OR "Deterioration"[Title/Abstract] OR "Deteriorations"[Title/Abstract] OR "Deteriorative"[Title/Abstract]) AND "Mental"[Title/Abstract]) OR "Mental Deteriorations"[Title/Abstract]

	#7
	#1 OR #2

	#8
	#3 OR #4

	#9
	#5 OR #6

	#10
	#7 AND #8 AND #9


2. Web of science
	Search Number
	Query

	#1
	TS= ((Parkinson's Disease) OR (Parkinson Disease) OR (Idiopathic Parkinson's Disease) OR (Parkinson's Disease, Idiopathic) OR (Primary Parkinsonism) OR (Parkinsonism, Primary) OR (Paralysis Agitans)) OR (Lewy Body Parkinson Disease)) OR (Lewy Body Parkinson's Disease) OR (Parkinson's Disease, Lewy Body))

	#2
	TS= ((Machine Learning)) OR TS= (Learning, Machine)) OR TS= (Learning, Transfer)) OR TS= (Learning, Machine))

	#3
	(((((((((((((((((((((((((TS=(Cognitive Dysfunction)) OR TS=(Cognitive Dysfunctions)) OR TS=(Dysfunction, Cognitive)) OR TS=(Dysfunctions, Cognitive)) OR TS=(Cognitive Impairments)) OR TS=(Cognitive Impairment)) OR TS=(Impairment, Cognitive)) OR TS=(Impairments, Cognitive)) OR TS=(Cognitive Disorder)) OR TS=(Cognitive Disorders)) OR TS=(Disorder, Cognitive)) OR TS=(Disorders, Cognitive)) OR TS=(Mild Cognitive Impairment)) OR TS=(Cognitive Impairment, Mild)) OR TS=(Cognitive Impairments, Mild)) OR TS=(Impairment, Mild Cognitive)) OR TS=(Impairments, Mild Cognitive)) OR TS=(Mild Cognitive Impairments)) OR TS=(Cognitive Decline)) OR TS=(Cognitive Declines)) OR TS=(Decline, Cognitive)) OR TS=(Declines, Cognitive)) OR TS=(Mental Deterioration)) OR TS=(Deterioration, Mental)) OR TS=(Deteriorations, Mental)) OR TS=(Mental Deteriorations) and Preprint Citation Index (Exclude – Database)

	#4
	#1 AND #2 AND 3


3. CoChrane
	Search Number
	Query

	#1
	MeSH descriptor: [Parkinson Disease] explode all trees

	#2
	(Lewy Body Parkinson Disease):ti,ab,kw OR (Paralysis Agitans):ti,ab,kw OR (Parkinson Disease, Idiopathic):ti,ab,kw OR (Parkinson's Disease, Idiopathic):ti,ab,kw OR (Idiopathic Parkinson's Disease):ti,ab,kw (Word variations have been searched)

	#3
	(Parkinson's Disease):ti,ab,kw OR (Primary Parkinsonism):ti,ab,kw OR (Idiopathic Parkinson Disease):ti,ab,kw OR (Parkinsonism, Primary):ti,ab,kw OR (Lewy Body Parkinson's Disease):ti,ab,kw (Word variations have been searched)

	#4
	#1 OR #2 OR #3

	#5
	MeSH descriptor: [Machine Learning] explode all trees

	#6
	(Learning, Machine):ti,ab,kw OR (Learning, Transfer):ti,ab,kw OR (Transfer Learning):ti,ab,kw

	#7
	#5 OR #6

	#8
	MeSH descriptor: [Cognitive Dysfunction] explode all trees

	#9
	(Mental Deterioration):ti,ab,kw OR (Cognitive Decline):ti,ab,kw OR (Declines, Cognitive):ti,ab,kw OR (Decline, Cognitive):ti,ab,kw OR (Mental Deteriorations):ti,ab,kw OR (Deterioration, Mental):ti,ab,kw  OR (Deteriorations, Mental):ti,ab,kw  OR (Cognitive Declines):ti,ab,kw  OR (Disorder, Cognitive):ti,ab,kw   OR (Dysfunction, Cognitive):ti,ab,kw OR (Cognitive Disorder):ti,ab,kw

	#10
	#8 OR #9

	#11
	#4 AND #7 AND #10


4. Embase
	Search Number
	Query

	#1
	'Parkinson Disease'/ exp

	#2
	'Idiopathic Parkinsonism'/exp OR 'Idiopathic Parkinsonism' OR 'Lewy Bodies of Parkinson Disease'/exp OR 'Lewy Bodies of Parkinson Disease' OR 'Lewy Bodies of Parkinson`s Disease'/exp OR 'Lewy Bodies of Parkinson`s disease' OR 'Lewy Bodies  of Parkinsons Disease'/exp OR 'Lewy Bodies  of Parkinsons Disease' OR 'Lewy Body Parkinson Disease'/exp OR 'Lewy body Parkinson Disease' OR 'Lewy body Parkinson`s Disease'/exp OR 'Lewy body Parkinson`s Disease' OR 'Lewy body Parkinsons Disease'/exp OR 'Lewy Body Parkinsons Disease' OR 'Paralysis Agitans'/exp OR 'Paralysis Agitans' OR 'Parkinson Dementia Complex'/exp OR 'Parkinson Dementia Complex' OR 'Parkinson`s Disease'/exp OR 'Parkinson`s Disease' OR 'Parkinsons Disease'/exp OR 'Parkinsons Disease' OR 'Primary Parkinsonism'/exp OR 'Primary Parkinsonism' OR 'Parkinson Disease'/exp OR 'Parkinson Disease'

	#3
	#1 OR #2

	#4
	'Machine Learning'/exp

	#5
	'Learning Machine'/exp OR 'Learning Machine' OR 'Learning Machines'/exp OR 'Learning Machines' OR 'Machine Learning'/exp OR 'Machine Learning'

	#6
	#4 OR #5

	#7
	'Cognitive defect'/exp

	#8
	'Cognition Disorder'/exp OR 'Cognition Disorder' OR 'Cognition Disorders'/exp OR 'Cognition Disorders' OR 'Cognitive Defects'/exp OR 'Cognitive Defects' OR 'Cognitive Deficit'/exp OR 'Cognitive Deficit' OR 'Cognitive Disability'/exp OR 'Cognitive Disability' OR 'Cognitive Disorder'/exp OR 'Cognitive Disorder' OR 'Cognitive Disorders'/exp OR 'Cognitive Disorders' OR 'Cognitive Dysfunction'/exp OR 'Cognitive Dysfunction' OR 'Cognitive Impairment'/exp OR 'Cognitive Impairment' OR 'Delirium, Dementia, Amnestic, Cognitive Disorders'/exp OR 'Delirium, Dementia, Amnestic, Cognitive Disorders' OR 'Overinclusion'/exp OR 'Overinclusion' OR 'Response Interference'/exp OR 'Response Interference' OR 'Cognitive Defect'/exp OR 'Cognitive Defect'

	#9
	#7 OR #8

	#10
	#3 AND #6 AND #9


Table S2. Characteristics of the included literature
	[bookmark: _Hlk162270085]Authors
	Patient origin
	Validation
	HC
	PD
	Machine Learning
	Predictors
	Final model included predictors

	Abos, A [1]
2017
	Single center
	External
	38
	95
	SVM, LR
	Neuroimaging features
	Brain connection-wise patterns of 
 connectivity

	Almgren, H [2] 
2023
	PPMI
	Internal
	0
	213
	SVR
	Demographic, clinical, and biofluid markers 
	Age, gender, MoCA, GDS scores, STAI total scores, p-tau, t-tau, Aβ 

	Amboni, M [3]
2022
	Single center
	Internal
	0
	75
	J48, RF, ADA-B, KNN, SVM
	Demographic, clinical, and neuroimaging features
	model 1: age, psychiatric symptoms, depression, anxiety, apathy, sleep problems, FOG; 
model 2A: PET imaging data; model 2B: PET imaging data+ model 1

	Andersson, S [4]
2021
	Single center 
	Internal
	145
	347
	MLCLMM
	Demographic, clinical, genetic, neuroimaging, and biofluid markers
	Age, gender, education; UPDRS, MoCA, RBD, GDS, ApoE4, p-tau, t-tau, Aβ, α-syn, DAT density

	Betrouni, N [5]
2019
	Multi-center
	Internal
	0
	118
	SVM, KNN
	Demographic, and QEEG features
	Age, gender, education, and peak frequency

	Booth, S [6]
2022
	Multi-center
	External
	18
	76
	SVM
	Neuroimaging features
	Glucose metabolism scanned by FDG-PET

	Byeon, H [7] 
2017
	Multi-center
	Internal
	35
	26
	RF, LR, NB
	Clinical features
	SLVT, RCFT, K-CWST, TMT, and COWAT

	Byeon, H [8]
2020

	Multi-center
	Internal
	0
	110
	LR, CART, RF
	Clinical features
	RBD, sleep disorders, K-MMSE, K-MoCA, GDS, CDR, K-IADL

	Byeon, H [9]
2020
	Multi-center
	Internal
	0
	342
	RF, NB
	Clinical features
	K-MMSE, K-MoCA, CDR, UPDRS, K-IADL

	Byeon, H [10]
2020
	Multi-center
	Internal
	0
	96
	RF, LR, DT
	Clinical features
	CDR, UPDRS, K-MMSE, K-MoCA

	Byeon, H [11] 
2021
	Multi-center
	Internal
	320
	48
	Boosting, RF, Bagging trees,
	Clinical features
	CSOA

	Byeon, H [12]
2021
	Multi-center
	Internal
	0
	328
	Eps-SVR, Nu-SVR with four kernel functions (RBF, linear, polynomial, sigmoid)
	Demographic, and clinical features
	Age, age at diagnosis of PD, education level, family history of PD, pack year, coffee drinker, K-IADL, UPDRS, tremor, postural instability, atrial fibrillation, RBD, and depression

	Cengiz, S [13]
2022
	Single center
	Internal
	16
	60
	KNN, SVM, Bagging trees
	Neuroimaging features
	Metabolic parameters and neuropsychological test scores were tested by 1H-MRSI

	Chaturvedi, M[14]
2019
	Single center
	Internal
	0
	70
	RF
	QEEG features
	Frequency, PLI, frequency, and PLI

	Chen, BY [15]
2023
	Single center
	Internal
	0
	120
	DT, RF, XGBoost
	Neuroimaging features
	Intra- and/or intervoxel metrics extracted from DTI 

	Chen, FZ [16]
2021
	Multi-center
	Internal
	0
	120
	Cox Regression
	Clinical, neuroimaging, biofluid markers, and genetic variants
	UPSIT score, DAT density, p-tau and α-syn, DDRGK1 rs55785911

	Chen, PH [17]
2022
	Single center
	Internal
	0
	42
	SVM-PCA
	Clinical features, and biofluid markers
	model 1: H-Y stage, IADL, Barthel index, UPDRS 
model 2: model 1 + verbal fluency, digits forwards and backwards, TMT-B, α-syn, Aβ42, t-tau

	Garcia, AM [18]
2021
	Single center
	Internal
	40
	40
	SVM
	Clinical features
	Prosodic, articulatory, and phonemic identifiability features.

	Geraedts, VJ[19]
2021
	Single center
	Internal
	0
	112
	RF
	QEEG features
	EEG spectral characteristics, peak frequency

	Harvey, J [20] 
2022
	PPMI
	Internal
	0
	401
	Forest, SVM, Elastic Net, RF
	Demographics, clinical, genetic, and biofluid markers
	Gender, age of onset, education, duration of disease, family history of PD, MDS-UPDRS, rigidity score, H-Y stage, Aβ, p-tau, t-tau, α-syn, rs1241121663, rs35618164, rs391010565, GBA mutation status

	Hogue, O [21]
2018
	PPMI
	Internal
	0
	351
	LR
	Demographic, and clinical features
	Education, verbal memory retention, right-sided bradykinesia, subjective report of cognitive impairment, and RBD

	Huang, XF [22]
2024
	PPMI
	Internal
	0
	90
	LDA, SVM, KNN, NB
	Demographic, clinical, and neuroimaging features
	Age, UPDRS, the mean FL in different brain regions

	Jeon, J [23]
2022
	PPMI
	Internal
	0
	397
	LR, SVM, RF
	Demographic, and clinical features
	Age, gender, years of education, handedness, duration of PD diagnosis, MoCA, SGD

	Kawabata, K [24]
2018
	PPMI
	Internal
	24
	72
	ICA
	Clinical, and neuroimaging features
	resting‑state network, Mean regional FC values, ACE-R

	Kibtia, H [25] 
2020
	PPMI
	Internal
	0
	165
	SVM, RF
	Clinical, neuroimaging, and biofluid markers
	Age at onset, p-tau, α-syn, t- tau, mean putamen

	Lin, H [26]
2021
	Single center, PPMI
	Internal
	48
	131
	RF
	Neuroimaging features
	SFG-STN SC, STG-IPL SC, hippocampus-thalamus SC, SFG-insula FC, IFG-PrG FC, PrG-insula FC, STG-precuneus FC, PhG-PoG FC, PoG-insula FC

	Liu, GQ [27]
2017
	Multi-center
	External
	0
	2,482
	Cox regression 
	Demographic, clinical, and genetic features
	GBA mutation status, age at onset, gender, years of education, MMSE, UPDRS, H-Y stage, and depression

	Morales, A[28] 2013
	Single center, PPMI
	Internal
	0
	45
	NB, FSNB, CFS, SVM
	Neuroimaging features
	volumes of subcortical structure, cortical parcellation

	Nguyen, AA [29] 2020
	PPMI
	Internal
	42
	116
	autoencoder neural network
	Neuroimaging features
	deformation-based morphometry values

	Ortelli, P [30] 
2022
	single center
	Internal
	0
	400
	QDA
	Clinical features
	CoMDA

	Ostertag, C [31] 2023
	ANDI and PPMI
	External
	200
	400
	Deep neural network
	Clinical, and neuroimaging features
	Multimodal3DSiameseNet

	Ramezani, M [32] 2021
	Single center
	Internal
	0
	101
	SVR
	Clinical, neuroimaging, features, and genetic features
	Gender, education, UPDRS, Cortical thickness, right parahippocampal cortex, and right caudate volume, rs994280

	Salmanpour, M [33] 2019
	PPMI
	External
	158
	492
	LOLIMOT, RBF, MLp-BP, LASSOLAR, RF, RNN, BRR, DT, PAR, thiel-sen Regression
	Demographic, and clinical features
	93 features including age, gender, family history, UPDRS score, UPSIT

	Shin, NY [34] 
2021
	Single center 
	External
	0
	141
	RF, SVM*LASSO
	Clinical, and neuroimaging features
	Cortical thickness

	Tang, C [35]
2021
	PPMI
	Internal
	0
	108
	LASSO, COX
	Clinical features
	MoCA, SDMT, LNS, HVLT immediate recall, HVLT delayed recall, HVLT recognition hits, UPDRS total, RBDSQ, and rad-score

	Yu ZY [36] 
2023
	Single center 
	Internal
	30
	70
	SVM
	Neuroimaging features
	6 major association fiber tracts, one major commissural fiber tract; and one major projection fiber tract

	Zhang, J [37]
2020
	Single center 
	Internal
	20
	93
	SVM
	Neuroimaging, and QEEG features
	Based on SBM abstracting QEGG and imaging features

	Zhang, J [38]
2021
	Single center
	Internal
	0
	71
	SVM
	Neuroimaging, and QEEG features
	Cortical thickness, volume and mean curvature characteristics


Note: PD, Parkinson’s disease; HC, healthy controls; SVM, support vector machine; LR, logistic regression; SVR, support vector regression; RF, random forest; KNN, k-nearest neighbor; ADA-B, Ada boost; MLCLMM, multivariate latent class linear mixed model; NB, naïve Bayes; CART, Classification and Regression Tree; DT, decision tree; LASSO, least absolute shrinkage and selection operator; XGBoost, eXtreme Gradient Boosting; PCA, principal component analysis; LDA, Latent Dirichlet Allocation;  ICA, Independent Component Analysis; Cox, cox proportional-hazards model; FSNB, feature selection naïve Bayes; CFS, correlation-based feature selection; LASSOLAR, least absolute shrinkage and selection operator least angle regression; RNN, recurrent neural networks; BRR, binary neural networks; QDA, quadratic discriminant analysis; MoCA, Montreal Cognitive Assessment; GDS, Geriatric Depression Scale; MMSE, mini-mental state examination; STAI, State-trait anxiety inventory; p-tau, phosphorylated tau; Aβ,  amyloid beta; FOG, freezing of gait; PET, Positron Emission Computed Tomography; UPDRS, Unified Parkinson’s Disease Rating Scale; RBD, REM (rapid eyes movement) behavior disorder; DTA, dopamine transporter; QEEG, quantitative electroencephalography; FDG-PET, brain fluorodeoxyglucose-PET; SLVT, Seoul verbal learning test; RCFT, Rey complex figure test; K-CWST, Korean color word Stroop test; COWAT, controlled oral word association test; K-MMSE, Korean-mini-mental state examination; K-MoCA, Korean-Montreal Cognitive Assessment; CDR, Clinical Dementia Rating; K-IADL, Korean-instrumental activity of daily living; CSOA, cognition scale for olde adults; BF, radial basis function; PLI, phase lag index; DTI ,diffusion tensor image; UPSIT, University of Pennsylvania Smell Identification Test; CSF, cerebrospinal fluid; TMT, trail making test; FL, fiber length; SGD , The Strengths and Difficulties Questionnaire; FC, fiber cross-section; ACE-R, Addenbrooke’ s cognitive examination-revised; H-Y stage, Hoehn & Yahr stage; RVLT, Rey's Auditory Verbal Learning Test; SFG, superior frontal gyrus; STG, superior temporal gyrus; IPL, inferior parietal lobule; IFG, inferior frontal gyrus; PrG, precentral gyrus; PhG, parahippocampal gyrus; PoG, postcentral gyrus; HVLT, Hopkins Verbal Learning Test; SDMT, Symbol Digit Modalities Test; LNS, Letter-Number Sequencing; ADNI, Alzheimer's Disease Neuroimaging Initiative; PPMI, Parkinson's Disease Progression Markers Initiative; ROI, region of interest; CoMDA, cognition in movement disorders assessment.
Table S3. Risk of bias status of each included article.
	Authors
	Patient selection
	Index test
	Reference standard
	Flow and timing
	Data management
	Total

	Abos, A [1]
2017
	low
	low
	low
	low
	low
	low

	Almgren, H [2]
2023
	low
	unclear
	unclear
	low
	low
	unclear

	Amboni, M [3]
2022
	low
	low
	low
	low
	low
	low

	Andersson, S [4]
2021
	low
	unclear
	unclear
	low
	low
	unclear

	Betrouni, N [5]
2019
	low
	unclear
	high
	low
	low
	high

	Booth, S [6]
2022
	low
	low
	low
	low
	low
	low

	Byeon, H [7]
2017
	low
	low
	high
	low
	low
	high

	Byeon, H [8]
2020

	low
	low
	low
	low
	low
	low

	Byeon, H [9]
2020
	unclear
	low
	low
	low
	low
	unclear

	Byeon, H [10]
2020
	low
	low
	unclear
	low
	low
	unclear

	Byeon, H [11]
2021
	high
	low
	high
	low
	low
	high

	Byeon, H [12]
2021
	unclear
	low
	high
	low
	low
	high

	Cengiz, S [13]
2022
	low
	low
	low
	low
	low
	low

	Chaturvedi, M[14]
2019
	low
	low
	low
	low
	low
	low

	Chen, BY [15]
2023
	low
	low
	low
	low
	low
	low

	Chen, FZ [16]
2021
	low
	low
	unclear
	low
	low
	unclear

	Chen, PH [17]
2022
	low
	low
	high
	low
	low
	high

	Garcia, AM [18]
2021
	high
	low
	high
	low
	low
	high

	Geraedts, VJ[19]
2021
	low
	low
	high
	low
	low
	high

	Harvey, J [20]
2022
	low
	low
	unclear
	low
	low
	unclear

	Hogue, O [21]
2018
	low
	low
	high
	low
	low
	high

	Huang, XF [22]
2024
	low
	low
	low
	low
	low
	low

	Jeon, J [23]
2022
	low
	low
	low
	low
	low
	low

	Kawabata, K [24]
2018
	low
	low
	high
	high
	low
	high

	Kibtia, H [25]
2020
	low
	low
	high
	low
	low
	high

	Lin, H [26]
2021
	low
	low
	low
	low
	low
	low

	Liu, GQ [27]
2017
	unclear
	low
	low
	low
	low
	unclear

	Morales, A[28]
2013
	low
	low
	high
	low
	low
	high

	Nguyen, AA [29]
2020
	low
	low
	high
	low
	low
	high

	Ortelli, P [30]
2022
	unclear
	low
	high
	low
	low
	high

	Ostertag, C [31]
2023
	low
	low
	high
	low
	low
	high

	Ramezani, M [32]
2021
	high
	low
	high
	low
	low
	high

	Salmanpour, M [33]
2019
	unclear
	high
	high
	low
	low
	high

	Shin, NY [34]
2021
	low
	low
	unclear
	low
	low
	unclear

	Tang, C [35]
2021
	low
	low
	high
	low
	low
	high

	Yu ZY [36]
2023
	unclear
	low
	low
	low
	low
	unclear

	Zhang, J [37]
2020
	low
	low
	low
	low
	low
	low

	Zhang, J [38]
2021
	high
	low
	low
	low
	low
	high
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