Table S1. Comparison with previous work.
	Authors
	Corpus (N)
	Language
	Precision
	Recall
	F1
	Notes

	[bookmark: ZOTERO_BREF_8r4KIGteeboO]Grouin et al.
(2013) [1]
	Cardiology set
(62)
	FR
	94.8b
	89.4b
	92.1b
	Medina-CFR

	
	
	
	89.1b
	86.5b
	87.8b
	Medina-RB

	
	Foetopathology set
(10)
	
	75.4b
	58.5b
	65.9b
	Medina-CFR

	
	
	
	72.0b
	72.6b
	72.3b
	Medina-RB

	[bookmark: ZOTERO_BREF_gLeRygLvJX3t]Chazar et al.
(2014) [2]
	French discharge
letters (508)
	FR
	79.6
	98.1
	87.9
	Pattern matching. Use a list of authorized words

	[bookmark: ZOTERO_BREF_B9gmPSFc5o06]Catelli et al.
(2020) [3]

	SIRM (50)
	IT
	-
	-
	85.61
	Bert-base (IT) cased

	
	
	IT
	-
	-
	94.49
	mBERT Cased

	
	
	IT
	-
	-
	83.17 

	Bi-LSTM-CRF : BPEemb (IT) + Fair (IT)

	
	
	EN|IT

	-
	-
	86.19
	Bi-LSTM-CRF : Multi-BPEemb + Fair multi fast

	[bookmark: ZOTERO_BREF_U8Vv4S40R7pm]Berg et al. (2020) [4]

	neurology clinical
unit (-)

	SW
	96.07c.
	92.82c
	94.4c
	token binary evaluation optimized for F1 model

	[bookmark: ZOTERO_BREF_ZWpBkLsEmBnB]Ahmed et al.
(2020) [5]

	i2b2 (1304)
	EN
	98.74
	95.85
	97.28
	GRU

	
	
	
	99.01
	95.12
	97.08
	GRU-GRU

	
	
	
	98.74
	95.27
	96.98
	LSTM-GRU

	
	
	
	98.03
	98.41
	98.22
	Self-attention

	
	MIMIC-II (486)
	EN
	81.82
	66.23
	73.21
	GRU

	
	
	
	80.00
	71.00
	75.23
	GRU-GRU

	
	
	
	85.14
	68.18
	75.72
	LSTM-GRU

	
	
	
	89.20
	82.90
	85.90
	Self-attention

	
	MIMIC-III (891)
	EN
	99.94
	100
	99.97
	GRU

	
	
	
	99.93
	99.99
	99.96
	GRU-GRU

	
	
	
	99.94
	99.99
	99.96
	LSTM-GRU

	
	
	
	99.95
	98.78
	99.36
	Self-attention

	[bookmark: ZOTERO_BREF_GXfM4qXJK2jT]Syed et al. (2022)
[6]

	i2b2 (-)
	EN
	94.89
	95.96
	93.84
	Input Embeddings+Bi-LSTM+CRF

	
	CoNLL-2003 (-)
	
	92.99
	93.50
	93.25
	

	
	internal corpus
(100)

	
	93.86
	93.37
	94.31
	without mixed domain pre-training

	
	
	
	96.23 

	94.51
	95.36
	with mixed domain pre-training

	[bookmark: ZOTERO_BREF_ThgPlitLOFmo]Meaney et
al.(2022) [7]

	2014-i2b2 (486)
	EN
	96.69 

	96.81
	96.75
	Roberta-Large

	
	
	
	96.62
	96.27
	96.44
	Albert-XXLarge fine-tuned

	
	
	
	95.10
	95.33
	95.22
	Roberta-Base fine-tuned

	
	
	
	95.53
	95.34
	95.43
	Bert-Large fine-tuned

	
	
	
	93.87
	93.85
	93.86
	Albert-Base fine-tuned

	
	
	
	93.80
	94.40
	94.10
	Bert-Base fine-tuned

	[bookmark: ZOTERO_BREF_9oBgoMSnU8T4]Tchouka et al.
(2022) [8]

	HNFC (375) 

	FR.
	94.6a
	94.9a
	94.7a
	NER hybrid system

	[bookmark: ZOTERO_BREF_j3zL6vKBHflQ]Liu Z. et al.
(2023) [9]

	2014-i2b2 (50)
	EN
	-
	-
	-
	Accuracy 0.99 Explicit prompt GPT-4

	
	
	
	-
	-
	-
	Accuracy 0.929 Explicit prompt ChatGPT

	[bookmark: ZOTERO_BREF_boNCxUGfPMpI]Liu L. et al.
(2023) [10]

	2014-i2b2 (-)
	EN
	98.92a,c
	97.66a,c
	98.29a,c
	BiLSTM-CRF (RoBERTA).

	
	CardiacAI (40)
	
	95.19a,c
	93.47a,c
	94.32a,c
	BiLSTM-CRF (RoBERTA).

	
	CardiacAI (60)
	
	94.87a,c
	95.26a,c
	95.07a,c
	BiLSTM-CRF (RoBERTA).

	[bookmark: ZOTERO_BREF_fA4XUkwuTg0w]Liu J. et al.
(2023) [11]

	OpenDeid (700)
	EN 

	95.58a,b
	92.42a,b
	93.97a,b
	fine-tuned BioBERT

	
	
	
	95.82a,b
	91.98a,b
	93.86a,b
	fine-tuned Clinical BioBERT

	
	
	
	95.87a,b
	92.22a,b
	94.01a,b
	fine-tuned Discharge Summary BioBERT

	
	
	
	97.84a,b
	95.92a,b
	96.87a,b
	fine-tuned Discharge Summary BioBERT + cascading rules

	
	
	
	95.59a,b
	89.35a,b
	92.37a
	LSTM GloVe+PMC+word2vec-OpenDeID corpus word embeddings.


	Our Model 

	French nursing
notes (3000)

	FR
	97.32
	96.30
	96.73
	fine-tuned Mistral 7B model with LoRA
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