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Abstract

Background: Public attitudes toward health issues are becoming increasingly polarized, as seen in social media comments,
which vary from supportive to oppositional and frequently include uncivil language. The combined effects of comment slant and
comment tone on health behavior among a polarized public need further examination.

Objective: This study aims to examine how social media users’ prior attitudes toward mask wearing and their exposure to a
mask-wearing–promoting post, synchronized with polarized and hostile discussions, affect their compliance with mask wearing.

Methods: The study was a web-based survey experiment with participants recruited from Amazon Mechanical Turk. A total
of 522 participants provided consent and completed the study. Participants were assigned to read a fictitious
mask-wearing–promoting social media post with either civil anti–mask-wearing comments (130/522, 24.9%), civil
pro–mask-wearing comments (129/522, 24.7%), uncivil anti–mask-wearing comments (131/522, 25.1%), or uncivil
pro–mask-wearing comments (132/522, 25.3%). Following this, the participants were asked to complete self-assessed questionnaires.
The PROCESS macro in SPSS (model 12; IBM Corp) was used to test the 3-way interaction effects between comment slant,
comment tone, and prior attitudes on participants’ presumed influence from the post and their behavioral intention to comply
with mask-wearing.

Results: Anti–mask-wearing comments led social media users to presume less influence about others’ acceptance of masks
(B=1.49; P<.001; 95% CI 0.98-2.00) and resulted in decreased mask-wearing intention (B=0.07; P=.03; 95% CI 0.01-0.13).
Comment tone with incivility also reduced compliance with mask-wearing (B=–0.44; P=.02; 95% CI –0.81 to –0.07). Furthermore,
polarized attitudes had a direct impact (B=0.86; P<.001; 95% CI 0.45-1.26) and also interacted with both the slant and tone of
comments, influencing mask-wearing intention.

Conclusions: Pro–mask-wearing comments enhanced presumed influence and compliance of mask-wearing, but incivility in
the comments hindered this positive impact. Antimaskers showed increased compliance when they were unable to find civil
support for their opinion in the social media environment. The findings suggest the need to correct and moderate uncivil language
and misleading information in online comment sections while encouraging the posting of supportive and civil comments. In
addition, information literacy programs are needed to prevent the public from being misled by polarized comments.

(J Med Internet Res 2024;26:e57967) doi: 10.2196/57967
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Introduction

Background
Escalating political polarization is increasingly reflected in
public attitudes toward health issues, despite health traditionally
being a nonpartisan, science-based sector [1]. This polarization
is particularly noticeable in social media discussions, where
health-related posts often elicit a spectrum of public responses
in the comments section, ranging from support to opposition
[2,3]. Alarmingly, these comments frequently include incivility
[4], such as profanity, name-calling, or shouting [5]. Particularly,
social media has become a crucial tool for health
communication, allowing health institutions to initiate
campaigns and individual users to disseminate these campaign
messages [6]. The prevalence of polarization and incivility in
the comments accompanying the ubiquitous health campaigns
on social media necessitates an understanding of their impact
on health-related compliance behavior. This understanding is
crucial for guiding public health promotion and enhancing the
effectiveness of digital health communication.

Previous research has indicated that individuals’ exposure to
opposing or uncivil comments in health promotion posts can
independently reduce their compliance with the promoted health
behaviors [7-9]. However, few studies have examined how the
2 attributes of comments interact and exert joint effects. Indeed,
incivility might reduce the effects of comment slant as
individuals may attribute low credibility to the commenters
[10], thereby being less affected by them. The combined
influence of comment slant and tone on health-related
compliance behavior warrants an examination, as these 2
attributes of comments often occur together [11,12]. The
findings contribute to a nuanced understanding of how social
media users’ interaction and active participation, specifically
polarized and hostile online discourse, affect digital health
practices.

Health campaigns typically influence compliance behavior
indirectly, rather than directly. The influence of presumed
influence (IPI) model provides a theoretical explanation for this
indirect effect, suggesting that individuals’ perceived media
influence on others drives their compliance with promoted
behaviors [13]. Even on social media, where cues (eg, view
counts and comments) directly trigger normative influence to
affect individuals [14], the IPI process remains significant for
understanding their behavior [15]. Studies primarily suggest
that individuals’ perceptions of a message’s influence on others
are based on their assumptions about others’ exposure to that
message [16,17]. This other-consciousness perspective
highlights the effects of comments as they represent others’
responses to a post. Therefore, it is essential to explore how
user comments with varying slants and tones can cultivate
individuals’ perceptions of the campaign message’s influence
on others and their compliance with health behaviors.

In a polarized environment, individuals often have strong prior
attitudes. These polarized attitudes can also influence how they
perceive the media’s impact on others, an approach known as
the self-centered perspective of the IPI process [15]. While
studies have started to delve into the effects of the self-centered

perspective on the IPI process, whether and how this perspective
introduces changes in the current predominant
other-consciousness perspective remains unexplored. Notably,
individuals may react differently to incivility in comments,
showing more tolerance for comments that align with their
opinions [18,19]. It implies that an individual’s polarized attitude
can influence not only their perceived influence of the digital
health campaign on others but also the effects of comments on
their presumed influence of the campaign. By considering the
separate and combined effects of the other-consciousness and
self-centered perspectives, the dual nature of the IPI model
offers a comprehensive understanding of the social
psychological process through which people respond to mediated
health communication in a polarized and hostile online
environment.

This study was conducted in September 2020, during the early
stage of the COVID-19 pandemic in the United States, when
wearing masks to combat COVID-19 was controversial due to
the polarized political environment [20]. Although numerous
posts on social media advocated mask-wearing as an effective
measure against the virus’s spread, comments on these posts
were predominantly polarized [21], and about 1 in 5 of these
comments exhibited incivility [22]. Such opinion climates have
been related to the public’s noncompliance with COVID-19
mitigation guidelines [23], which leads to heightened virus
transmission and COVID-19–related deaths. This situation
provides an appropriate context to examine the impact of digital
health promotion in the polarized and hostile digital space.
Given that, we conducted a between-subjects experiment with
a 2 (comment slant: pro–mask-wearing vs anti–mask-wearing)
× 2 (comment tone: civil vs uncivil) design by manipulating
comments accompanying a social media post for mask-wearing.
Participants’ prior attitude was included as a moderator. Given
the proliferation of digital health campaigns and the increasing
polarized and hostile opinion climates, public health
practitioners can benefit from the findings to boost the
effectiveness of digital health communication.

Presumed Influence and Health Campaigns
The IPI model comprises 3 components: presumed exposure,
presumed influence, and the IPI [13]. Presumed exposure refers
to individuals’exposure to media content serving as a foundation
for their inference about others’ exposure to the same content.
Presumed influence indicates that, in turn, individuals’
presumption of others’ exposure triggers their presumption that
the media content will influence those others. Finally, IPI refers
to individuals’ alignment of their reactions to the presumed
influence on others.

To date, discussions on IPI tend to focus on how people
accommodate or rectify media messages. Rectifying behavior
refers to individuals taking actions to protect others from
harmful media effects or to magnify desirable media effects on
others [24]. Accommodation reactions are more widely studied
in the context of health campaigns, where individuals adapt
themselves to the social environment [24]. To assess group or
social norms, people often form perceptions about media
influence on others and draw conclusions based on these
perceived influences [25,26]. The more individuals believe that
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others adopt a particular behavior, the more likely they are to
think that the behavior is normative. A desire to fit in with the
group or social pressure then motivates them to adopt the same
behavior [27,28]. The IPI model has been extensively tested in
the context of health communication. The compliance behavior
has been examined in the context of condom use, healthy diet,
regular exercise, antismoking, excessive drinking, e-cigarette
use, and COVID-19 pandemic protective behavior [25-28].

Other-Consciousness Perspective: Comments and
Presumed Influence

Overview
Social media has served as an integral arena for organizations
and individuals to share health information [6]. The commentary
feature provided by social media transforms audiences from
passive information receivers to active users who interact with
these health messages. Comments on a public health campaign
message often reflect commenters’ support or opposition to the
message, indicating their slants. Comments can express approval
of the campaign by presenting supportive views or can be
disapproving by presenting challenging views [29,30]. The
slants of comments accompanying a message are likely to affect
people’s presumptions of the message’s influence on others [7].
This effect can be explained by the exemplification theory.
According to the theory, exemplars refer to the opinions or
experiences of a person involved in an issue [31]. Exemplars
are concrete and easy to process and remember. Thus, people
tend to form judgments and beliefs about an issue based on
available exemplars. Comments below a message serve as vivid
exemplars of the audience’s opinions on the message. When
gauging the influence of a social media message on others, a
person may perceive comments below the message as
representations of the entire audience’s reaction to the message
[32,33].

Previous studies have found that the slant of comments
accompanying social media health campaigns affects
individuals’ perceptions of the campaigns’ influence on others.
When individuals were exposed to supportive comments below
a Facebook post promoting COVID-19 vaccination, they
perceived a greater influence of the post on others’ acceptance
of COVID-19 vaccination than when exposed to disapproving
comments about the post [7]. Similarly, when social media users
encounter pro–mask-wearing comments rather than
anti–mask-wearing comments below a mask-promoting post,
they are likely to perceive more influence of the post on other
users’ acceptance of mask-wearing. The perceived influence of
such a media message on others may further lead the users to
comply with the behavior promoted by the message [34].
Accordingly, the following hypotheses are proposed:

• Hypothesis 1a: social media users will have weaker
intentions to wear masks when exposed to
anti–mask-wearing comments below a mask-promoting
post than when exposed to pro–mask-wearing comments.

• Hypothesis 1b: the association between comment slants
and intentions to wear masks will be mediated by social
media users’ perception of the influence of the
mask-promoting post on others.

Although the commentary feature facilitates social media users’
expressions of personal opinions, comments are often loaded
with incivility. Comments are considered to contain incivility
when expressed in an impolite and disrespectful tone [5]. Uncivil
comments associated with a message can induce a “nasty effect,”
a belief that if comments below a message contain incivility,
the message must be bad [35]. Readers tend to believe that the
original post, juxtaposed with the uncivil comments, is biased,
of low quality, uncivil, and from a noncredible source [35-38].

Research on the “nasty effect” has also extended the spillover
effects of comments’ incivility to audiences’ perception of a
media message’s influence on others. Waddell and Bailey [39]
found a belief in audiences’ minds that “if others’ comments
are uncivil then they must not have been affected by the
content.” Uncivil comments reveal conflicts among people with
different opinions on an issue, rather than their elaboration and
information processing of the issue discussed in the main
message. When exposed to uncivil comments rather than civil
ones left on a media message, people tend to believe that others
reinforce their prior views rather than reading, deliberating, and
being influenced by the adjacent media message. Accordingly,
social media users exposed to uncivil comments on a
mask-promoting post are expected to presume that the post
exerts less influence on others’ acceptance of mask-wearing
than when exposed to civil comments. The perception of less
influence of the post on others, in turn, reduces social media
users’ behavioral intention to wear masks. We thus propose the
following hypotheses.

• Hypothesis 2a: social media users will have weaker
intentions to wear masks when exposed to uncivil comments
below a mask-promoting post than when exposed to civil
comments.

• Hypothesis 2b: the association between comment tone and
intentions to wear masks will be mediated by social media
users’ perception of the influence of the mask-promoting
post on others.

Self-Centered Perspective: Polarized Attitudes and
Presumed Influence
Individuals’ perceptions of a health campaign’s influence on
others may be affected by their prior attitudes toward the
campaign’s advocacy. This effect can be explained by the
“looking-glass perception,” which suggests that people’s social
perceptions are often self-centric, and people tend to use their
own opinions to estimate those of others [40,41]. They believe
that situational factors are similar between themselves and
others. Therefore, they tend to amplify their prior attitudes to
their perceived social consensus on related issues [42].

Previous studies have provided support for the idea that
presumed influence may be self-centric. For example, the robust
causal chain from self-exposure, presumed exposure, to
presumed influence was found to result from the order of
questions. When the order of questions (self-variable → other
variable → presumed influence on others → behavior) was
reversed (other variable → self-variable → presumed influence
on the self → behavior), the causal chain conflicted with the
IPI process [43]. The finding suggests that the self may serve
as an anchor for projecting presumed influence on others.
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Another study found that the more individuals relate themselves
to the message and consider it real, the greater they perceive
the message to elicit an influence on its audiences [15].

Extrapolating from this self-centered perspective, individuals’
prior attitudes toward a health campaign’s advocacy may predict
their estimation of the campaign’s influence on others. People
tend to accept information that is consistent with their prior
beliefs [44]. When individuals encounter a health message
consistent with their prior attitudes, they are more willing to
acknowledge that they are influenced by the message and accept
its view. In contrast, individuals are more likely to reject the
message when they have inconsistent attitudes toward it [45-47].
Accordingly, individuals with favorable attitudes toward
mask-wearing are likely to perceive that others, like themselves,
also agree with the mask-promoting message and will be
influenced by it. Individuals with unfavorable attitudes toward
mask-wearing are likely to believe that others, similar to
themselves, reject the message and are immune to it. The
perception that the mask-promoting post has affected others, in
turn, influences individuals’behavioral intention to wear masks.

In addition to the partial mediating role of presumed influence,
the positive association between attitudes and behavioral
intentions has been sufficiently addressed [48]. Attitudes toward
a health behavior can inspire individuals’ intention to perform
the behavior. Thus, the following 2 hypotheses are proposed:

• Hypothesis 3a: social media users will have weaker
intentions to wear masks when they have unfavorable
attitudes toward mask-wearing than when they have
favorable attitudes.

• Hypothesis 3b: the association between prior attitudes
toward mask-wearing and intentions to wear masks will be
partially mediated by social media users’ perception of the
influence of the mask-promoting post on others.

The Interaction of Social Media Comments and
Polarized Attitudes
The slant and tone of social media comments below a
mask-promoting message are likely to interact and affect social
media users’ presumption of the message’s influence and
subsequently their health compliance. The content of the
message provides important cues that help users form
impressions of the senders. Previous studies reveal that
encountering uncivil comments under a news article led to
negative perceptions and less perceived credibility of the
commenters [10]. While source credibility has long been
recognized as a key factor in persuasiveness [49], a lack of
credibility among commenters may cause uncivil comments to
signal that the message has less influence on others. The reduced
presumed influence, in turn, is less likely to drive behavioral
change.

In other words, social media users’ exposure to civil
pro–mask-wearing comments on a mask-wearing post facilitates
their perception that the post poses an influence on others’
acceptance of mask-wearing and stimulates their compliance
with mask-wearing. In contrast, exposure to uncivil
pro–mask-wearing comments on a post is likely to decrease this
presumed influence of the post and their intentions to comply

with mask-wearing. In addition, social media users’ exposure
to civil anti–mask-wearing comments on a mask-wearing post
can reduce their presumed influence of the post on others’
acceptance of mask-wearing and their compliance with
mask-wearing. Conversely, uncivil anti–mask-wearing
comments can offset these negative effects to some extent by
maintaining the social media users’ presumed influence and
behavioral intention of mask-wearing. The following 2
hypotheses are therefore proposed:

• Hypothesis 4a: comment tone will moderate the effect of
comment slant on social media users’ intentions to wear
masks, such that the effect of comment slant on behavioral
intention will be stronger when comments are expressed in
a civil manner compared to in an uncivil manner.

• Hypothesis 4b: the interaction effect of comment slant and
comment tone on social media users’ intentions to wear
masks will be mediated by their perception of the influence
of the mask-promoting post on others.

It is also likely that there is an interaction between comment
slant, comment tone, and prior attitudes. Individuals may have
more tolerance for comments that align with their prior attitudes,
and they may overlook the incivility and aggressiveness in the
comments [19]. This can be explained by the Social Identity
Theory [50], which posits that individuals categorize themselves
and others into in groups and out groups based on shared
characteristics or beliefs, and this categorization influences their
attitudes and behaviors. Individuals may categorize comments
into in-group comments (those that align with their prior
attitudes) and out-group comments (those that contradict their
prior attitudes). They are more likely to favor in-group
comments and perceive them in a positive light (ie, less uncivil)
than out-group comments, as these comments reinforce their
social identity and validate their prior attitudes.

Experimental studies have suggested that individuals would
rate a comment that supported their prior attitudes as civil, even
though it contained incivility. However, they still recognized
the incivility in comments that were against their prior attitudes
[18]. Thus, comment tone may only function or produce a
relatively greater effect on presumed influence and health-related
compliance behavior when social media users’ prior attitudes
are inconsistent with comment slant. In contrast, when social
media users’ prior attitudes are consistent with comment slant,
they may ignore the incivility in these comments but perceive
it as civil. Therefore, the impact of comment tone on presumed
influence and behavioral intention would be discounted or
become nonsignificant. We propose the 2 hypotheses below:

• Hypothesis 5a: there is an interaction among comment slant,
comment tone, and prior attitudes on social media users’
intentions to wear masks, such that the influence of
incivility will affect the influence of comments that reveal
a slant inconsistent with social media user’ prior attitudes
on their behavioral intention to wear masks, but it will not
affect the influence of comments that reveal a slant
consistent with their preexisting attitudes.

• Hypothesis 5b: the impact of the interaction of comment
slant, comment tone, and prior attitudes on social media
users’ intentions to wear masks will be mediated by their

J Med Internet Res 2024 | vol. 26 | e57967 | p. 4https://www.jmir.org/2024/1/e57967
(page number not for citation purposes)

Lu & TuJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


perception of the influence of the mask-promoting post on
others.

In summary, this study aims to investigate how social media
users’ polarized attitudes toward mask-wearing and their
exposure to a mask-promoting post synchronized with user
comments, independently or collectively, affect their compliance
with mask-wearing.

Methods

Experimental Design
The study used a web-based between-subjects survey experiment
with a 2 (comment slant: pro–mask-wearing vs
anti–mask-wearing) × 2 (comment tone: civil vs uncivil) design.
Participants were recruited from Amazon Mechanical Turk
(MTurk), a crowdsourcing platform that allows individuals to
outsource tasks, including web-based experiment participation,
to registered workers [51]. There has been a long methodological
discussion about the data quality obtained from MTurk. While
some studies criticize the quality of data obtained from this
platform, some indicate that MTurk is a feasible platform for
online data collection, especially when strict criteria are applied
[52,53]. Therefore, to ensure the quality of our data, we
established specific criteria for participant selection (ie, the
number of the participants’ approved assignments was >5000,
the participants’ approval rating was >95%, and the participants
were in the United States). In addition, we incorporated 2
attention checks (ie, select a specific word from the given
options). The participation was immediately terminated when
participants failed to pass attention checks.

Ethical Considerations
Participants were recruited from September 29 to October 1,
2020. The study was reviewed and approved by the Human
Subjects Ethics Subcommittee of the City University of Hong
Kong (2020-55359071) before data collection. In the recruitment
announcement posted on MTurk, we informed participants that
(1) this study examined their knowledge of and attitudes toward
mask-wearing; (2) the participation was fully anonymous, and
their self-reported data would be kept confidential; and (3) they
could leave the study any time if they wanted. After each
participant clicked to agree to a written consent form, which
again highlighted these ethical considerations, they continued
to participate in the survey. Informed consent was obtained
from all participants.

Stimuli
A mask-promoting post was created and embedded in a fictitious
health organization’s Facebook page, as Facebook is widely
used by health organizations to promote health initiatives. The
post was created based on the guidelines about mask-wearing
posted on the official website of the Centers for Disease Control
and Prevention in the United States to ensure external validity
[54,55]. It was developed using the standard format of fear
appeal commonly used in health communication campaigns.
To prevent the post from being perceived as an unintended threat
to individuals’ freedom, which could undermine the campaign’s
effectiveness, we framed it as a low-threat fear appeal by using
mild and polite language to recommend mask-wearing [56].

The content and layouts of the post were kept identical across
all conditions.

Prior research indicates that exposure to >4 comments does not
increase the effect of comment tone [57]. Therefore, we
encapsulated 4 comments below the post for each condition.
Comment slant was initially created based on actual Facebook
users’ expressions on mask-wearing. Across the 2 conditions
of comment slant, we matched 2 comments, 1 in each condition,
that focused on the same aspects of mask-wearing but expressed
opposite opinions and also maintained similar levels of lengths,
expression style, and argument strength of the comments. We
repeated this procedure for the other comments. This allowed
us to generate civil pro–mask-wearing and anti–mask-wearing
comments without incurring confounding factors.

Comment tone was manipulated by following the definition of
incivility by Coe et al [5]. We added incivility to the previously
created comments to derive uncivil pro–mask-wearing and
anti–mask-wearing comments. The post and examples of
comments used as stimuli are presented in Multimedia Appendix
1.

Experimental Procedure
The experiment was conducted using the web-based survey
software Qualtrics. Before fielding the questionnaire, the survey,
including the stimuli and measures, was proofread by 3 native
speakers to ensure readability and validity. The technical
functionality of the survey platforms and settings was tested by
5 student assistants. The number of items per page and the total
pages of the questionnaire distributed were adjusted by Qualtrics
based on the devices each participant used, thereby resulting in
variations among participants.

All eligible participants could access the survey link posted on
the MTurk assignment page. After providing consent for
participation, participants were first asked to report their prior
attitudes toward mask-wearing, social media use frequency, and
mask-wearing practices. The randomizer of Qualtrics enabled
us to randomly assign each participant to 1 of the 4 experimental
conditions. After being exposed to the stimuli, participants were
asked to indicate their responses to the variables of interest,
provide demographic information, and answer manipulation
check questions. Participants were allowed to review and change
their answers using a “back” button at any time before
submitting their responses.

The question regarding participants’prior attitudes toward masks
served as a screening item. Participants were asked to rate the
extent to which wearing a mask in public during the COVID-19
pandemic was favorable or unfavorable on a 7-point scale
(1=very unfavorable, 4=neither unfavorable nor favorable, and
7=very favorable). Participants were categorized as antimaskers
(ie, scores <4) and promaskers (ie, scores >4). As this study
focused on the effects of polarized attitudes on presumed
influence and compliance behavior, participants with neutral
attitudes (ie, scores=4) were directed to the end of the survey.

Participants
A total of 1501 participants provided consent and started the
survey, with 522 (34.78%) participants completing all the
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questions and being included in the final analysis. The view
rate was 84.01% (1503/1789), the participation rate was 99.53%
(1496/1503), and the completion rate was 34.78% (522/1501).
Upon completion of the study, each participant received a
debriefing and an incentive of US $0.72. As each worker on
MTurk has a unique ID, a unique visitor is defined by the unique
ID, rather than cookies used. We also checked IP addresses to
ensure that each participant was a unique site visitor. The survey,
as an MTurk task, was displayed only once to each participant
to avoid repeated registrations. The CONSORT-EHEALTH
(Consolidated Standards of Reporting Trials of Electronic and
Mobile Health Applications and Online Telehealth) form [58]
and the Checklist for Reporting Results of Internet e-Surveys
(CHERRIES) form [59] are presented in Multimedia Appendices
2 and 3, respectively, for further clarity.

Participants in the final sample were aged 21 to 77 (mean 41.58,
SD 12.35) years. More than half of them were men (291/522,
55.7%). Of the 522 participants, 246 (47.1%) had completed
college as their highest level of education, and 416 (79.7%)
identified themselves as White. Most participants (317/522,
60.8%) reported that their annual family income ranged from
US$20,000 to $74,999. In terms of political identification, 41.5%
(217/522) of the participants identified themselves as Democrats,
followed by 40.2% (210/522) as Republicans and 18.2%
(95/522) as neither Republicans nor Democrats.

Measures
The measure of presumed influence was adapted from a previous
study [60]. Participants were asked to indicate the extent to
which they agreed that the social media post of mask promoting
had made other people support mask-wearing in public during
the COVID-19 pandemic, using a 7-point scale (1=strongly
disagree and 7=strongly agree; mean 4.43, SD 2.00). They were
also asked to evaluate whether the post had negatively or
positively affected others’attitudes toward mask-wearing, using
a 7-point scale (1=in a very negative manner and 7=in a very
positive manner; mean 4.20, SD 1.93). These 2 items were
highly correlated and were averaged to form the measure of
presumed influence (r=0.77; P<.001; mean 4.32, SD 1.85).

We measured participants’ behavioral intention to wear masks
as compliance with health campaigns by adapting the measure
used by Dillard and Shen [56]. Participants were asked to
estimate the likelihood that they would wear a mask in public
in the next week using a 7-point scale, ranging from 1=definitely
will not to 7=definitely will (mean 5.61, SD 1.90).

Before being exposed to the experimental stimuli, participants
were asked to report their social media use frequency and
mask-wearing practices in the last week. Responses to the 2
questions were rated on a 5-point scale, where 1 meant never
and 5 meant nearly always (social media use frequency: mean
3.79, SD 0.93 and mask-wearing practices: mean 3.29, SD 1.04).

Preliminary Statistical Analyses
For randomization checks, a series of 1-way ANOVA were
conducted to test the differences in continuous variables, and
several chi-square analyses were conducted to test the
differences in categorical variables across conditions. In
addition, participants were categorized into 2 groups (ie,

antimaskers and promaskers) based on the screening question.
The 1-way ANOVA and chi-square analyses were repeated to
test the differences in demographic variables between
antimaskers and promaskers.

Statistical Analyses for Manipulation Checks
After exposure to experimental materials, participants were
asked to report whether they had read the comments below the
post. Next, participants were asked to indicate the extent to
which they thought the comments were favorable to the post
using a 7-point scale (1=very unfavorable and 7=very favorable).
We used an independent-samples 2-tailed t test to check the
difference in perceived slant of comment between participants
in the pro–mask-wearing comments condition and those in the
anti–mask-wearing comments condition. Descriptive information
(ie, mean and SD), t value, dfs, and P value were reported to
illustrate the difference. Then, 1-sample t tests were conducted
to indicate whether participants’ perceived slant of comment
significantly deviated from the midpoint of the scale (ie, 4). We
reported t value, dfs, and P value to indicate the difference.

Furthermore, participants were asked to rate the degree of
comment incivility using a 7-point scale (1=very uncivil and
7=very civil). We used independent-samples t tests to check the
difference in perceived civility of comments between
participants in the civil comments condition and those in the
uncivil comments condition. Descriptive information (ie, mean
and SD), t value, dfs, and P value were reported to illustrate the
difference. Then, 1-sample t tests were conducted to indicate
whether participants’perceived slants of comment significantly
deviated from the midpoint of the scale (ie, 4). We reported t
value, dfs, and P value to indicate the difference.

Statistical Analyses for Hypotheses Testing
To test the proposed hypotheses concurrently, we used the
PROCESS macro (model 12). The PROCESS macro is a
regression path analysis modeling tool used to conduct
mediation, moderation, and conditional process analysis; it is
widely applied in the fields of social, business, and health
sciences [61]. Its model 12 tests moderated mediation models.
In this study, behavioral intention to wear masks was included
as the dependent variable. Prior attitude (0=anti–mask-wearing
and 1=pro–mask-wearing) was entered as the independent
variable, and comment slant (0=anti–mask-wearing and
1=pro–mask-wearing) and comment tone (0=uncivil and 1=civil)
were included as moderators. Participants’ demographics (ie,
age, gender, education, income, race, and political
identification), mask-wearing frequency, and social media use
frequency were included as covariates. Missing values were
replaced by mean scores. We reported the unstandardized
coefficient (B), unstandardized SE, P value, and 95% CI, which
indicate the effects of participants’ prior attitudes, comments
slant, comment tone, and presumed influence on their intention
to wear masks. In addition, the effect size, SE, and 95% CI were
reported to show the conditional direct and indirect effects of
comment slant, comment tone, and prior attitudes on behavioral
intention.
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Statistical Analyses for Sensitivity Analysis
Two sensitivity analyses were conducted. First, we calculated
attitude extremity by subtracting 4 from the value chosen by
promaskers in the screening question and by subtracting the
value chosen by antimaskers from 4 (ie, 1=low extremity,
2=medium extremity, and 3=high extremity). We controlled for
this variable in sensitivity analysis 1. Second, we added the
variables stepwise to the regression models—main effects first
and then the interaction terms—to better demonstrate the main
effects in sensitivity analysis 2.

Results

Preliminary Analyses
A CONSORT (Consolidated Standards of Reporting Trials)
flow diagram for the participants is presented in Figure 1. The

demographic information across groups is presented in
Multimedia Appendix 4. A series of 1-way ANOVAs indicated
that there were no significant differences in participants’ age
(P=.77), education (P=.37), and annual income (P=.54) across
conditions. Chi-square analyses also showed no significant
differences in participants’ gender (P=.42), race (P=.97), and
political identification (P=.21) across conditions. In addition,
among 522 participants, 269 (51.5%) had unfavorable attitudes
toward mask-wearing (ie, antimaskers), whereas 253 (48.5%)
held favorable attitudes toward mask-wearing (ie, promaskers).
No significant differences in age (P=.91), gender (P=.91), and
annual income (P=.51) were found between antimaskers and
promaskers. However, promaskers (mean 5.62, SD 1.04)
reported higher levels of education than antimaskers (mean
5.32, SD 1.19; t517.16=3.05; P=.002). Therefore, basic
demographic factors were controlled in later analysis to adjust
for the differences in the sample.

Figure 1. Participation flowchart.
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Manipulation Checks
Those who reported not reading comments were excluded
(11/539, 2%). Participants in the pro–mask-wearing comments
condition considered the comments to be more favorable to the
post (mean 5.50, SD 1.85) than those in the anti–mask-wearing
comments condition (mean 1.70, SD 1.51; t499.56=25.75;
P<.001). One-sample t tests indicated that both participants
exposed to pro–mask-wearing comments (t260=13.10; P<.001)
or anti–mask-wearing comments (t260=24.68; P<.001) perceived
the comments to significantly deviate from the midpoint of the
scale (ie, 4). Next, participants in the civil comments condition

considered the comments more civil (mean 4.28, SD 1.88) than
those in the uncivil condition (mean 1.92, SD 1.56; t500.29=15.53;
P<.001). One-sample t tests showed that both participants
exposed to civil comments (t258=2.38; P=.02) and uncivil
comments (t262=21.53; P<.001) perceived the comment tone to
significantly deviate from the midpoint of 4.

Hypotheses Testing
The results of hypotheses testing for the separate and combined
effects of comment slant, comment tone, and prior attitudes on
presumed influence and mask-wearing intention are reported
in Table 1.

Table 1. The influence of comment slant, comment tone, and prior attitudes on presumed influence and behavioral intention to wear masksa.

Mask-wearing intentionPresumed influence

P valueB (SE; 95% CI)P valueB (SE; 95% CI)

.190.01 (0.00; –0.00 to 0.01).81–0.00 (0.01; –0.01 to 0.01)Age

.090.16 (0.10; –0.03 to 0.35).810.03 (0.13; –0.23 to 0.30)Gender

.04–0.09 (0.05; –0.18 to –0.01).040.13 (0.06; 0.01 to 0.25)Education

.400.02 (0.03; –0.03 to 0.08).003–0.11 (0.04; –0.18 to –0.04)Income

.100.20 (0.12; –0.04 to 0.44).59–0.09 (0.17; –0.42 to 0.24)Race

.910.02 (0.14; –0.26 to 0.29).430.15 (0.19; –0.23 to 0.53)Republican

.820.03 (0.14; –0.25 to 0.31).0080.52 (0.20; 0.14 to 0.90)Democrat

<.0011.08 (0.05; 0.99 to 1.71).0010.22 (0.06; 0.09 to 0.35)Mask-wearing frequency

.870.01 (0.05; –0.09 to 0.11).080.13 (0.07; –0.02 to –0.27)Social media use frequency

<.0010.86 (0.20; 0.45 to 1.26).510.19 (0.28; –0.37 to 0.74)Prior attitude

.74–0.06 (0.19; –0.44 to 0.32)<.0011.49 (0.26; 0.98 to 2.00)Comment slant

.02–0.44 (0.19; –0.81 to –0.07).020.63 (0.26; 0.12 to 1.14)Comment tone

.58–0.15 (0.27; –0.68 to 0.38).470.27 (0.37; –0.46 to 1.00)Prior attitude × comment slant

.210.34 (0.27; –0.19 to 0.87).48–0.26 (0.37; –1.00 to 0.47)Prior attitude × comment tone

.0030.79 (0.26; 0.28 to 1.31).800.09 (0.36; –0.62 to 0.81)Comment slant × comment tone

.03–0.84 (0.38; –1.59 to –0.09).300.55 (0.53; –0.48 to 1.59)Prior attitude × comment slant ×
comment tone

.030.07 (0.03; 0.01 to 0.13)——bPresumed influence

aModel summary: presumed influence, F16,505=18.99; mask-wearing intention, F17,504=67.01.
bNot applicable (at this stage, the presumed influence is the dependent variable).

The results of bootstrapping for the conditional direct and
indirect effects of comment slant, comment tone, and prior

attitudes on behavioral intention to wear masks are summarized
in Table 2.
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Table 2. The conditional direct and indirect effects of comment slant, comment tone, and prior attitudes on behavioral intention.

Direct effects, effect size (SE ; 95% CI)Indirect effects (mediator: presumed influence),
effect size (SE; 95% CI)

Comment slant

–0.06 (0.19; –0.44 to 0.32)0.10 (0.05; 0.01 to 0.21)Uncivil × antimaskers

–0.21 (0.20; –0.60 to 0.18)0.12 (0.06; 0.01 to 0.25)Uncivil × promaskers

0.73 (0.19; 0.35 to 1.10)0.11 (0.06; 0.01 to 0.23)Civil × antimaskers

–0.26 (0.21; –0.67 to 0.15)0.16 (0.08; 0.01 to 0.33)Civil × promaskers

Comment tone

–0.44 (0.19; –0.81 to –0.07)0.04 (0.03; –0.00 to 0.11)Anti–mask-wearing × antimaskers

–0.10 (0.20; –0.48 to 0.28)0.03 (0.03; –0.02 to 0.09)Anti–mask-wearing × promaskers

0.35 (0.19; –0.02 to 0.72)0.05 (0.03; 0.001 to 0.120)Pro–mask-wearing × antimaskers

–0.15 (0.19; –0.53 to 0.23)0.07 (0.04; 0.003 to 0.149)Pro–mask-wearing × promaskers

Prior attitudes

0.86 (0.20; 0.45 to 1.26)0.01 (0.03; –0.04 to 0.07)Anti–mask-wearing × uncivil

1.20 (0.20; 0.79 to 1.60)–0.01 (0.02; –0.05 to 0.04)Anti–mask-wearing × civil

0.71 (0.20; 0.32 to 1.10)0.03 (0.03; –0.01 to 0.09)Pro–mask-wearing × uncivil

0.21 (0.20; –0.19 to 0.60)0.05 (0.03; 0.00 to 0.11)Pro–mask-wearing × civil

As for hypotheses 1a and 1b, the regression results in Table 1
showed that there was no significant association between
comment slant and behavioral intention (B=–0.06; P=.74).
Hence, hypothesis 1a was not supported. Nevertheless, we found
that compared with anti–mask-wearing comments,
pro–mask-wearing comments were found to increase presumed
influence (B=1.49; P<.001), and this presumed influence was
positively associated with participants’ behavioral intention to
wear masks (B=0.07; P=.03). The bootstrapping results showed
that the direct effect of comment slant on behavioral intention
was significant only among antimaskers who read civil
comments (B=0.73, SE 0.79; 95% CI 0.35-1.10). Comment
slant posed an indirect influence on behavioral intention through
the mediation of presumed influence, regardless of participants’
prior attitudes or comment tone (Table 2). Hence, hypothesis
1b was supported by the data.

Next, for hypotheses 2a and 2b, results in Table 1 showed that
there was a significant but negative association between
comment tone and behavioral intention to wear masks (B=–0.44;
P=.02). Hence, hypothesis 2a was not supported. As for
hypothesis 2b, the effect of comment tone on presumed
influence was positively significant (B=0.63; P=.02), and the
association between presumed influence and intention to wear
masks was also positively significant (B=0.07; P=.03). The
bootstrapping results showed that comment tone posed a direct
influence on behavioral intention to wear masks only when
antimaskers encountered anti–mask-wearing comments
(B=–0.44, SE 0.19; 95% CI –0.81 to –0.07). In addition,
comment tone posed an influence on behavioral intention via

the mediating effects of presumed influence when the comments
were pro–mask-wearing, regardless of participants’ prior
attitudes (Table 2). Hence, hypothesis 2b was partially
supported.

As for hypotheses 3a and 3b, the results in Table 1 showed that
the direct effect of prior attitudes on behavioral intention to
wear masks was significant (B=0.86; P<.001). Hence, hypothesis
3a received support. However, the effect of prior attitudes on
presumed influence was not significant (B=0.19; P=.51). The
bootstrapping results (Table 2) indicated that as long as the
comments were uncivil or anti–mask-wearing, participants’
prior attitudes were directly associated with their behavioral
intention. Only when comments were pro–mask-wearing and
civil, prior attitudes affected behavioral intention through
presumed influence. Hence, we mostly could not corroborate
hypothesis 3b.

Regarding hypothesis 4a, Table 1 shows that the interaction had
a significant and direct effect on behavioral intention (B=0.79;
P=.003). As shown in Figure 2, when expressed in a civil way,
opposing comments (mean 5.46, SD 0.10) decreased the
mask-wearing intention than supporting comments (mean 5.70,
SD 0.10); while when expressed in an uncivil way, the effects
of comments slant was reversed such that supporting comments
(mean 5.59, SD 0.10) decreased the mask-wearing intention,
compared with opposing comments (mean 5.73, SD 0.10).
Hence, hypothesis 4a was supported. For hypothesis 4b, the
results showed that the interaction between comment slant and
comment tone did not significantly predict presumed influence
(B=0.09; P=.80). Hence, hypothesis 4b was not supported.
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Figure 2. The interaction effect of comment slant and comment tone on the behavioral intention to wear masks.

For hypotheses 5a and 5b, the results (Table 1) showed that the
interaction was significant for behavioral intention (B=–0.84;
P=.03) but not for presumed influence (B=0.55; P=.30).
However, the effect of the interaction on behavioral intention
was different from what we expected. As shown in Figure 3,
for promaskers, behavioral intention to wear masks remained
similar when they saw uncivil comments or civil comments,
regardless of whether the comments were anti–mask-wearing
(civil: mean 6.06, SD 0.15 and uncivil: mean 6.16, SD 0.14;
P=.61) or pro–mask-wearing (civil: mean 5.80, SD 0.15 and

uncivil: mean 5.95, SD 0.14; P=.45). In contrast, among
antimaskers, their behavioral intention remained similar when
they viewed uncivil pro–mask-wearing comments (mean 5.24,
SD 0.13) and civil pro–mask-wearing comments (mean 5.59,
SD 0.14; P=.06). Nevertheless, their behavioral intention was
stronger when they read uncivil anti–mask-wearing comments
(mean 5.31, SD 0.15) compared to civil anti–mask-wearing
comments (mean 4.87, SD 0.14; P=.02). Hence, hypothesis 5a
was partially supported, but hypothesis 5b was not supported.

Figure 3. The interaction effect of comment slant, comment tone, and prior attitudes on the behavioral intention to wear masks.
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Sensitivity Analyses
Results from the sensitivity analyses, which included attitude
extremity as an additional control variable and involved applying
stepwise multiple linear regression (Multimedia Appendices
5-8) were consistent with the main results.

Discussion

Principal Findings
This study investigated how polarized and hostile user comments
below a health campaign message on social media and social

media users’ polarized attitudes concurrently affected their
perception of the campaign’s influence on others and their
compliance with the promoted health behavior. Results showed
that compared with anti–mask-wearing comments,
pro–mask-wearing comments enhanced presumed influence
and health compliance of mask-wearing, but incivility in the
comments hindered the positive impact of pro–mask-wearing
comments. Antimaskers demonstrated increased compliance
when they were unable to find civil support for their opinion in
the social media environment. The summary of the research
hypotheses and corresponding results are presented in Table 3.

Table 3. Summary of hypotheses and results.

ResultsHypotheses

Not supportedHypothesis 1a: social media users will have weaker intentions to wear masks when exposed to an-
ti–mask-wearing comments below a mask-promoting post than when exposed to pro–mask-wearing
comments.

SupportedHypothesis 1b: the association between comment slant and intentions to wear masks will be mediated
by social media users’ perception of the influence of the mask-promoting post on others.

Not supportedHypothesis 2a: social media users will have weaker intentions to wear masks when exposed to uncivil
comments below a mask-promoting post than when exposed to civil comments.

Supported only when the mask-promoting post
was accompanied by pro–mask-wearing com-
ment

Hypothesis 2b: the association between comment tone and intentions to wear masks will be mediated
by social media users’ perception of the influence of the mask-promoting post on others.

SupportedHypothesis 3a: social media users will have weaker intentions to wear masks when they have unfa-
vorable attitudes toward mask-wearing than when they have favorable attitudes.

Supported only when the mask-promoting post
was accompanied by pro–mask-wearing and
civil comment

Hypothesis 3b: the association between prior attitudes toward mask-wearing and intentions to wear
masks will be mediated by social media users’ perception of the influence of the mask-promoting
post on others.

SupportedHypothesis 4a: comment tone will moderate the effect of comment slant on social media users’ inten-
tions to wear masks, such that the effect of comment slant on behavioral intention will be stronger
when comments are expressed in a civil manner compared to in an uncivil manner.

Not supportedHypothesis 4b: the interaction effect of comment slant and comment tone on social media users’ in-
tentions to wear masks will be mediated by their perception of the influence of the mask-promoting
post on others.

Supported only among antimaskersHypothesis 5a: there is an interaction among comment slant, comment tone, and prior attitudes on
social media users’ intentions to wear masks, such that the influence of incivility will affect the influ-
ence of comments that reveal a slant inconsistent with social media user’ prior attitudes on their be-
havioral intention to wear masks, but it will not affect the influence of comments that reveal a slant
consistent with their preexisting attitudes.

Not supportedHypothesis 5b: the impact of the interaction of comment slant, comment tone, and prior attitudes on
social media users’ intentions to wear masks will be mediated by their perception of the influence of
the mask-promoting post on others.

Results and Comparison With Prior Work
First, comment slant remained a cornerstone driving individuals’
presumed influence of the mask-promoting post and their
compliance with mask-wearing. Compared to pro–mask-wearing
comments, anti–mask-wearing comments always reduced
participants’presumed influence of mask-wearing posts, which
further weakened their behavioral intention to wear masks,
regardless of comment tone and their prior attitudes toward
mask-wearing. These findings suggest that comments can serve
as a source of misleading information. Although attitudinal
consensus is inferred from the comments left by anonymous
and limited others, these comments may lead social media users
to develop inaccurate beliefs that the comments reflect public

opinion from people in general. These beliefs may influence
their health-related compliance behaviors.

In addition, incivility affected the presumed influence of a health
message, but only when the comments below the message
expressed supportive opinions. It is likely that
pro–mask-wearing comments below the health message signal
the presumed influence of the message on others’ acceptance,
and incivility acts as a negative cue that hinders the
exemplification effect and indicates that the highly homogeneous
and consistent opinion environment depicted in the comments
may not be accurate. In contrast, anti–mask-wearing comments
have explicitly represented others’ resistance to the main health
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message, and the presence of incivility only signals a similar
cue of others’ resistance.

These effects of comment slant and comment tone advance the
other-consciousness perspective of the IPI process in the context
of digital health campaigns. Individuals’ perception of others’
reception of a media message is influenced by affordances
offered by social media. Even when information on source
credibility or audience size is absent, the presumed influence
of social media messages still adjusts individuals’ compliance
behavior accordingly. Social media users take the roles of both
content producers and commenters. The opinion environment
is highly prone to produce and spread misleading information
due to the lack of professional gatekeepers and polarized opinion
climate. The IPI model demonstrates a psychological process
through which individuals’ exposure to health information and
relevant discussions on social media affects their compliance
with promoted health behaviors. Therefore, it is crucial to
consider both the direct and indirect effects of social media
comments below health-persuasive messages on public health
outcomes when examining the persuasiveness of digital health
communication.

With concrete clues about others’ reactions to health persuasion
obtained from comments, individuals no longer rely solely on
their prior attitudes to infer the influence of a health campaign
on others. These findings somewhat challenge the self-centric
perspective of IPI. This change can be explained by the evolving
media landscape. Previous studies support the self-centric
perspective of IPI in the context of traditional media, where
traditional media audiences have limited access to others’
reactions to a message and are compelled to rely on their prior
attitudes for inference. In social media, users can directly see
others’ reactions to a message. They no longer need to fully
rely on personal attitudes to infer media influence on others.
Comments serve as crucial sources for them to infer the
influence of social media posts on others.

Only when approving and civil comments are present, prior
attitudes can affect behavioral intentions through individuals’
presumed media influence on others. One possible explanation
is that individuals in general are subject to negative bias, that
is, they are particularly susceptible to information that contains
negativity or risks. Anti–mask-wearing comments or incivility
impressed and influenced participants because these comments
might exaggerate the negative side of mask-wearing and
demonstrate hostility among commenters. Therefore,
individuals’perception of others’ reactions to the main message
is believed to be influenced by negative cues rather than prior
attitudes. Civil pro–mask-wearing comments suggested no cues
of negativity, and individuals then relied on their prior attitudes
to infer the perception of the post’s influence on others.

In most cases, favorable prior attitudes toward mask-wearing
directly enhance individuals’ behavioral intention compared to
unfavorable prior attitudes. Nevertheless, the influence of prior
attitudes on behavioral intentions can be altered by social media
comments ensuing digital health communication. Specifically,
civil pro–mask-wearing comments directly enhance antimaskers’
behavioral intention to wear masks more than uncivil
pro–mask-wearing comments, whereas uncivil

anti–mask-wearing comments turn out to enhance antimaskers’
behavioral intention to wear masks more than civil
anti–mask-wearing comments. An explanation is that individuals
may psychologically dissociate themselves from a group whose
members belong to a relatively inferior group [62]; incivility is
seen as impolite and undesirable, and individuals may avoid
belonging to a group whose members are rude and uncivil. The
findings indicate that individuals engage in biased information
processing only when they find civil support for their prior
opinions, regardless of whether the support is narrated in the
main message or in the comments.

Relatedly, while we suspected that antimask attitudes differing
from the post advocacy would be associated with less presumed
influence, there is a possibility that opponents of mask-wearing
may adhere to conspiracy theories. Such individuals might
suspect that everyone around them has been brainwashed by
governmental health campaigns, thereby leading to very high
presumed influence. In other words, there might be a curvilinear
relationship between prior attitudes and presumed influence or
a linear relationship between attitude strength and presumed
influence among antimaskers. Therefore, we conducted
additional tests and found that these possibilities were not
supported by our data. These findings suggest that in the era of
new media, where user responses to health campaigns are
publicly visible, judgments about the presumed influence of a
post rely more on these visible examples than on personal prior
attitudes.

Limitations and Future Directions
This study has several limitations that should be acknowledged.
First, we edited the comments to maintain consistent argument
strength across conditions, and therefore, the level of perceived
authenticity in the comments may differ. Furthermore, we used
default Facebook avatars in the experimental stimuli. Uncivil
social media comments coupled with default avatars may be
regarded as bot accounts, given the heavily politicized discussion
on mask-wearing in the United States. The perception of
commenters as bots may affect the presumed influence
accordingly. These two aspects suggest that the perceived
unrealism of the stimuli, particularly the user comments created
in this study, may reduce the validity of the findings. Given
that, future studies would benefit from measuring the perceived
realism of comments and controlling it as a covariate in the
analyses.

Second, this study focuses on the effects of user comments and
prior attitudes, leaving the main effectiveness of the health
campaign post unexamined. Likewise, the interaction effects
between the post and its accompanying comments on polarized
publics’ presumed influence and behavioral intentions remain
unexplored. The combined effects of comment slant and
comment tone may vary depending on the post presented
together with the comments. The lack of examination of the
interplay between comments and the post may hinder a nuanced
understanding of the combined effects of digital information.
Future studies are encouraged to consider the effectiveness of
a post and its interaction with comments.

Third, participants were required to read the post and
accompanying comments, which may not reflect real-life
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scenarios where individuals may choose whether to browse the
information or not. Participants may generate bias through the
procedure of providing informed consent and reading the survey
questions, influencing their later answers. These factors could
also affect the validity of the study findings. Future research
should use experimental designs that better reflect real-world
settings.

Fourth, although the IPI model has long been used in health
communication research and is valuable for addressing specific
questions in this study, it primarily focuses on the indirect effects
of health campaigns. However, within the context of public
health communication, there are various alternative theoretical
explanations for the effectiveness or ineffectiveness of health
campaigns. For instance, fear appeals suggest that how
information is presented by the supply side of communication
can influence individuals’ emotional reactions and health
behavior changes [63]. Psychological reactance can be another
relevant concept with regard to campaign failure from the
recipients’ perspective. When individuals perceive health
campaigns to threaten their behavioral freedom, they react in
ways contrary to the campaign’s intent, resulting in
communication failure [56]. In other words, the findings from
this study should be interpreted as 1 aspect of evaluating the
effectiveness of health campaigns. To gain a comprehensive

understanding of their effectiveness, these findings should be
integrated with insights from other theoretical perspectives.

Conclusions and Implications
Despite these limitations, our study suggests that online health
campaigns may yield desirable outcomes when civil and
supportive comments are present. Moreover, social media users
often engage in biased processing of health persuasion and rely
heavily on their prior attitudes to guide their subsequent
compliance behaviors. Unfavorable prior attitudes toward health
behaviors can harm the effects of digital health communication
only when individuals find civil and consistent evidence
supporting their unfavorable opinions. Therefore, it is beneficial
to encourage social media users to leave civil and supportive
comments on digital health campaigns. In addition,
misinformation and incivility in online comment sections should
be moderated by relevant media platforms. Moreover, relevant
information literacy programs should be delivered to the public
to prevent them from being misled by biased user comments.
Theoretically, this study explores the other-consciousness and
self-centered perspectives of presumed influence in the context
of social media health campaigns, where messages are presented
together with extensive polarized and hostile user comments.
People rely on online commentary and their prior attitudes to
infer the presumed influence of health campaigns.
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