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Abstract

Background: As artificial intelligence (AI) permeates the current society, the young generation is becoming increasingly
accustomed to using digital solutions. AI-based medication counseling services may help people take medications more accurately
and reduce adverse events. However, it is not known which AI-based medication counseling service will be preferred by young
people.

Objective: This study aims to assess young people’s preferences for AI-based medication counseling services.

Methods: A discrete choice experiment (DCE) approach was the main analysis method applied in this study, involving 6
attributes: granularity, linguistic comprehensibility, symptom-specific results, access platforms, content model, and costs. The
participants in this study were screened and recruited through web-based registration and investigator visits, and the questionnaire
was filled out online, with the questionnaire platform provided by Questionnaire Star. The sample population in this study consisted
of young adults aged 18-44 years. A mixed logit model was used to estimate attribute preference coefficients and to estimate the
willingness to pay (WTP) and relative importance (RI) scores. Subgroups were also analyzed to check for heterogeneity in
preferences.

Results: In this analysis, 340 participants were included, generating 8160 DCE observations. Participants exhibited a strong
preference for receiving 100% symptom-specific results (β=3.18, 95% CI 2.54-3.81; P<.001), and the RI of the attributes
(RI=36.99%) was consistent with this. Next, they showed preference for the content model of the video (β=0.86, 95% CI 0.51-1.22;
P<.001), easy-to-understand language (β=0.81, 95% CI 0.46-1.16; P<.001), and when considering the granularity, refined content
was preferred over general information (β=0.51, 95% CI 0.21-0.8; P<.001). Finally, participants exhibited a notable preference
for accessing information through WeChat applets rather than websites (β=0.66, 95% CI 0.27-1.05; P<.001). The WTP for
AI-based medication counseling services ranked from the highest to the lowest for symptom-specific results, easy-to-understand
language, video content, WeChat applet platform, and refined medication counseling. Among these, the WTP for 100%
symptom-specific results was the highest (¥24.01, 95% CI 20.16-28.77; US $1=¥7.09). High-income participants exhibited
significantly higher WTP for highly accurate results (¥45.32) compared to low-income participants (¥20.65). Similarly, participants
with higher education levels showed greater preferences for easy-to-understand language (¥5.93) and video content (¥12.53).
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Conclusions: We conducted an in-depth investigation of the preference of young people for AI-based medication counseling
services. Service providers should pay attention to symptom-specific results, support more convenient access platforms, and
optimize the language description, content models that add multiple digital media interactions, and more refined medication
counseling to develop AI-based medication counseling services.

(J Med Internet Res 2025;27:e67744) doi: 10.2196/67744
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Introduction

Artificial intelligence (AI) is revolutionizing health care by
improving the quality of care and facilitating personalized
patient engagement. Tools such as virtual assistant chatbots and
wearable devices provide real-time support and continuous
health monitoring, leading to improved patient outcomes [1-5].
According to the Microsoft-International Data Corporation
study in March 2024 [6], 79% of the health care organizations
were using AI technology. Research demonstrates that
integrating AI with clinicians significantly boosts diagnostic
efficiency and accuracy [7], and AI-driven voice or video
assistance has proven effective in patient education [8]. In
addition, AI helps simplify medical materials, making them
easier to understand [9,10], and holds promise for detecting
emotional cues in patient interactions, which can enhance
communication [11]. These advancements not only streamline
health care processes and reduce errors but also contribute to
better patient care and have the potential to drive public health
improvements and economic growth.

The combination of AI in health consulting has proven to be
highly effective. AI can formulate personalized consultations
by addressing users’problems more precisely through intelligent
triage and multi-round interactions. Additionally, AI aids doctors
in diagnosis and treatment, while assisting patients in managing
their health via deep learning and big data analytics [12,13]. AI
health consulting services also offer 24/7 availability, supporting
various interaction methods such as voice, video, and text,
allowing users to benefit from an efficient, intuitive, and
enriched service experience. Notable successes include the
AI-based breast screening system developed by Google Health
and KDDI X-Doctor system [12]. However, limitations have
been identified, including concerns about the lack of empathy
and interpersonal connection in AI consultations [14]. The
Bloomberg Daily Labor Report reports on US health care
providers’ use of AI tools to ease administrative burdens and
staffing shortages and on risks violating health privacy laws.
In addition, studies have shown that AI generates false reports
for conceivable diseases, raising concerns about AI dependency
and the accuracy of AI-generated results [15,16]. These
considerations underscore the importance of understanding user
perceptions in AI-assisted health care interventions.

AI-based medication counseling is based on the success of
telepharmacy [17,18]. It is a specialized application that uses
advanced algorithms to provide personalized guidance for
medication management [19,20]. This approach develops an
optimized treatment plan by analyzing the patient’s medical
history and risk factors. The AI system provides tailored advice

on medication use, potential side effects, and drug interactions,
ultimately improving patient medication safety and adherence.
Web-based counseling has also gained widespread adoption
during the COVID-19 period. This suggests that the combination
of AI and medication counseling has considerable potential and
reliability [21-24].

There is still a gap in the application of AI-based medication
counseling services in China, and there is a lack of research on
how user preferences affect the effectiveness and acceptance
of these systems. In China, the 5 main applications of AI in the
health care industry are in medical imaging, assisted diagnosis,
drug development, health management, and disease prediction
[13]. Although AI technology has made great progress in the
medical field [25], the algorithms and models still need to be
further improved. AI-based medication counseling services are
in their infancy in China, with low market acceptance, and some
patients and doctors have insufficient trust in AI, which prevents
the service from being widely promoted in the short term [26].
Studies outside China on the preferences of the youth population
for health counseling in health care [27,28] have shown that
information technology has great potential in helping youth
with the management of their personal health. Medication
adherence in young individuals cannot be improved by education
alone. Increasing the number of behavioral components (eg,
monitoring and goal setting, rewards, problem solving, linking
medication taking to established procedures) may produce better
results. Therefore, we started with established procedures to
find out the preferred usage patterns of young people and to fill
any gap. Solving these problems is crucial for promoting the
combination and popularization of AI and medication counseling
in China, and to solve these problems, we aimed to perform a
survey among young people. In terms of the generalizability of
integrating AI with medication counseling services, young
people are the mainstay of adopting new digital health care tools
and technologies, and their enthusiasm for technology makes
them early adopters of digital health care solutions [29,30].
Most young people are highly receptive to AI and have
experience using AI to assist in problem solving. In addition,
this age group faces unique challenges, including employment
pressures, continuing education, and limited free time.
Counseling services that are available anytime, anywhere, and
24/7 for the young population not only saves time, but also has
the potential to increase the frequency of medication-related
health counseling, improve medication knowledge among the
young population [31,32], and avoid the potential harm caused
by adverse reactions and unregulated use of medications [33-36].

Additionally, patient preferences are critical, as the success of
an AI-based medication counseling service depends on how
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well it matches the patient’s preferred approach, communication
style, and information delivery method. Young people’s
willingness to use digital health services can be affected by
certain factors: first, privacy breaches and data insecurity, which
are the main concerns of users, and second, poor services
provided by digital health care, which may also reduce their
willingness to use [37-39]. Given young people’s reliance on
digital tools, it is likely that their acceptance of AI solutions
will be significantly improved if the solutions match their
preferences and needs. Understanding their specific preferences
and behaviors is therefore critical to tailoring effective and
engaging health interventions for this tech-savvy group. Our
study aims to explore the preferences of young Chinese people
for an AI-based medication counseling service through a discrete
choice experiment (DCE) to accelerate the use and
popularization of this service in China and to improve patient
safety and adherence to medications.

Methods

Ethics Approval
The study was approved by the ethics committee of Dongying
People’s Hospital (DYYX-2023-168). Information about this
study was explained to the participants before the start of the
study, and consent was obtained and signed online by each
participant for informed consent. Participants completed a
web-based questionnaire. Data were anonymized. Participants
who completed the experiment were compensated with gifts of
approximately ¥5 (US $1 = ¥7.09).

DCEs
In this study, we used a DCE to quantify the preferences of a
youth population for attributes of an AI-based medication
counseling service. DCEs are a widely used technique in health
economics [40-43]. DCEs are attribute-based benefit measures
that present individuals with hypothetical scenarios. It is
assumed that respondents use an AI-based medication
counseling service for guidance on their medication behaviors
and questions. The service used in a given scenario was
characterized by specific attributes; the respondent was
repeatedly asked to choose among a multiple-option set based
on 6 attributes, and the respondent’s assessment of the service
depended on the level of these 6 attributes. In examining patient
preferences and the willingness to pay (WTP), DCEs were well

placed to capture preferences from the patient’s perspective in
order to derive recommendations on how to optimize health
services from the patient’s perspective, which can be an
important factor in ensuring that optimal health services are
provided in a given situation [44,45].

Selection of Attributes and Levels
The determination of attributes and levels in DCEs is a crucial
step and was performed as follows: first, conducting literature
reviews or expert interviews to develop the initial attributes;
second, streamlining data to avoid respondent fatigue (with a
recommended upper limit of 6-7 attributes; excessive attributes
may increase the burden on the respondent, thus affecting the
quality of the respondent’s answer); and third, eliminating
inappropriate attributes through further literature review and
refining their wording [46-48].

In the initial phase of our study, we tackled key issues in
pharmacy services by reviewing literature on AI integration in
health care and pharmacy, followed by group discussions and
in-depth interviews with clinical pharmacists. Subsequently, to
deepen our understanding, it was hypothesized that patients’
preference or satisfaction with AI-based medication counseling
services would be influenced by specific attributes identified
in this experiment, and based on this hypothesis, 15 respondents
without a medical-related background were selected to explore
their primary needs in AI-based medication counseling services.
Finally, after consulting with relevant experts, respondents
ranked their preferences for the identified attributes.

Based on this comprehensive process, 6 key attributes were
identified for our experiment: (1) granularity, (2) linguistic
comprehensibility, (3) symptom-specific results, (4) access
platforms, (5) content model, and (6) costs. The levels for each
attribute were assumed and set in a specific order; for instance,
the symptomatic nature of the results ranged from 60% to 100%.
Table 1 lists each attribute and its corresponding levels. The
above 6 attributes were combined with AI, which can mimic
human decision-making to communicate with patients and
provide general or refined medication counseling services. The
patient’s condition can be evaluated by processing large amounts
of complex data, enabling the creation of personalized
medication plans, including audio or video outputs based on
patient needs. Detailed explanations of the attributes and levels
are shown in Multimedia Appendix 1.
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Table 1. Discrete choice experiment attributes and attribute levels for artificial intelligence–based medication counseling service.

LevelsAttributes

Granularity • General
• Refined

Linguistic comprehensibility • Easy
• General
• Difficult

Symptom-specific results • 60%
• 70%
• 80%
• 90%
• 100%

Access platforms • Websites
• App
• WeChat applet
• Hospital official accounts

Content model • Text
• Phonetics
• Video

Costs (¥)a • 0
• 5
• 10
• 15
• 20

aUS $1 = ¥7.09.

Questionnaire and DCE Design
In the design of DCEs, 2 basic principles were observed: balance
and orthogonality [49]. Balance indicates that each attribute
level occurs with equal frequency in the attributes, for example,
level 1 in attribute 1 equals to level 2 in attribute 2.
Orthogonality indicates that each pair of levels occurs with
equal frequency in all attribute pairs. We used STATA (version
16; StataCorp LLC) for the orthogonality design, which
produced 24 choice sets that were randomly divided into 3
versions, each containing 8 choice sets. To prevent participants
from having no preferred option when choosing between

products A and B, the option “neither” was set. Each choice set
had a total of 3 options: offer A, offer B, and neither. Test-retest
choice sets were added (ie, respondents were asked to consider
the same choice set twice) to check for internal consistency. As
a result, each version contained a total of 9 choice sets.

The questionnaire consisted of 2 parts. In the first part, known
as the demographic question, we aimed to assign basic
information about the respondents: age, gender, highest level
of education, income, general place, and status of residence. In
the second part, there were 9 tasks (including a consistency
check option); an example of the tasks is presented in Figure 1.
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Figure 1. An example of discrete choice experiment selection sets. US $1 = ¥7.09.

Sample Size Calculation
The formula for determining the minimum sample size for a
DCE [47] was based on the thumb rule of Johnson and Orme
[50]: N≥500 c/ta, where c is the maximum number of levels
containing the attribute, t is the number of option sets, and a is
the number of options in each option set (including the exit
option) [51]. In this experiment, c=5, t=24, and a=3. Calculating
the sample size according to the above formula gives a minimum
sample size of 312 for this experiment.

Sample Collection and Quality Control
For this study, in terms of sampling methodology, we proceeded
in 3 stages, and questionnaires were collected using the
Questionnaire Star platform. In the first stage, we identified 3
cities in Shandong province based on their gross domestic
product level and city rank: Jinan (2nd), Dongying (9th), and
Tai’an (12th). This allows our findings to cover regions with
different levels of economic development as a way to ensure
the comprehensiveness and fairness of data collection. In the
second stage, we considered young people as the survey
population in this study. In a survey conducted in 2023 among
Chinese college students (with 7055 valid questionnaires), more
than 84.88% of the college students reported that they had used
AI tools and that they were interested in emerging technology
products; therefore, we controlled the survey location by
selecting only 2 neighborhoods and a university to perform the
survey. The third stage was to perform convenience sampling.
Questionnaire collection was performed through 2 methods by
the investigators: (1) professional investigators conducted site
visits to designated locations to administer the questionnaires,

ensuring strict adherence to the inclusion and exclusion criteria
to maintain the quality of the data collected, and (2) investigators
also posted recruitment information on a web-based platform.
Participants who met the location and eligibility criteria were
subsequently contacted online by the investigators, who
provided detailed explanations regarding the questionnaire and
its content. Participants in this study were required to meet the
following conditions and sign informed consent: (1) aged
between 18 and 44 years [52], (2) can complete the web-based
questionnaire on their own or with the help of an investigator,
and (3) able to understand the meaning of each entry in the
questionnaire. The data collection period was from October to
December 2023, and finally, 389 questionnaires were
distributed.

To ensure the quality of the responses, we provided centralized
training to the enumerators prior to the official launch of the
survey, including a detailed explanation of DCE and how to
communicate with the respondents. Only those who passed the
training were allowed to join the survey team. When the survey
was conducted, the investigator explained the questions to the
respondents one by one, and some respondents encountered
difficulties in completing the questionnaire on their own, for
example, operational inconvenience (login restriction, poor
network causing slow loading, too many questions making the
respondents fatigued, outdated functionality in respondents’
cell phones to load questionnaires and fill them out online). In
such cases, the investigator verbally explained the questions to
the respondents emphasizing the important parts in order to
assist in completing the questionnaire and to ensure the
authenticity and validity of the questionnaire. Each respondent
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was informed that the questionnaire was completely confidential
before taking the survey. Questionnaires that met the following
exclusion criteria were discarded: (1) those completed in less
than 400 seconds, (2) those that failed the consistency check,
and (3) those in which all options in the DCE section were
identical. After applying these exclusion criteria, a total of 340
valid questionnaires remained, resulting in a response rate of
87.4% (340/389).

Data Analysis
STATA version 16 was used for the statistical analysis, and we
used a random parameter logit model to assess people’s
preferences in choosing an AI-based medication counseling
service. During the model estimation process, we utilized 500
Halton draws for simulation to enhance the accuracy and
efficiency of the integration. Furthermore, in the random
parameter logit model, we assumed that the parameters have a
latent normal distribution to capture the heterogeneity in
preferences among individuals. The advantage of the random
parameter logit model is that it allows the parameters to vary
randomly across individuals, portraying individual heterogeneity
through the distribution of the parameters and better capturing
the variability of preferences between individuals. We assumed
that all coefficients of the attribute level were random
distribution and freely correlated. Cost was treated as a
continuous variable in the model to facilitate the calculation of
WTP, that is, the relative monetary value that the youth
population assigns to various aspects of AI-based medication
counseling service. The ratio of regression coefficients of
different attributes indicates marginal substitution rates. The

ratio of other attributes’ coefficients to the cost coefficient
reveals the population’s WTP, applicable across various contexts
to assess preferences for different attributes and levels [53-55].
A monetary evaluation of the attributes was conducted as
follows. The WTP for a single level was calculated by dividing
the estimated β of the attribute level by the negative of the
estimated costs β. A positive estimate means that people were
willing to pay for that level, while a negative estimate indicates
unwillingness to pay. Although cost was treated as a continuous
variable for WTP calculations, it was considered a categorical
variable for the calculation of relative importance (RI). In order
to determine each attribute’s RI in relation to all other
characteristics or levels, the marginal utility range of each
attribute was divided by the total of all attribute ranges.
Moreover, we performed subgroup analyses by income and
education levels and calculated WTP values by using a mixed
logit model to evaluate the influence of demographic factors
on cost sensitivity.

Results

Participants’ Characteristics
Among the 340 participants included in this study, 161 (47.4%)
were males and 179 (52.6%) were females; 262 (77%)
participants were in the age range of 18-24 years. Approximately
80.6% (274/340) of the participants were not living alone and
79.4% (270/340) were unmarried. Approximately 85.9%
(292/340) of the participants had tertiary education or above.
Specific data are shown in Table 2.
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Table 2. Sociological characteristics of the participants (N=340).

Values, n (%)Characteristics

Age (years)

262 (77)18-24

36 (10.6)25-30

42 (12.4)31-44

Sex

161 (47.4)Male

179 (52.6)Female

Educational attainment

48 (14.1)High school and below

292 (85.9)College and above

Average monthly household income (¥)a

44 (12.9)≤2000

97 (28.5)2000-4000

100 (29.4)4000-6000

99 (29.1)≥6000

Residence

293 (86.2)City

47 (13.8)Countryside

Household registration

122 (35.9)Nonagricultural

218 (64.1)Agricultural

Matrimonial status

70 (20.6)Married

270 (79.4)Unmarried/divorced/widowed

Living status

66 (19.4)Living alone

274 (80.6)Not living alone

aUS $1 = ¥7.09.

Results From the Mixed Logit Model
According to the mixed logit model results shown in Figure 2,
all attributes were statistically significant, and there were varied
preferences across attribute levels. We found that users were
most concerned about whether the service was free or not.
Preferred service attributes included refined medication
counseling services (with general medication counseling services
as the reference; β=0.51; P<.001), easy-to-understand language
(with difficulty in understanding language as the reference;
β=0.81; P<.001), 100% symptom-specific results (with 60%
symptom-specific results of the results as the reference; β=3.18;
P<.001), 80% symptom-specific results (β=1.17; P<.001), 90%
symptom-specific results (β=2.06; P<.001), through WeChat
applets (website access as reference; β=0.66; P<.001), and
content model in video form (text as reference; β=0.86; P<.001).

The 100% level of symptom-specific results was strongly
preferred by the respondents, and the same answer was obtained
during the face-to-face conversations with the respondents.
These coefficients reflect the RI of each attribute level to user
preferences; P values test the statistical significance of the
coefficients; and standard errors and 95% CIs provide credibility
to the coefficient estimates. An in-depth analysis of these
preferences can provide guidance for the design and
optimization of AI services.

Among the 6 attributes in this study, the most important factor
influencing the young population to make a choice was the
symptom-specific results (RI=36.99%), followed by cost
(RI=30.24%), access platforms (RI=6.53%), content models
(RI=12.25%), linguistic comprehensibility (RI=9.13%), and
granularity (RI=4.87%).
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Figure 2. Mixed logit model regression of preferences of artificial intelligence–based medication counseling service. Model fit: log likelihood=–1928.0508;
R2=0.1261; Akaike Information Criterion/N=1.249; Bayesian Information Criterion/N=1.280. RI: relative importance.

WTP
As shown in Table 3, participants were willing to pay an
additional ¥3.84 for fine-tuned medication counseling. For
linguistic comprehensibility, participants were willing to pay
an additional ¥6.14 for clearer language delivery. For
symptom-specific results, participants were willing to pay
¥24.01 more for 100% results, ¥15.55 more for 90% results,

and ¥8.82 more for 80% results. For access platforms,
respondents were willing to pay an additional ¥4.99 to access
the counseling service via WeChat applet. For the content model,
participants were willing to pay ¥6.54 more for video-based
content delivery. We evaluated the influence of demographic
factors on cost sensitivity by using subgroup analyses, with
WTP estimated based on the results. Specific results are shown
in Multimedia Appendix 2.
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Table 3. Willingness to pay analysis of participants’ perceptions of artificial intelligence–based medication counseling service.

Willingness to pay, β (95% CI)Attributes and levels

Granularity

ReferenceGeneral

3.84 (1.74 to 6.00)Refined

Linguistic comprehensibility

ReferenceDifficult

6.14 (3.50 to 9.32)Easy

0.85 (–1.67 to 3.72)General

Symptom-specific results

Reference60%

–0.83 (–3.66 to 2.14)70%

8.82 (6.16 to 11.82)80%

15.55 (12.41 to 19.45)90%

24.01 (20.16 to 28.77)100%

Access platforms

ReferenceWebsite

1.50 (–0.81 to 3.86)App

4.99 (2.22 to 7.90)WeChat applet

1.45 (–1.75 to 4.70)Hospital official accounts

Content model

ReferenceText

1.28 (–1.43 to 4.16)Phonetics

6.54 (4.18 to 9.06)Video

Discussion

Principal Findings
In this study, we analyzed Chinese youths’ preferences for
AI-based medication counseling services, and we identified 3
standout attributes: symptom-specific results, content model,
and linguistic comprehensibility [56]. Respondents showed a
strong preference for highly symptom-specific results, which
were correlated with higher WTP. Based on our survey data,
we suggest that AI-based medication counseling services should
prioritize the enhancement of symptom-specific outcomes,
which may help improve user satisfaction and WTP.

A study [57] has shown that AI technology can improve
diagnostic accuracy in certain areas, but the effects may vary
in different contexts. Regarding content models, digital formats
such as voice and video are preferred over text probably because
they are more engaging and easier to comprehend [58]. Text
explanations can make patients feel passive because of varying
levels of understanding. Video explanations enriched with health
science information could improve patient attention and health
literacy [58-60].

For linguistic comprehensibility, plain language is preferred,
with clear and understandable explanations being critical. AI’s
lack of emotional response in counseling was noted as a concern.
AI emotion recognition has the potential to improve

communication in the future, but more research and data are
needed at this stage to validate this hypothesis—maybe the
interaction could be made more empathetic and reassuring.

Respondents demonstrated a strong preference for WeChat
applets over websites as access platforms because of their
simplicity and user-friendliness. Further research could explore
the factors underlying this preference. WeChat applets offer
smooth, user-friendly access, while web pages may contain
disinformation and are less convenient to save and revisit.
WeChat applets are increasingly popular due to their simplicity,
lack of installation requirement, large user base, and low
development costs [61]. Preference for WeChat applets and
easy-to-understand language may reflect the preferences of the
respondents for simple everyday use across a number of
previously indicated attribute levels.

In terms of medication guidance, respondents expect AI to
provide more detailed and refined advice compared to traditional
methods. However, the one-question, one-answer format of AI
services can limit the patients in asking follow-up questions or
explore further, thus causing them to overlook important issues.
Comprehensive counseling addressing all aspects of drug use
is essential.

Finally, cost was also a key factor considered by the
respondents, with a significant preference for low-cost or free
medication counseling. This is consistent with the results of
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previous related DCE studies for pharmacy services [62,63].
Respondents were willing to pay ¥24.01 for 100%
symptom-specific results. This implied that the respondents
were not concerned about the high cost of counseling services
for highly symptomatic patients. It is possible that the
respondents anticipate receiving more precise counseling
outcomes and, thus, a better quality of health care. According
to the subgroup analysis results, high-income individuals
demonstrated greater payment capacity and were more willing
to pay a premium for higher-quality health care services.
Additionally, high-income groups tended to place more value
on personalized and precise services. Similarly, individuals with
higher education levels often had greater demands for
information accessibility and comprehension, reporting
easy-to-understand language and video content models more
effective in meeting their needs. Higher income and education
levels were associated with a greater WTP for premium services
and a higher value placed on personalized services.

Symptom-specific results and costs formed the largest portion
of RI, and we believe that symptom-specific results are directly
related to treatment outcomes and patient satisfaction. Of the
attributes we provided, only symptom-specific results and costs
were quantified by specific numbers, which allowed respondents
to compare and assess the extent of services more intuitively
when making choices. This suggests that young people are likely
to combine economic pragmatism, that is, finding the optimal
solution with limited resources when making decisions.

Recommendations
A well-designed policy framework is essential for the successful
integration of AI-based medication counseling services into
health care systems. Policymakers need to consider the key
findings regarding symptom-specific results, content model,
linguistic comprehensibility, and the need for cost-effective,
user-friendly platforms.

Enhancing Symptom-Specific Results
Policymakers should encourage the integration of advanced
algorithms and data analytics to improve the precision of
AI-generated recommendations. It is crucial to tailor these
services to address individual health conditions and needs more
effectively.

Improving Content Model Formats
Incorporating video and voice features into AI-based counseling
platforms could enhance user engagement, foster better
comprehension of health information, and improve overall health
literacy. These formats can be particularly effective in
communicating complex medical advice in a user-friendly
manner.

Ensuring Linguistic Comprehensibility
The preference for clear, plain language indicates the importance
of designing AI-based medication counseling services that
prioritize linguistic comprehensibility. Policymakers should
mandate the use of simple, understandable language in all
patient-facing content. Additionally, AI systems should be
capable of adjusting their language to suit the linguistic
preferences of diverse users. The inclusion of culturally sensitive

language as well as the ability to offer services in multiple
languages and dialects should be prioritized to accommodate
the needs of different populations.

Incorporating Emotional Intelligence Into AI
Interactions
The lack of emotional response in AI counseling was identified
as a gap in the current services. Policymakers should advocate
for the integration of emotion recognition capabilities in AI
systems. These systems could analyze user language, tone, and
context to detect emotions such as anxiety or confusion. Based
on this analysis, AI can provide appropriate emotional responses,
such as reassuring or encouraging messages, thereby enhancing
the patient-centered nature of the service. This addition could
improve user satisfaction and foster a more empathetic
interaction with technology.

Cost Considerations in Service Design
Policymakers should focus on designing AI-based counseling
services that are affordable, ensuring that cost does not become
a barrier to access. At the same time, it is important to
acknowledge that users are willing to pay for higher quality
services, especially those that offer precise symptom-specific
guidance. Subsidies or tiered pricing models could be introduced
to ensure the affordability of these services while maintaining
high quality.

Data Privacy and Security
Policymakers need to create strict guidelines to protect patient
data in AI-based medication counseling services. This includes
obtaining informed consent, securely storing and processing
data, and ensuring privacy standards are met to build trust and
encourage adoption.

Limitations
This study has several limitations. First, this study was
conducted on a specific population: young adults aged 18-44
years. Future product designs should expand the scope of this
study, considering the perspectives of various demographic
groups to maximize the benefits of AI-based medication
counseling service. For example, studying preferences among
older populations or testing AI-based services with different
health conditions could provide a broader view of AI’s role in
medication counseling. Addressing the specific needs of
different groups will be the focus of our next efforts. Second,
this study uses convenience sampling in the third step of
sampling, and only 1 province was selected to conduct the
survey; the data can be used in the future to improve the
representativeness of the sample in a wider range of areas by
increasing the sample size, employing more random sampling
techniques, and extending the data collection period.

Conclusion
This study aims to determine young respondents’ preferences
for using AI-based medication counseling services in China.
Our findings indicate that the 6 attributes that respondents found
most appealing were 100% symptom-specific results, refined
medication counseling, WeChat applet platforms, easily
understandable content, video content mode, and no payment
required. In summary, when young people choose AI-based
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medication counseling services, policymakers should pay more
attention to considering economic practicality and personalized
needs when designing services for young people so as to meet
their expectations for high-quality and reasonably costly health
care services, and better understanding their needs and promote
AI-based medication counseling as a way to solve problems,

increase engagement and medication adherence, and establish
them as the first to benefit from AI-pharmacy integration and
improve the safety of medication and medication literacy of
users. These findings will provide valuable insights for
policymakers to drive the implementation of AI-based
medication counseling services.
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