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Figure S1. Precision and F1-score of four different machine learning algorithms in the train and test dataset of KYRBS among AR patients and area under the precision recall curve on random forest model. AUPRC, area under the precision recall curve; CI, confidence interval; KYRBS, Korea Youth Risk Behavior Web-based Survey.
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Figure S2. SHAP value on random forest model
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Figure S3. Deployed web-based application to provide suicidal attempts prediction among adolescents: a user's web interface to enter information and the prediction results with the probability of suicidal attempts. 
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Table S1. Transparent reporting of a multivariable prediction model for individual prognosis or diagnosis (TRIPOD) statement
*Items relevant only to the development of a prediction model are denoted by D, items relating solely to a validation of a prediction model are denoted by V, and items relating to both are denoted D;V.  We recommend using the TRIPOD Checklist in conjunction with the TRIPOD Explanation and Elaboration
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